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Abstract

Minimum Curvature Variation
Curves, Networks, and Surfaces
for
Fair Free-Form Shape Design

by

Henry Packard Moreton

Doctor of Philosophy in Computer Science
University of California at Berkeley

Professor Carlo H. Séquin, Chair

Traditionally methods for the design of fremm curves and surfaces focus on achieving a
specific level of inteelement continuityThese methods use a combination of heuristics

and constructions to achieve an ultimate shape. Though shapes constructed using these
methods are technically continuous, they have been shown to lack fairness, possessing
undesirable blemishes such as bulges and wrinkles. Fairness is closely related to the
smooth and minimal variation of curvature.

In this work we present a new technique for curve and surface design that combines a
geometrically based specification with constrained optimization (minimization) of a
fairness functional. The di€ult problem of achieving integlement continuity is solved
simply by incorporating it into the minimization via appropriate penalty functions. Where
traditional fairness measures are based on straimgyenge have developed a better
measure of fairness; the variation of curvature. In addition to producing objects of clearly
superior quality minimizing the variation of curvature makes it trivial to moasgjular
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shapes such as, circles and cyclides, aclass of surface including: spheres, cylinders, cones,
and tori.

In this thesiswe introduce: curvature variation as afairness metric, the minimum variation
curve (MVC), the minimum variation network (MVN), and the minimum variation
surface (MVS). MVC minimize the arc length integral of the square of the arc length
derivative of curvature while interpolating a set of geometric constraints consisting of
position, and optionally tangent direction and curvature. MVN minimize the same
functional while interpolating a network of geometric constraints consisting of surface
position, tangent plane, and surface curvatures. Finally, MV S are obtained by spanning the
openings of the MV N while minimizing a surface functional that measures the variation of
surface curvature.

We present the details of the techniques outlined above and describe the trade-offs
between some alternative approaches. Solutions to difficult interpolation problems and
comparisons with traditional methods are provided. Both demonstrate the superiority of
curvature variation as a fairness metric and efficacy of optimization as a tool in shape
design, albeit at significant computational cost.
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1
| ntroduction

The field of computer aided geometric design (CAGD) has formed out of the need to
design and model curved forms. Shapes are typically represented in a piecewise fashion,
composed of primitive elements smoothly joined together to form alarger, more complex
whole. Traditionally methods for the design of free-form curves and surfaces focus on
achieving a specific level of inter-element continuity. These methods use a combination of
heuristics and constructions to achieve an ultimate shape. Though shapes constructed
using these methodol ogies are technically continuous, they have been shown to be of poor
quality (lacking fairness), possessing undesirable blemishes such as bulges and
undulations.

In this work we present a new technique for curve and surface design that combines a
geometrically based specification with constrained optimization (minimization) of a
fairness functional. The difficult problem of achieving inter-element continuity is solved
simply by incorporating it into the minimization via appropriate penalty functions. Where
traditional fairness measures are based on strain energy, we have developed an alternative
measure of fairness: the variation of curvature. In addition to producing objects of superior
quality, minimizing the variation of curvature makesit trivial to model regular shapes such
as, circles and cyclides, aclass of surface including: spheres, cylinders, cones, and tori.

In this thesiswe introduce: curvature variation as afairness metric, the minimum variation
curve (MVC), the minimum variation network (MVN), and the minimum variation
surface (MV'S). These three forms are computed to satisfy a set of geometric interpolation
conditions while minimizing afairness functional that measures the variation of curvature.



While interpolating an ordered set of curve specifications, MVC minimize the arc length
integral of the square of the arc length derivative of curvature:

L2
d
Idz ds. the MVC functional (1.1)

MVC specifications consist of curve position, and optionallyve tangent and curvature.
Similarly, MVN interpolate a network of surface specifications while minimizing the
MVC functional along the arcs of the network. These surface specifications consist of
position, and optionally surface tangent and principle curvatures. FinaMNVS
interpolate the same network of specifications while minimizing the area integral of the
sum of the square of the derivatives of the principle curvatures:

R

1 2 .
+ dA. the MVS functional 1.2
J de,  de unct (.2

The resulting models accurately reflect their specifications and are free of unwanted
wrinkles, bulges, and ripples. When the given constraints indicate and/or permit, the
resulting surfaces take on the desirable shapes of spheres, cylinders, cones, and tori.
Specification of a desired shape is straightforward, allowing simple or complex shapes to
be described easily and compactpr example, a “suitcase corfighe blend of three
quarter cylinders of diring radii, is formed by specifying just six sets of
constraintgFig. 1.1) plus three sets of floating vertice} (

This work presents in detail new techniques to compute minimum variation curves,
networks, and surfaces. Numerous examples demonstrating fitecyefof curvature
variation as a fairness metric are provided.

1.1 Overview

In this thesis, we begin with a brief outline of the techniques used to compute the various
minimum variation forms. In Chapter 2, we define the terms and properties used in
discussing the CAGD of curves and surfaces. In Chapter 3, we present an overview of
previous work on curve, network, and surface design and computatoode¥éribe the

bulk of our work in Chapters 4, 5, and 6. These chapters are devoted to the details of the
computation of minimum variation curves, networks, and surfaces respecilifielygh

these chapters may be read individya#lgch chapter builds on its predecessors. The
techniques used in the computation of MVC are reapplied in the computation of MVN,
and MVN themselves are used in the computation of MVS. In each of these chapters we
evaluate minimum variation shapes and compare them with their contemporary

2
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Figure1.1. A suitcase corner
[] specification with surface normal and curvatue constraints.[] the resulting blend.

counterparts. We conclude the thesis with comments about the utility of minimization
techniques, the value of curvature variation as a fairness metric, and directions for further
research.

1.2 Minimum Variation Curves

In CAD applications, curve design has a potentially conflicting set of requirements. Some
applications demand free-form curves, along with regular curves such as circular arcs. In
some instances curves must meet a set of exact positional, tangent, and/or curvature
constraints. Also in general, a high degree of “fairness’ is demanded of all curves. The
concept of fairness is typically associated with the curvature characteristics of a curve; a
fair curve has smoothly varying curvature, with as few inflections and curvature extrema
as possible. The minimum variation curve (MVC) satisfies al these needs.

We cast the problem of computing the MV C as a nonlinear optimization / finite element
problem. The curve is broken into a series of quintic polynomial elements constructed to
satisfy the given geometric constraints and join with G2 continuity. The MV C functional
is minimized using a gradient descent optimization procedure. A heuristically chosen
starting curve greatly accelerates convergence towards minimum variation.
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1.3 Minimum Variation Networks

Many surface modeling and data interpolation schemes use a mesh or network of curves
as a key component in the construction of a smooth surface [126]. The minimum variation
network (MVN) is a G2 network composed of fair curves (MVCs) that provides an
excellent frame on which to build a smoothly curved surface. In fact the MV N isused in
the computation of a minimum variation surface (MVS). The MV N acts either as a fixed
framework on which to build an MVS or as part of the initidization step in the
construction of an MVS. The MVN is computed using the MV C functional (1.1) and
MV C optimization techniques with the G2 curve continuity constructions replaced by G2
surface continuity constructions. Also, the curve-based specifications are replaced by a
network of surface specifications. Heuristics based on the geometry of the constraint
network are used to establish a starting point for the optimization.

1.4 Minimum Variation Surfaces

In the computer aided design of curved surfaces there is a wide range of requirements.
Whileit is necessary to model regular shapes such as cylinders, cones, tori, and spheres, it
is aso important that free-form shapes can be modeled with ease. Often, it is also
necessary that surfaces meet a set of exact positional, tangent, and/or curvature
constraints. In all cases, surface fairness is of great importance. Like the fairness of
curves, surface fairness is related to the variation of curvature across a surface; a fair
surface has smoothly varying curvature. These requirements are met by MVS.

As with the computation of the MV C, we compute MV S using optimization techniques to
minimize the MVS functional while using constructive methods to satisfy a set of
geometric interpolatory constraints. Unlike the MV C computation, MVS inter-element
continuity is imposed via penalty functions. We have developed penalty functions for
imposing both GL and G2 conti nuity.

We treat the problem of creating an MVS interpolating a collection of geometric
constraints as one of scattered data interpolation. The interpolation problem is broken into
three steps (Fig. 1.2); 1) connectivity definition, 2) curve network computation, 3) patch
blending. In accordance with the topological type of the desired surface, the geometric
constraints are first connected into a network of straight edges. Next, an MVN is
calculated for the network of constraints. Finally, an MVS is computed, interpolating the
MVN with at least G1 conti nuity. In afirst approach, the boundaries of the MV S patches
are fixed, interpolating the previously constructed curve network. Alternatively, the
surface calculation may use the MV N as a starting point and modify its geometry during
surface calculation. The latter approach yields even smoother surfaces, but at a
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Figure 1.2. The blend of two pipes.

Pipes ae blended in three steps:[] The connectivity of the constraints is established.
[] Smooth curves ae fit to the constraints.[] Surface patches ae fit to the curve network.

substantially higher computational expense. The higher quality surfaces result because the
curves of an MVN resulting from a given constraint set do not always lie in the MVS
resulting from the same set of constraints.

During the modeling process, the connectivity of the geometrical constraints is typically
established as a natural outgrowth of the design process. The techniques described here
are also amenable to true scattered datainterpolation, in which case connectivity must first
be derived with some other method, possibly based on some minimal triangulation on the
data points.

Our system is based on triangular and quadrilateral patches. All constraints are located at
corners of these patches. Additional vertices and edges may be added to a network of
constraints so that it has only three- and four-sided openings. These additional vertices are
not constraints and are appropriately positioned by the curve network computation and
patch blending phases of the construction.

Before proceeding with a detailed discussion of these techniques, we must establish a
common set of properties and terms, and review previous attempts at solving these
difficult design problems.






2
Curve and Surface
Terms and Properties

Minimum variation curves, networks, and surfaces are designed to solve
many of the problems in CAGD. In this chapter we introduce terms and
identify properties necessary for an understanding of these problems and
necessary to differentiate and evaluate the many solutions found in the lit-
erature.

Curves and surfaces for both design and approximation are characterized by those
properties and attributes that affect their utility when applied to a particular problem. We
will focus on the properties of curves and will include a discussion of surfaces only when
necessary to make important distinctions between the properties of curves and surfaces. In
the sections that follow we identify and define the terms associated with these
characteristics:

2.1 Geometric Characterization of Curves
2.2 Geometric Characterization of Surfaces
2.4 Computational Form

2.5 Continuity

2.6 Order

2.7 Existence

2.8 Unigueness

2.9 Sensitivity

2.10 Shape Preservation

2.11 Convex Hull Property

2.12 Linearity

2.13 Symmetry (w.r.t. ordering)

2.14 Invariance Under Transformation
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2.15 Locdlity

2.16 Consistency

2.17 Versatility

2.18 Visual Appearance - Fairness

2.1 Geometric Characterization of Curves

In describing the geometric character of a curve we consider four quantities: position,
tangent t, curvature k, and torsion 1. For the purposes of this discussion, we will assume
that our curveis described using a differentiable vector valued function,

Cu) = {x(u), y(u), Zu)} ull [a,b], (2.1)

where u is an arbitrary curve parameter with the restriction that H C'(u) H # 0 for dl u, this
is called aregular parameterization. We will also assume an alternate parameterization
resulting from the inversion of s(u) in equation (2.2). Thisresultsin what is called an arc
length parameterization.

SU) = ﬂ\é'(deu 22)

Under this parameterization |C'(s)| = 1 everywhere. We will refer to C(u) when
discussing a curve with arbitrary regular parameterization, and refer to é(s) when
discussing an arc length parameterized curve. Finally, we refer to a curve that is actually
the graph of afunctionasy = f(x).

To smplify the following discussion, we describe a sliding orthonormal coordinate system
defined at each point on the curve. This trihedral frame is named the Frenet frame
[52, p19]. The frame is composed of the curve's tangent £, normal A, and binormal b,
each of which is defined as follows. The tangent f(u) at a point é(u) isthe direction of the
curve at é(u) (Fig. 2.1). In terms of a parametric curve, the tangent isin the direction of
the first derivative of the curve,

9 = C©®
fwy =~ 2.3)
ICw|



Figure2.1. The Frenet Frame.

The frame is made up of the curve tangent, normal, and binormal vectors. These vectors, in
turn, define a set of three planes: the osculating plane, the normal plane, and the rectifying
plane.

The binormal to the curve at a point é(u) isthe perpendicular to the plane the curveliesin
at C(u) (Fig. 2.1). The binormal is perpendicular to the first and second derivatives,

b(s) = C'(s) x C"(s)
) = o x W
[CwxC Wl

(2.4)



The normal to the curve is perpendicular to the tangent and binormal,
A(s) = b(s) x ¥(s)

A(u) = b(u) x t(u). (2.5)

The coordinate frame we have defined spans three planes. the osculating, normal, and
rectifying planes. The osculating plane is spanned by the tangent and normal, and is
named for the circle it contains that “kisses’ the curve (Fig. 2.1). The normal plane is
spanned by the normal and binormal. The rectifying plane is spanned by the tangent and
binormal, and is named for the fact that as it moves along a curve it sweeps out arectifying
developable surface. When this surface is “rolled out” flat on a plane, the curve that was
used to generate it forms a straight line.

The definitions of curvature and torsion are central to a discussion of a curve's shape.
Given the functions k(s) and 1(s) a unique curve shape is defined. With respect to the
coordinate frame we just defined, curvature and torsion describe the rate at which the
trihedral frame rotates. These quantities are thus measures of how quickly the curve is
turning or bending. Curvature is an instantaneous measure of how much the curve is
bending in the osculating plane away from the tangent direction. Torsion is an
instantaneous measure of how much the curve is bending away from or out of the
osculating plane, n.b. a curve with t(s) = 0 is planar. The Frenet-Serret formulas are a
direct result of these definitions [52, p.19]:

t'(s) = k(S)A(9)
b'(s) = 1(9)A(s)

n'(s) = —k(9)i(s) - 1(9)b(s). (2.6)

Curvature is equal to the reciprocal of the radius of curvature. The radius of curvature is
the radius of the osculating circle (Fig. 2.1). The center of the circle may also be
established by finding the intersection of curve normal directions as they converge on the
point é(u) . Theformulas for curvature are:

KA = C'(9)
(CwxC"W) xC'u)

T e
C'(u)

2.7)
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Note that when a curve is arc length parameterized, the second derivative is equa to
curvature, because of this, the second derivative C" (u) is often used as an approximation
to curvature. Similarly, the formulas for torsion are

(s = -[CExC" (9
= eCu.cu.crul

lew =l

(2.8)

Figure2.2. Surface Geometry.

A surface is locally characterized by [] position, surface normal, and [ principal
directions and principal curvatures.
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2.2 Geometric Characterization of Surfaces

In describing the geometric character of a surface we consider three quantities: position,
surface normal fn (a vector perpendicular to the tangent plane of the surface), and the
principal directions &, &, and principal curvatures &;, &, (Fig. 2.2). We assume that our
surface is described using a differentiable vector valued function of two variables,

é(u, V) = {x(u, V), y(u, V), z(u, v)} {u,v} O [ab], (2.9

where u and v are arbitrary surface parameters with the restriction that
H SJ(u, V) X Q,(U, V)H # 0 for all uand v. In other words, the partial derivatives of é(u, V)
must neither become colinear nor vanish. As in the discussion of curves, thisis called a
regular parameterization. Surfaces have no simple canonical parameterization analogous
to acurve s arc length parameterization.

The normal to a surface is computed from the cross product of the first partial derivatives
of the surface,

_ S(uVxSuy)
St v) x Su, )|

In order to describe the principal directions and principal curvatures of a surface, we must
first define normal curvature. The normal curvature at a point on a surface in a direction
specified by a surface tangent vector is determined from the intersection curve of the
surface with the plane spanned by the surface normal and the given tangent vector. The
principal directions, & and &, and the principal curvatures, K, and k., a a point on a
surface are the directions and magnitudes of the minimum and maximum of all possible
normal curvatures at that point. The principal directions and curvatures are computed from
the first and second fundamental forms from differential geometry [52],

E= QI F=§86= 80

and
e = & = N8y = ALK,

respectively. Specifically, the principal curvatures are the eigenvalues of the curvature
tensor. The expression for the curvature tensor is

{aﬂ aﬂ | (2.10)
ayp Ay
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Q. = fF - eG A = eF - fE

1 Eg-R2 2 EG-F?
_ gF-fG _ fF-gE"’

a = a =

¥ Ec-F2  ? EG-F

The principal directions are the eigenvectors of (2.10) relative to the basis { S, S} -

2.3 Specification

A key aspect of a curve is how it is defined, i.e, what information the designer must
provide to fully define the curve's shape. Two major classes of curves are interpolating
curves and approximating curves. Interpolating curves are defined by a sequence of
positions that the curve must pass through (Fig. 2.3L1). Approximating curves do not
necessarily pass through their defining points, however, the curves do reflect the shape
formed by the sequence of defining control points (Fig. 2.301).

C

intéfpol ation point

control point control polygon
(: N

o) (@)

©) ®)

Figure 2.3. Interpolating and Approximating Curve.
An interpolating curve passes through its defining points. An approximating curve passes
near or through its defining control points. The collection of line segments connecting the
control pointsisreferred to asthe control polygon.

Curves shapes based on user provided positions represent the simplest form of
specification. Implicit in the specification of a sequence of pointsistheir ordering; a curve
designer may also be required to specify the parametric spacing of the points aong the
curve, their parameterization. In addition to interpolated points, curve definitions may
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Figure2.4. An Interpolating Curve.
A curve specified by itsend positions, tangent directions, and one curvature value.

include higher order geometric specifications such as tangent direction, curvature, and
torsion (Fig. 2.4). Curves may also be defined by positions augmented with parametric
derivatives, with respect to the independent curve parameter. Such specifications concern
the method used to represent the curve rather than the intrinsic geometry of the curve.
Finally, curves may have associated shape handles, parameters which are neither
geometric nor parametric in nature, but control the shape of the curve in a predictable
fashion. Tension [193] is atypical shape handle, an increase in tension causes the curve to
decrease in fullness, as though the curve were being pulled more tightly to its defining
control polygon (Fig. 2.5).

2.4 Computational Form

Curves may be represented and computed using a variety of techniques and forms. The
three basic forms areimplicit, parametric, and explicit. For example, a unit circle centered
at the origin may be defined in each of these forms.

1. Implicit:
¥ +y?-1=0
2. Theimplicit form is particularly useful for point classification (determining whether a point is

inside, on, or outside a closed curve). In general, there is no direct method for computing a
seguence of points that lie on an implicit curve.

3. Explicit:

y=A/1—x2
y:—All—x2

-1<x<1

4. The explicit form, the simplest of curve forms, is useful for curves representing functions. In
the case of the circle, two separate equations are required because it is multi-valued. The
explicit form is commonly used in the approximation of functional data.
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[ U
[ [
O 0]
Figure 2.5. Increasing Tension in a Curve.

Tension is varied from a low value (L1, [1) to a high value (L, [1) causing the curve to
follow its defining control polygon more closdly. (L1,L]) interpolating curve, (L1, L)
approximating curve.

5. Parametric:
1—u2
. X: 2
X = Snu 1+u
y = cosu or _2u
—~MISU<T 1+ 2
—o< U< ®

6. Finaly, the parametric form, sometimes referred to as vector-valued, provides a simple mecha-
nism for the representation of curves. Points on the curve are computed as a vector valued
function of an independent parameter. Because of their flexibility and the ease with which
seguences of points on a curve may be calculated, the parametric form has emerged as the
favored approach for CAD applications.

Curves may be further classified by the type of functions which they employ. Parametric
curves are defined using polynomial, rational polynomial, trigonometric, and exponential
functions. Polynomial and rational polynomial functions are preferred because of the ease
with which they may be computed, only requiring the elementary operations on real
numbers, addition and multiplication for plain polynomials, and division for rational
polynomials. Further, polynomials are easily differentiated, and at least theoretically, may
always be symbolically integrated.
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Finally, curve generation technigues may be classified based on their ability to interpolate
or approximate multi-valued data. A curve that only supports function interpolation and
approximation is referred to as single-valued (Fig. 2.6). Function interpolants are
single-valued, while curve interpolants can be multi-valued.

C(u) A f(t)
@)
o
O
multi-valued curve single-valued curve t

Figure 2.6. M ulti- and single-valued curves.

2.5 Continuity

Because of the limited descriptive power of a single parametric polynomial, multiple
parametric polynomials may have to be pieced together to form amore complicated curve.
The resulting curve is referred to as piecewise polynomial. In order to provide guarantees
concerning the smoothness of such a composite curve, the notion of continuity has been
introduced. Continuity refers to the smoothness of the joints between adjacent polynomial
pieces. Consider the piecewise polynomial curve that is globally parameterized from O to
3 (Fig. 2.7). The curve is made up of three polynomial pieces or segments. In order for the
curve to be considered to be first order parameter continuous (Cl), the first derivatives of
the segments must be equal at the joints:

Coll) =C(0) and  c'y(1) = c'0). (2.12)
In order for the curve to be second order parameter continuous (C2), both the first and
second derivatives have to be equal:
Co(l) = €(0)  c'y(1) = c'A(0)
C'o() =c"y(0)  c"y(2) = c"x(0). (212)
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C() (W) = fj(u) O<us<1
. C'o(1) = c'1(0)
C(2) C(3)
B c'1(1) = ¢'2(0)
() Cu)0<us<3 &(u-2) = C(u) 2<u<3

Figure 2.7. A C! Piecewise Parametric Curve.
Curve segmentsjoin so that thefirst derivatives are equal at the segment-segment joints.

Similarly, to achieve nth order parameter continuity (C"), the first n derivatives of the
curve segments must be continuous at the segment-segment joints. For a complete
discussion of curve and surface continuity see [47].

A less restrictive form of continuity is that of geometric continuity, denoted G" for nth
order geometric continuity. It stipulates that curve segments can be made to meet with
parametric continuity under some suitably chosen parameterization, i.e., it must be
possible to reparameterize adjacent segments such that they meet with parametric
continuity. Examining the case of G! continuity, unit tangent vector continuity is
necessary and sufficient for first order geometric continuity to be achieved. For G2
continuity, the curve segments must have the same curvature at the junction in addition to
tangent continuity. A result of geometric continuity is the availability of extra degrees of
freedom which are useful for controlling curve shape.

Consider a curve made up of cubic Hermite segments. A cubic Hermite segment [59] is
specified by the positions and first parametric derivatives at its end points,
¢;(0), (), E'i(O), f:'i(l) . To form aC1 continuous curve, the positions and first derivatives
must be explicitly shared at segment-segment joints. To form a G continuous curve it is
only necessary that the segments share tangent direction, f;(u), at these joints (Fig. 2.8).
To accomplish this and to take advantage of all the available degrees of freedom, we
redefine the cubic Hermite segment to be defined by the positions, tangent directions, and
first derivative magnitudes at its end points,

¢,(0), &(2), £(0), (1), m(0), m(1). (213)
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c) cQ)

@(O)C/O C(uy0<us<3 Cou) = C(u) 0<su<1

to(1) = 1,(0)

O 4 = o
&(u-2) =C(u) 2sus?

Figure 2.8. A G Piecewise Parametric Curve.

Curve segments join such that the tangent directions are equal at the segment-segment
joints.

To map to the traditional Hermite form, we scale the tangent direction by the associated
magnitude producing the appropriate derivative,

¢i(0) = mOF(©0)  ci(1) = m@D)EQ). (2.14)

The use of geometric continuity has produced two extra degrees of freedom per curve
segment, m,(0), m,(1). These degrees of freedom may be used as shape handles to further
control the shape of the curve without losing geometric continuity.

As a more concrete measure of the descriptive power of curves exhibiting geometric
versus parametric continuity, we examined the relative degree of the parametrically
continuous curve required to exactly reproduce a geometrically continuous curve. We
found that a degree dk, CKeurveis required to reproduce the shape of adegreed, GKcurve.
Consider aGX curve composed of curve segments Co n(U), we may assume without loss
of generality that each segment is parameterized with u ] [0, 1] . Starting at the first
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joint, betweenéo(u) and él(u), we fix the parameterization of the first segment and
reparameterize the second (produadBig(u)) such that their derivatives match at the joint
where they meet:

~ (D ED
Co () =C1 (0

~ (2 ~ (2
Co (D =Cy1 (0

~ (k) ~ (kK
Co (1) =C'1 (0

The required reparameterization is of the form

k
u= i;Biu“; (2.15)

uis replaced by a degr&epolynomial inu’, the parameter of the reparameterized curve.
Since él(u) is a degrea polynomial, replacingi with a degree& polynomial, creates a
degreedk polynomial, é'l(u'). The coeficients of (2.15) are calculated by making the
substitution and diérentiatingC,(u');

(1 (1)

Co (1) =B,C1 (0)

(2 (2 (1)
Co (1) = B5C; (0)+2B,C; (0

NG NE) ) e
Co (1) = BiCy (0)+6B,B,C1 (0) +6B,Cy (0) (2.16)

Using this system of equations, tReare easily found. Sinc@'l(u') is reparameterized,
the range ofu’ is now 0..x, wherel = Bix'. Continuity between segment;(u’)
and C,(u) is similarly established i=1

L, () e

C1 (¥ =pB,Cy (0

~ (2 (2 ~ (1)
C1 (¥ = BC, (0)+2B,C; (0

- (3 ~ (3 ~ (2 ~ (1)
&1 09 = B3Cs (0)+6B,B,Co (0) +6B,Cs (0) (2.17)

19



Continuing this process creates a series of curve segments that meet with ck parametric
continuity and which are each parameterized from 0...x,. A single unified
parameterization can be established by further substitution without affecting the degree of
the result.

Schoenberg [191] introduces a specific instance of a piecewise polynomia function, the
spline. While his definition is of a scalar spline function used for approximation, we
consider a vector valued spline curve:

U= (uy, U, ..., u,) uOO,u<u,,i=0,...,n-1 (2.18)

U is called a knot vector and is composed of knot values u;. A vector valued function

é(u) of degreedisasplinefunctionif it satisfiestwo conditions. First, the ssgments @i (u)
of which it is composed, are each parameterized u [u,, U; , ;] , and are polynomials of
degree d. Second, C(u) and its derivatives C'(u), C"(u), ..., C (u) are continuous,
é(u) 0971, The notion of a spline curve is used extensively in curve design and has
become somewhat less strictly defined as a curve composed of Coo segments meeting with
specified continuity, either parametric or geometric.

2.6 Order

Order refers to two distinct characteristics of a curve. First, when referring to a
polynomial or rational polynomial representation, the order of a curve refers to the order
of the polynomials employed. When speaking about rational polynomials, the orders of
the numerator and denominator need not be equal and thus both are stated. Order is the
number of degrees of freedom in a scalar-valued polynomial, thus it is one greater than
degree; a quintic polynomial is sixth order. Second, order aso refers to the accuracy of an
interpolation technique. The order of interpolation is the maximum order of a polynomial
that is exactly recreated from sampled data. The order of convergence refers to the rate at
which an approximating curve converges on an analytic curve as the number of samplesis
increased.

2.7 EXistence

The question of existence of a solution to a problem is widely studied. In the context of
curve design, the question of existence is whether or not a curve generation technique or
algorithm produces a desired result for al input specifications, for only someinputs, or for
no inputs at al. Alternatively, the question may be whether the curve generated is useful,
e.g. isthe solution curve of finite length? Most work on formal proof of existenceisin the
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area of solving differential equations. For most constructive curve generation techniques
existence is easily proved, or it is possible to characterize the necessary and sufficient
restrictions on inputs for solutions to exist. In some cases existence may be conditional on
the representation used; a differentiable curve may exist that meets the curve specification,
but that curve may not be in the space of curves covered by the representation used.

Existence proofs for curve generation techniques using iterative methods such as
functional minimization require the derivation of characteristic differential equations and
their subsequent analysis. Correctly characterizing a system based on functional
minimization with all its associated constraints is extremely complex, and proof of
existence is difficult or even impossible. In the absence of an existence proof, it may still
be possible to heuristically identify configurations that lead to unusable solutions, e.g. a
solution curve of infinite length. For example, a minimum energy curve (MEC, (3.1.1))
will run off to infinite length if the angular difference between supports is greater than 1t
(Fig. 2.9). In order to guarantee that an MEC exists for a given interpolation problem, the
arc length of the curve must be limited. The necessity of this restriction is pointed out by
Birkhoff and deBoor [13] who observe that a “satisfactory” interpolant composed of
circles of infinite radius may be constructed to solve any interpolation problem while
consuming zero energy. Jerome [104] established the sufficiency of limiting the arc length
of the solution curve.

» 8

O 05 0’5 I -0 f

[ [

Figure2.9. A Minimum Energy Curve.

[] the curve resulting from clamping end points with tangent directions differing by 1t
[] the curve where the differencein tangent directionsise greater than 1t

21



2.8 Uniqueness

Once the existence of a solution to a curve generation problem has been established
(empirically or otherwise), it may be desirableto find out if there is more than one solution
to the problem as stated. Again, constructive curve generation techniques normally result
in the calculation of a single curve. Curves based on functional minimization often have
multiple solutions which represent multiple local minima in the energy landscape. It is
often insufficient to characterize the unique solution as that curve for which the functional
is globally minimized. Because in fact, in many cases, the global minimum is not the
desired minimum, e.g. the global minimum of an MEC is a curve of infinite length. If a
unique solution does not exigt, it is normally necessary to modify the functional, to add
extra conditions, to change the approach used in calculating the curve, or some
combination of these. In the case of the MEC, the continuum method (described below)
can be used to compute a locally unique solution. The continuum method is a technique
where a continuous family of solutionsisfound and the desired solution is normally found
at one end of the continuum. We start our continuum with an MEC limited in arc length to
the accumulated chord length of the sequence of points connected one to the next. The
continuum is formed by gradually relaxing the arc length constraint until a stable
configuration or an upper arc length bound is reached. A stable configuration is a curve
shape that is a loca minimum of the origina MEC functional, free of arc length
constraints.

2.9 Sensitivity

The sengitivity of a curve generation technique refers to how a curve's shape varies with
its defining data and even the algorithm used to compute its shape. First, is the derived
solution sensitive to the starting point? This applies primarily to curves computed using
iterative techniques such as minimization and is closely related to the issue of uniqueness.
Second, if the specification of a curve is modified continuously, does the solution vary
continuously? Figure2.9 is an example of high sensitivity to small change, the
specification of curve L is modified by € and curve [ results, a curve of infinite length.
Finally, does a small change in specification lead to a small change in solution? During
interactive design, it is important that a curve's shape respond in a reasonable and
controllable fashion to a user’s actions. A minor modification to a curve’s specification
should not result in agross change in shape.
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2.10Shape Preservation

Shape preservation is that aspect of a curve technique which determines how faithfully it
reproduces the shape of its defining data. For example, consider a curve defined by
interpolation points that vary monotonically in some direction, e.g. non-decreasing x and
y. If the curve resulting from monotonically varying points is also monotonic then the
curve is said to preserve monotonicity (Fig. 2.10). Similarly, convexity preservation states
that if the points defining a curve form a convex path then a convexity preserving curve
must also remain convex (Fig. 2.11). Restated, a convexity preserving curve may have no
more inflection points than its defining control polygon.

A

A
C, -

not monotonicity preserving

A

G >

monotonic data

S >

monotonicity preserving

Figure 2.10. Monotonicity Preservation.

Two curves are fit to monotonically varying data points. The upper curve does not preserve
monotonicity. Thelower curveisnon-decreasing preserving the monotonicity of the data.

An even stronger property than convexity preservation and monotonicity preservation is
the variation diminishing property[191]. It states that a curve does not oscillate more often
about any straight line than the piecewise linear interpolation of the data points. An
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Figure2.11. Convexity Preservation.
Two curves ae fit to data points which ae convex[], i.e. the contol polygon has no
inflections. Curve [ has inflection points and thus is not convexity mserving. Curve []
has no inflections, accurately eflecting the data and thus is convexity mserving.

aternative statement of the property is that no straight line should intersect the generated
curve a greater number of times than it intersects the curve's control polygon. A variation
diminishing curve is aways smoother than the data used to define it (Fig. 2.12).

o O o
o 5
0 0

Figure 2.12. \ariation Diminishing Curve.

Curve [J smooths the associated defining data, whercurve [] does not. Thee is no line
which intersects curvell a larger number of times than it intersects the contl polygon.
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2.11 Convex Hull Property

The convex hull property states that a curve remains within the convex hull of its defining
points (Fig. 2.13L1). Note that this property also only applies to approximating curves
because interpolating curves must go outside the control hull. In Figure 2.13[] we see the
broader definition of the convex hull property. Here a piecewise quadratic curve remains
within the union of the convex hulls of the points taken three at a time. Similarly, if the
curve were composed of cubic segments the curve would remain within the union of the
convex hulls of the points taken four at atime.

[ [

Figure 2.13. The Convex Hull Property.
[] the curve remains within the convex hull of its defining control points. [] a piecewise
guadratic curve remains within the union of the convex hulls computed three points at a
time.

2.12Linearity

Consider a technique for creating curves that takes as input a series of points p; and
produces a curve ép(u) that is swept out by varying the curve parameter u. The technique
used to create Cp(u) is considered to be linear if the following identity holds for all
inputs:

Cor+a (L) = Cplu) + Cq (1)
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2.13Symmetry (w.r.t. ordering)

Curves defined by sequences of points may be sensitive to the order in which the points
are processed. A curve fitting technique is symmetriaf the order in which the points are
processed has no effect on the shape of the resulting curve, i.e. a curved shape defined by
points Py... P, should be equivalent to the shape defined by points p,,... Py [24].

2.14Invariance Under Transformation

Invariance under transformatiomeans that a curve should not change shape under a
change of the coordinate system in which the data is described. Furthermore, under certain
transformations of the data, the resulting shape may change in a simple predictable
manner. Considering a transformation T applied to the data defining a curve and to the
curve itself if these produce the same curve:

T [C(p, 1) = C(T b, 1), (2.19)

then the curve is said to be invariant under that transformation. There are three types of
transformational invariance of particular interest: invariance under similarity
transformations,invariance under affine transformationand invariance under affine
parameter transformationsgirst, let us describe a hierarchy of transformationsin terms of
the geometric measures they preserve. Rigid body motions preserve both angular and
length measures. Similarity transformations augment rigid body motions with uniform
changes of scale; angular measures and ratios of lengths are preserved. Finally, affine
transformations preserve parallel lines, and the ratios of lengths of parallel lines.

We start by considering function interpolation and approximation. The curve fit to data
from a function should not change shape if the units of measure are changed, i.e. it should
not change shape if scaling is performed along the axes (nonuniform scaling.) It is
generaly not required that function interpolators exhibit transformational invariance
under anything more than nonuniform scaling.

Curve modeling techniques used in CAD applications should exhibit invariance under
similarity transformations. It should be possible to apply modeling transformations (e.g.
rotation, scaling, etc.) to a curve without the curve changing shape. There are curve
methods that are invariant under affine transformations, such invariance is not a
prerequisite for CAD utility, in fact it is not always desirable behavior (Fig. 2.14). In
Figure 2.14L] affine invariance and a nonuniform scaling results in exaggerated
overshoot. In Figure 2.14L] a similar nonuniform scaling resultsin an oval curve where a
circular curve is appropriate.
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Figure 2.14. The Effect of Affine Invariance.

[] demonstrates overshoot as a result of affine invariance. [1 demonstrates compression as
a consequence of affineinvariance.

2.15Locality

Consider acurve defined to interpolate a series of points, if the movement of asingle point
changes the shape of the entire curve then the technique used to generate the curve
exhibits no locality whatsoever and is considered global. Locality refers to the extent that
one part of aspecification islimited to affect only asmall, well defined portion of acurve.
For example, if a single point to be interpolated is moved, how does the resulting curve
change shape? If a curve's shape only changes in the neighborhood of the relocated point,
then the technique exhibits local behavior (Fig. 2.15). For an interactive design process it
is very important to have control over the locality of modification. A designer may
become frustrated if a modification at one end of a curve resulted in an unexpected change
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Figure 2.15. Local vs. Global control.

The central point of a curve [] is moved. The curve resulting from the technique exhibiting
local control [] only changes shape in those spans adjacent to the relocated point. The
curve resulting from a global technique [ changes throughout in response to the
madification.

at the other end of the curve. Pseudo-local control is exhibited by techniques where
relocation of a control point causes a formally global change in the curve definition, but
the apparent change is quickly attenuated as the curve leaves the neighborhood of the
modification.

On the other hand, it is aso desirable to allow larger scale modifications to a curve's
shape; e.g. a curve with fine detail might require global bending. We refer to those
techniques which provide explicit control over the locality of changes as having variable
locality.

2.16Consistency

The concept of consistency refers to a characteristic of interpolation techniques. In both
function and curve inter polation a consistent technique is one that preserves the shape of a
curve when an interpolation problem is augmented with additional constraints or data
points that match the geometry of the curve. In Figure 2.16[] we see an original curve,
defined by six positional constraints. In Figure 2.16[1,[]1 we see two possible results of
adding an additional positional constraint, i.e., apoint lying exactly on the curve. In [, an
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Figure2.16. Consistency

Consistency is the poperty that a curve's shape emains unchanged when a compatible
constraint is added to an interpolation poblem.

inconsistent technique produces a curve of modified shape. In [, precisely the same curve
is produced. The concept of consistency is most often achieved by techniques which, by
some measure, produce the best curve possible under the given constraints. If a new best
curve were produced by the addition of a new point on the curve then the previous “ best”
curve was apparently not the best—a contradiction!

2.17Versatility

In section 2.4 we described the various computational forms that are used to describe
curves. Another aspect of curves and the techniques used to generate them istheir inherent
versatility. As we have seen, some curve techniques are only capable of modeling
single-valued curves, while others may be multi-valued. In addition, some techniques may
only be applicable to planar curves, while others may model space curves with piecewise
planar segments, while still others may be true space curves. For example, a quadratic
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curve is by definition a planar curve. The versatility of a curve technique is aso
determined by what types of curves can be represented exactly. For example, circular and
elliptical arcs can only be approximated by polynomia curves, whereas rational
polynomial curves may exactly model conic sections.

2.18Visual Appearance - Fairness

The inherent subjectivity of assessing the appearance of a curve makes the definition of
pleasing appearance and fairness difficult. The difficulty of arriving at a definition is
compounded by the fact that it is application specific. Despite, or perhaps because of this,
anumber of definitions have been put forth.

A curve's shape is completely described by the curve's curvature and torsion as they vary
along its length. For plane curves this may be reduced to curvature because torsion is zero.
From this observation it should not be surprising that most quantitative measures of curve
quality are stated in terms of curvature and sometimes torsion. The earliest discussion of
fairness this author has found predates CAD and curve design by many years. In Aesthetic
Measure [15], George Birkhoff provides quantitative analysis of various art forms:
polygona forms, ornaments and tilings, vases, music and poetry. It is in the section
concerning vases that he describes the “Requirements for Regularity of Contour”. This
discussion of the curvature of the outline of a vase remains a preeminent definition of
fairness:

“The following further consideration of the requirements for regularity of contour
isto be regarded as tentative. It is clear that such requirements can never be given
any very satisfactory formulation.

Consider a convex curve made up of arcs of circles of different radii, tangent to
one another at their common end points. Evidently the impression produced is not
that of a single unified curve, especialy if the radii are aternately larger and
smaller.

A first obvious requirement, therefore, is that the curvature varies gradually (that
is, continuously) along the curve and oscillates as few times as possiblein view of
the prescribed characteristic points and tangents. In particular the curvature
should not oscillate more than once on any arc of the contour not containing a
point of inflection. By inspection of various vase forms like those shown later, itis
found that this condition is satisfied in practice.

A second requirement is that the maximum rate of change of curvature be as small
as possible along the contour. This condition eliminates both unnecessarily large
curvatures along the contour and unnecessarily rapid changes in curvature.

Although the strict application of these two conditions would be very difficult,
still they may be regarded as substantially satisfied when it is not feasible to mod-
ify the curve so as to diminish either the greatest curvature or the rapidity of
change of curvature. The curves of contour actually employed will be found not to
permit of such modification.
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The eye can follow with ease curves meeting these two requirements, just because
of the small curvature and its small rate of change.”

As mentioned above there are many definitions of fairness, some other definitions of
fairness are paraphrased below:

1. A curveisfairif itscurvature plot is continuous and consists of only afew monotone pieces
[59].
2. “A frequency analysis of the radius of curvature plotted against arc length might give some
measure of fairness, the lower the dominant frequency, the fairer the curve [M. Sabin from 70].
3. A fair curve has minimum strain energy [180].
A curveis“fair” if it can be drawn with a small nhumber of french curve segments [56].

A curve's curvature plot must be almost piecewise linear, with only a small number of seg-
ments. Continuity of curvature is an obvious additional requirement [56].

The curve should be convexity preserving [202].
A curve is characterized as fair if its curvature plot is continuous, has the appropriate sign (if
the convexity of the curveis prescribed), and it is as close as possible to a piecewise monotone
function with as few monotone pieces as possible [187].
Fairness is measured as the integral of the square of the second derivative of the curve [146].
In many design applications a gentle, gradual development of curvature along a curve is much
desired and is often used as a subjective measure of curve fairness[135].

10. A curveisfairif its curvature plot consists of relatively few monotone pieces[57].

11. The properties desired of afair curve are smoothness, shape preservation, absence of extrane-
ous inflection points and the like, but a curve which satisfies all of these criteria as well as the
original constrains may still fail to be fair.... Fairness measures must depend only on the geo-
metric invariants of the curve and be independent of the curve’'s parametrization. A curve's
shape should minimize either the variation of the radius of curvature or the variation of curva-
ture[182].

12. A plane curveis called fair if the following three conditions are satisfied: (1) The curve is G%
(2) There are no unwanted inflection points on the curve; (3) The curvature of the curve varies
in an even manner. Expanding on (3): (i) The number of extreme points of the curvature should
be as small as possible. (ii) The curvature of the curve between two adjacent extreme points
should vary amost linearly [27].

These definitions, in particular Birkhoff’s, point to the approaches we have taken. Birkhoff
suggests minimizing the maximum curvature, and minimizing the variation of curvature
overall.
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3
An Abridged History
of
Curve, Network,
and
Surface Design

To better understand the gislems encounted in feeform shape design,
we review the apmraches that have been developed for curve, network,
and surface design.

3.1 Curves and Curve Design

Much of the work on curve design has been to develop methods that behave naturally in
response to user specifications. A great deal of work has been devoted to the mathematical
modeling of the draftmans spline A draftman’s splineis athin, smoothly bending strip of
wood held in place by weights called ducks (Fig. 3.1). The first recorded work related to
physical splines dates to the 18th century, to a study of elasticaby James and Daniel
Bernoulli, and Leonhard Euler. Elastica are idealized thin beams. The Bernoulli brothers
postulated that the work required to bend a thin beam was proportional to the square of the
curvature. In aletter to Euler, Daniel Bernoulli suggested that the shape of the elasticawas
such that its squared curvature was minimized. Acting on this suggestion Euler derived the
differential equation of the curve and classified itsforms [124].
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Figure 3.1. Draftman’s Spline and Ducks.

In 1946, Schoenbgrintroduced the polynomial spline function, a piecewise polynomial
function of degreen whose segments meet with"€ parametric continuity. In 1957,
Holladay introduced the cubic spline for function interpolation and integration. The curve
he developed minimized

ﬂos(jf(x)fdx. (3.1)

He noted that for curves with modest slopEd) « 1 the cubic spline provided a good
approximation to the bending of a thin rod.

It is at this point that the development of curves and curve design techniques branches,
with one vein of work building on the cubic spline and the other continuing to pursue
improved approximations o#lastica and other physical approacheSince the latter
branch is more closely related to MVC, we will first review that work, and return to the
cubic spline and its descendants in secddn2. The remainder of this section is broken
down topically as follows:

3.1.1Nonlinear Splines: Elastica, MEC, PhysicdligsedCurves, MVC
3.1.2nterpolating Splines: The Cubic Spline and its Descendants
3.1.3 ocal Interpolation Methods

3.1.4Bézier Curves and Composition Constructions

3.1.55hape Preserving Splines

3.1.antrinsic Splines

3.1.7.ocal Approximating Splines: The 8psline and itescendants
3.1.8Variable Locality

3.1.%Surveys
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These subsections represent a survey of work on curve design and we provide them to
illuminate the prevalent problemsin CAGD.

3.1.1 Nonlinear Splines: Elastica, MEC,
Physically Based Curves, MVC

Minimum energy curves, minimum variation curves, and other members of this family
require the solution of systems of nonlinear equationsin order to compute their shape, thus
their classification as nonlinear splines.

Even Mehlum [132] developed a technique for generating an approximating curve based
on a spring model using the calculus of variations. In this model, the curve was suspended
by springs attaching the curve to its control points (Fig. 3.2).

Figure3.2. A Spring Curve.

An approximating curve is calculated by simulating the effect of springs attaching a rod to
a series of anchorsor control points.

Birkhoff et al. [14] presented a theoretical comparison of nonlinear mechanica splines,
elastica, and Wilson-Fowler splines (Fig. 3.3), discussing possible methods for the
computation of mechanical splines and elastica. The mechanical splineisamodel of athin
beam passing through frictionless, swiveling supports; it is a special case of the elasticain
which no tangential forces act on the beam or curve. Glass[78] presentsthefirst algorithm
to compute mechanical splines or minimum energy curves (MEC) as they have become
widely known. His algorithm uses numerical techniques to compute discrete points on the

35



curve. Mehlum [133] developed techniques for the computation of MEC, producing a
piecewise circular arc approximation of arbitrary precision. Mehlum uses these methods
in the Autokon system for curve and surface design [131]. Woodford [211] improved on
Glass's algorithm for computing discrete MEC. Lee and Forsythe [118] discuss the
variational and differential properties of open and closed MEC. Malcolm [125] further
improves the computation of discrete MEC. Jerome [104] discusses the necessary and
sufficient conditions for the existence of a minimum energy curve. Fischer and Jerome
[65] discuss the stable and unstable equilibrium of MEC. Stable equilibrium of MEC refer
to local minima of the energy functional, a configuration where the curve holds its shape
with no constraint on its arc length. Golomb and Jerome [79] present theoretical results
establishing conditions for equilibria, uniqueness, and regularity. Horn [101] thoroughly
studies a specific MEC segment, defined by two points on a baseline with a vertical
tangent constraint specified at each point. The resulting curve resembles a croquet hoop.
Horn computes closed form expressions for the energy, arc length and maximum
curvature of his subject curve.

Ohlin [149, 150] introduces the concept of consistency (2.16) and discusses consistent
interpolation methods. He finds that, given requirements of second order continuity,
invariance under similarity transformations, and consistency, there are very few
acceptable interpolation methods. For function interpolation, Holladay’s cubic spline is
the only consistent solution. For curve interpolation, the available methods belong to a
continuous family of curves that include MEC, a Cornu spirall, and the lemniscate.
Independently he developed afourth order continuous consistent spline that minimizes the
arc length integral of the square of the arc length derivative of curvature, the MV C. Ohlin
presents an algorithm for the computation of an MVC segment specified by position,
tangent, and curvature at the end points. His agorithm computes discrete positions,
tangents, and curvatures on the MV C and fits them with a piecewise quintic polynomial
curve. Ohlin also outlines the advantages of MV C over MEC:

1. higher order continuity.

2. it catersto our human preference for circles.

3. curvatures at the extreme points may be estimated by the splining method, as well as the direc-
tions. (sic)

4. curvature and/or directions can be prescribed at all points, end points or interval, without los-
ing continuity of curvature.

5. demanding to keep curvature as constant as possible rather than as small as possible will
reduce the likelihood of undesired changes of signin curvature.

6. aswe have seen before, a stable solution to MEC does not always exist.

L A Cornu spiral isacurve with linearly varying curvature. Also known as Euler spiral, linarc, lince, and clothoid.
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Kallay [114] describes a method based on finite sums and discrete optimization to
compute the MEC ind0® of fixed arc length. Jou and Hanl1]]1112] discuss the
calculation of discrete MEC subject to arc length and tangent constraints.

In his thesis, ®m Rando [178] discusses the applicatiommifmization to Bézier curve

and surface design. W respect to curve design, he minimizes the arc length of the
evolute of a curve segment specified by position, tangent, and curvature at the end points.
This amounts to minimizing the arc length derivative of the radius of curvature,

1
o
Igﬁ ds. (32)
0

i

DdS

He also mentions the possibility of minimizing the arc length derivative of curvature, the
MVC functional.

Finally, Celniker and Gossard [31] describe an interactive design system based on
modeling curves and surfaces using physical simulation. The system uses finite element
methods to compute the shape of curves subject to position and tangent constraints. The
resulting curves convge on the MEC as the number of elements used is increased.

The line of work traced out in this section reflects a search for an optimal/ideal interpolant.
This search began in a dgly theoretical realm, ending in the application of these
concepts in an interactive environment. As a further testament to the potential of these
methods, Forrest [71] remarks that Autokon [131] is generally successful in producing
curves acceptable to naval architects, aerodynamicists, and car stylists, from relatively
crude data. Our work continues and parallels this vein; due to the increased speed of
workstations, better solutions to interpolation and design problems are now possible.

3.1.2 Interpolating Splines: The Cubic Spline and its

Descendants

As mentioned in the introduction to sect®i on pag@&3, the cubic spline was
introduced by Holladay as an approximation of the MEC. The work following his
introduction concerned methods for achieving an improved approximation to the MEC
and reducing or eliminating the unwanted wiggles or oscillations sometimes observed in
cubic splines. First, Asker [5] introduces several approaches that seem to have been lost or
overlooked by later researchers. First Asker introduces a method allowingftresstdf

the spline to be varied along its length. This scheme provides a method to overcome
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wiggles. Two versions of variable stiffness are presented. First, stiffness varying in a
piecewise constant fashion resultsin aCl cubic spline. And second, stiffnessvaryingin a
piecewise linear fashion resultsin a c? quartic spline. These methods are equivalent to the
weighted spline of Salkauskas[186]. The second approach involves the establishment of a
local coordinate system between adjacent interpolation points (Fig. 3.3). This curve has
since become known as the Wilson-Fowler spline [77] and is used heavily by the DoE.
The approach is designed to locally reduce the magnitude of y'(x) thereby improving the
approximation to the MEC. The Wilson-Fowler spline requires the iterative solution of a
nonlinear system of equations. In addition to improving the approximation to the MEC,
the Wilson-Fowler spline allows for the interpolation of multi-valued data sets, whereas
cubic spline function interpolation is limited to single-valued curves.

y(x) iscubic

Figure 3.3. The Wilson-Fowler Spline.
Local coordinate systems are formed at each interpolation point of the Wilson-Fowler
spline. The x axis of the coordinate system is aligned with the chord connecting adjacent
points, they axisis perpendicular to the chord.

Ferguson [64] introduces the parametric cubic spline curve by applying cubic spline
function interpolation to vector valued data. A multi-valued curve defined by x,y, [Z], u,
where X, y, z specify the Euclidean space coordinates of the interpolation point and u is
the independent curve parameter. The value of u specifies the location of the interpolation
point in the parameter space of the spline. Thisis analogousto the role of the x-coordinate
in function interpolation. Note that the sequence of u; must be nondecreasing.
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Schweikert [193] introduces the spline under tension as a means to deal with the spurious
oscillations sometimes observed in cubic splines. The solution to the system he set up
resultsin a curve described by exponential functions. Cline [37], and Pilcher [163] further
develop splines under tension. In part due to the expense of computing these exponential
curves, Nielson [140] introduces the v-spline as a ct piecewise cubic polynomial
aternative to splines in tension. In addition to providing a similar tension parameter,
v-splines extend splines in tension by allowing tension to vary along the curve affording
greater control over curve shape.

Hagen [94] introduced the T-spline as a generalization of the v-spline; a piecewise quintic
exhibiting G2 continuity. Later, Foley [69] introduced the cubic weighted v-spline, a
generalization of C2 cubic splines, weighted splines, and v-splines. Extending piecewise
polynomial splines in another direction, Meier and Nowacki [135] describe splines that
minimize:

f "(t)%dt (jerk or shear) and J'f(4) (0 dt (Ioad). (3.3)

The result is a smoother, higher degree interpolant; note that “jerk” approximates the
derivative of curvature, and minimizing it approximates an MVC. Similarly, Pottmann
[167] extends t-splines adding a third derivative term to the functional for minimization.
Pottmann’s spline results in a G2 continuous interpolant, with Gc* continuity achievable
with uniform tension.

Thus far, the works discussed have introduced shape handles and increased continuity. We
now discuss some methods for the automatic setting of shape parameters and for the
automatic parameterization of spline curves; parameterization is an additional means of
shape control. First, consider the problem of parameterization. There are several methods
in wide use for establishing the parameterization of a cubic spline. The two simplest are
uniform parameterization and chord length parameterization. Using uniform
parameterization, interpolation points fall at evenly spaced parameter values. Chord
length parameterization stipulates that the points be spaced parametrically relative to the
Euclidean distances between successive points (Fig. 3.4). Marin [128] describes a
parameterization technique that minimizes an objective function. The resulting
parameterizations reduce overshoot, lower C2 discontinuities, and center oscillations in
the second derivative around zero. The solution is calculated in closed form for the case of
cubic function interpolation; unfortunately, the solution is only calculated as a numerical
approximation in curve interpolation problems. Farin [59:130-134] outlines other methods
for determining improved parameterizations.
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Figure 3.4. Uniform vs. Chord Length Parameterization.

A cubic splineis fit to data using uniform and chord length parameterizations. The chord
length parameterized curveis smoother than the uniformly parameterized curve.

Methods for automatically setting shape handles are less well developed. The setting of
shape handles is typically done interactively by the user/designer. Schweikert [193]
discusses conditions necessary for the absence of unwanted inflections, and provides an
explicit formula for setting the tension parameter of a uniformly parameterized cubic
spline to satisfy these conditions. Fletcher and McAllister [67] describe an algorithm for
automatically setting the tensions of a cubic spline function interpolant to remove
unwanted oscillations. Other methods for automatic shape preservations are reviewed in
section 3.1.5.

3.1.3 Local Interpolation Methods

Thus far we have described global methods for computing interpolating curves. In this
section we review local methods for computing smooth interpolating curves. Using local
methods, curves are typically less computationally expensive to calculate, and because
local methods exhibit local control, the resulting curves can be easier to manipulate during
the interactive design process. It is also possible to identify special configurations of
control points which can then receive treatment tuned to the configuration. The primary
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disadvantage of local methods is that they possess curvature plots that are usually less
smooth that those resulting from global and nonlinear splines. Furthermore local methods
are provably inconsistent, with the exception of linear interpolation [198].

The earliest method of local interpolation, still in wide use, is due to Ackland [2]. Often
referred to as osculatory interpolation, this method computes the slopes of a cubic
function interpolant using a parabolic fit at each interpolation point, Fig. 3.5. A similar
method due to Overhauser [151, 22] fits parametric quadratic curves to sets of three
points. The overlapping curves are then linearly blended resulting in a c! cubic
interpolant guaranteed free of extraneous wiggles. Like the cubic spline, Overhauser
interpolation requires the user to specify the parameterization of the curve.

Figure 3.5. Osculatory I nterpolation.

A local cubic function interpolant uses parabolas [ fitted to sets of three points to compute
slopes for the cubic segments [.

Akima [4] describes local procedures for the selection of tangent directions used in cubic
function interpolation. This method computes the slope at an interpolation point solely
from the slopes of the surrounding chords. The slope at point X, y5 is

_ sttt 371 glls 4

t , (Fig. 3.6).
3 ta5 =134 [y 371y 5
This has the property that if adjacent chords are of equal slope then the slopes at the three
incident points are set to the chord slope. This requires specia handling of the case where

ti o=t gty g =ty gty s %3, t3 = 1/2(t) 3+t;3,). The specia case just
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Figure 3.6. Akima’'s Local Method for Determining Function Slope.

mentioned renders the method sensitive to problems with numerical precision. The curve
resulting from a fixed data set may vary in shape if it has a condition very close to this
special case. For example, if the curve is calculated in single precision, the special case
may be used, whereas if calculated in double precision, the general rule may be used.
Another drawback to this particular special case handling is that it will cause the curve's
shape to change discontinuously during interactive manipulation.

The Catmull-Rom spline represents a whole class of local interpolating splines. The most
commonly used versionisa C! cubic curve whose first derivatives at interpolation points
are set equal to the scaled chord formed by joining the previous and next interpolation
points. The scaling parameter is typically set to 1/2, but may be varied and used as a
shape handle, see Figure3.7. This form of the Catmull-Rom spline is equivalent to
Overhauser interpolation. The Catmull-Rom spline is generalized by DeRose and Barsky
[48] who weaken the continuity from parametric to geometric, and then use the additional
degrees of freedom to add more shape parameters.

Manning [127] describes an iterative algorithm for a cubic interpolatory curve with G2
continuity. Manning was the first to work out the necessary and sufficient conditions for
curvature continuity as a function of parametric derivatives. Because the curves are
calculated independently of heuristic parameterization, they are free of oscillations due to
unevenly spaced data. Oscillations often result from parameterization methods that do not
adequately account for variations in the spacing of data.
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Figure 3.7. Catmull-Rom Spline I nter polation.
The cubic segments of a cardinal spline are defined by the positions of their end points and
first derivatives equal to the direction and 1/2 the magnitude of the chord formed by
joining the neighboring inter polation points.

Ellis and McLain [55] dfer an alternative to osculatory function interpolation. A cubic
curve is fit to the data surrounding an interpolation point, and the slope of this cubic is
used to specify the slope of the cubic interpolant at the interpolation point. The fit cubic is
computed to pass through the immediately adjacent interpolation points and give a least
squares fit to the next neighboring points on either side.

Ball [7] describes an alternative cubic curve segment specification in some respects
similar to cubic Bézier curves (3.1.4). The Ball curve is specified by its endpoints, the
tangent directions at those points, and a single interpolated point on the interior of the
curve. Higher order generalizations of the Ball curve are described by Said [185].

Forrest [74] describes a generalization of the Bézier segment (3.1.4) from polynomial to
rational curves. In particular he discusses the cubic segment and its flexible use as a space
curve and for the specification of conic sections. Pavlidis [154] describes a curve fitting
technique based on conic curve segments. Pratt [174] also developed an interpolant based
on conic splines, using available degrees of freedom to approximately minimize the
variation of curvature along the curve. Most recemlgttmann [168] describes a locally
controlled G conic spline which interpolates position, tangent, and curvature. The
interpolation points are joined by two conic segments per span.
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Jordan and Schindler10] present a locally controlled?@ational polynomial curve with

a tension shape parametirelson [141] presents a rational (cubic over quadratic) spline
where segments are planar with zero curvature at the end points. This scheme also has a
tension parameter and is triviaII)?G

De Boor et al. [44] describe a planar cubic? @terpolant exhibiting convexity
preservation and high accuradye curve is defined by position, tangent, and curvature at
the end points of each segment. There are restrictions on the specification of curvature that
allow a solution to the interpolation problem. They suggest that position and tangent be
specified and that curvature be used as a shape paraPetEns [157] develops the
construction of a local quarticZGspace curve that interpolates position, tangent, and
curvature. If either tangent or curvature or both are not specified, methods based on degree
reduction or derivative minimization are used to initialize them.

3.1.4 Bézier Curves and Composition Constructions

In an important development, de Casteljau [45] presents what became known as the Bézier
curve [12]. The importance of this curve lies in the fact that it is widely used in the
construction of local interpolants. His work describes techniques for the calculation of
points on the curve which also provide control polygons for the curve segments on either
side of the calculated point (Fig.8). In recent work, Ramshaw [175, 176], using
multi-affine maps, provides an elegant and illuminating description of Bézier apting-

curves (3.1.7).

control € first half

POINIS  second half

® curve midpoint

Figure 3.8. Quartic Bézier Subdivision.

Computation of points on a Bézier curve and subdivision of a Bézier curve is accomplished
by repeated linear interpolation.
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In order to compose local interpolants from Bézier segments, conditions for continuity are
required. Farin [61] derives the necessary anficgrit conditions on the control points of
cubic Bézier segments in order for adjacent segments to meet %vdibrﬁnuity. Hagen

[93] provides conditions for torsion continuity, noting that this does not imﬁ1y G
continuity. Béhm [19] extends Hagen’s conditions to rational Bézier curve segments.
Most recently, Pottmann [166] provides constructions for composfﬁg:c@tinuous
curves from Bézier segments.

Higashi et al. [98] describe constructions for fair Bézier curves specified by position,
tangent, and curvature. The construction is designed to produce curves with smoothly
varying curvature, MVQike curves. Schaback [189] describes a construction for a unique
G2 interpolant composed of Bézier segments which preserves convExdyinput is
restricted such that the sum of the angles at the ends of a chord is |e3@°tithry ofer

no solution in cases where this restriction is violated. Curves are made up of quadratic
segments fitted to convex regions and cubic segments fitted to areas requiring a point of
inflection. Straight lines are used in areas where data points are colinear

In a new approach to interpolation, Séquin introduced the procedural spline [195]. Cubic
Bézier segments are joined with Gontinuity using rule based, geometrical methods to
find first derivative directions and magnitudelsike Akima’s work this approach
recognizes special cases such as three colinear points. This work is carried on by Shirman
[197] who describes & continuous curves, in some cases using multiple segments
between interpolation points.

Rando [178] discusses the calculation of individual Bézier curve segments based on
minimizing the variation of the radius of curvature,

1 2

EH(E)D
J’DT 0 ds. (34)
0o g

This approach is similar to an MVC restricted to a pair of constraint points with a single
intervening curve. An extension to the more general setting of multiple Bézier segments
and multiple constraint sets is straightforward. Howewssra functional, (3.4) has the
drawback that it does not allow points of inflection, i.e., where 0. This constraint
renders the functional unusable in most CAD environments.
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3.1.5 Shape Preserving Splines

Work on shape preservation begins with Schwetkelines in tension [193]emfsion is
set to eliminate extraneous wiggles in the interpolating curve. More recshtlpe
preservation has been formally defined as monotonicity and convexity preservation.

Fritsch and Carlson [76] present a method for calculating a monotone cubic function
interpolant. They derive the necessary andicgeht conditions for monotonicity and
construct an algorithm that produces smooth monotone curves from monotone input data.
McLaughlin [130] describes a monotonicity preserving interpolation technique that
employs straight lines and parabolas to produce a monotonic interpolant. Schumaker [192]
presents an interactive algorithm that generate]sqajé:dratic spline that is convexity and
monotonicity preserving. The algorithm preserves the extra degrees of freedom as shape
handles available to the user. In a series of papers Fletcher and McAllisté8,[&8,

discuss techniques by which bias and tension are used to automatically achieve convexity
preservation Gregory [89] presents an algorithm for automatic shape preservation. The
algorithm uses a &rational cubic representation and solves nonlinear shape consistency
equations to determine the curve. Braibant et al. [21] applies finite element analysis to
B-spline and Bézier curve design satisfying design constraints such as convexity
Feguson [63] and later Jones [109] describes a system based on constrained optimization
for achieving convexity of an interpolant. Goodman and Unsworth [80] use a piecewise
cubic and straight line curve to form a curvature continuous interpolant that is locally
convexity preserving; the solution of two nonlinear equations is required per segment.

Roulier [181] presents conditions for cubic Bézier segments of positive curvature. A

segment exhibiting solely positive curvature is free of inflections and is thus convex. Later
work by Roulier et al. [182] on curve fairness and monotonically varying curvature shows

that MVC are naturally convex. Among curve segments specified by geometric

constraints, position, tangent and curvature; if a curve exists with monotone curvature
then the curve minimizing curvature variation will have monotone curvature.

3.1.6 Intrinsic Splines

Intrinsic, or alternativelygeometric splines produce curves from geometrically-based,
parametrically invariant curve specifications. Nutbourne, et al. [148] begin work in this
area with curve design techniques based on curvature profile integration. Using this
method, a designer specifies the curvature over the length of the curve, and the curve is
calculated by integrating the curvature plot (Bg). Adams [3] presents a similar
method addressing the integration of torsion in addition to curvature. Bolton [23]
describes a system based on biarc interpolation 3Fi@). In this method, curve segments
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Figure 3.9. Curvesfrom Curvature I ntegration.

The curve [ reflects the curvature profile [1; it starts as a straight line, curvature
increases linearly to a constant curvature 1/, etc.

are specified by positions and tangents at their end points. The position and tangent values
are interpolated by pairs of circular arcs meeting with tangent continuity. Pal and
Nutbourne [152] discuss a method for computing a curve segment specified by end point
position, and optionally, tangent and curvature. Their approach uses from one to four
linarc segments to satisfy a given constraint set. Pal [153] extends the approach from two
to three dimensions. Schechter [190] describes a more general system where multiple
linarcs are used to compute curve segments specified by point, tangent, and curvature. A
large family of alternate solutions is available from which a designer may select.
Remember that the linarc was one member of the family of consistent curves studied by
Ohlin (3.1.1).
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Figure 3.10. Biarc Interpolation.

Biarc interpolation yields a one parameter family of solutions; three solutions to a single
problem are shown.

3.1.7 Local Approximating Splines: The B-spline and

its Descendants

The B-spline was one of the first splines used in CAGD and several new concepts were
introduced via the B-spline. It is because of its importance to the field in genera that a
discussion of work on B-splinesisincluded here. The B-spline is an approximating spline
which exhibits local control. The curveis defined by control points and follows the control
polygon in a predictable and intuitive fashion (Fig. 3.11).

Figure3.11. A Quadratic B-spline.
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Early work on B-splines begins with Schoenberg [191], Cox [42] and de Boor [43] and
was applied to approximation problems. Gordon and Reisenfeld [82] describe the first
application of B-splines to problems of CAGD. In his thesis, Versprille [206] introduced
the nonuniform? rational B-spline (NURB) to computer aided design applications. The
main advantage of the rational form over the integral form of the B-spline is the ability to
exactly represent conic curves. The rational form of the B-spline is described using the
control points of the integral B-spline augmented with aweight at each control point. The
weight acts as a shape handle with which the curve's shape can be further controlled.
Increasing the weight associated with a vertex draws the curve closer to the associated
control point. Similarly, decreasing the weight of a control point causes the curve to move
away from that point. Tiller [203] has also discussed the use of NURBS for CAGD.

Barsky [9] introduced the [3-spline as a uniformly parameterized geometric spline. A
geometric spline satisfies geometric continuity rather than the parametric continuity of a
traditional spline. Uniform parameterization stipulates that the knot values, u;, be evenly
spaced, u; _; —U; = 1. The B-spline incorporates two global shape handles, B,, B,, that
describe the mapping between geometric and parametric continuity. First order parametric
continuity is achieved by matching first derivatives at ssgment-segment knots u;,

C'i-a(u) = Ci(w). (35)

B, scaesthefirst derivative of the composite curve on the minus side of the knot,

B,Chi-a(w) = Cii(w). (36)

Second order parametric continuity is achieved by matching second derivatives,
C"i—a(u) = C"i(u). (3.7)

B, acts as aweighting parameter, asit isincreased the curve moves toward the associated
control point. Algebraically, the second derivative on the plus side of the knot is cal culated
as

BIC" (W) +B,Ci-a(u) = Ci(u). (38)

As described here 3, B, are global shape handles, Barsky and Beatty [8] describe the
local control of the beta shape handles.

1 nonuniform refers to curve parameterization, curve segment joints may be unevenly spaced parametrically.
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Cohen [38] introducedT:splines which were later shown by Joe [106] to be equivalent to
discrete 3-splines. In a series of papers [105, 106, 107], Joe presents nonuniform
B-splines,3-spline subdivision or knot insertion, the equivalence of ummifermity and

B,, and rationaB-splines. Pham [162] describes the mapping between a Besptine

with cubicly varyingf3, to a conic Bspline.

3.1.8 Variable Locality

We have described many curve generation methods that exhibit local control. Many of the
methods discussed inherently allow for curve refinement through subdivision, or knot
insertion. In subdividing a curve, control points are added, further restricting the extent of
influence of control points. This allows the portion of the curve influenced by a control
point to be reduced, providing a means for fine tuning curve shape. None of the methods
described thus far provide a mechanism for increasing the portion of the curve influenced
by a given control point. Given this, once detail is added to a curve it is gfiteltib

make more global modifications to a cus/ehape. Forsey [75] describes a curve design
technique based on &lines that has embedded mechanisms for controlling the locality
of curve modifications. His curvesigrarchical B-splines, define a hierarchy of Bplines.

At each level in the hierarchy, &lines are defined relative to their parents in the
hierarchy. Also, at each level thespline is subdivided increasing the number of control
points and the locality of their effect. Because splines in the hierarchy are defined in a
relative fashion, modifications made at one level of the hierarchy are automatically
propagated to those splines lower in the hierarchy, whose definitions are relative to the
modified segment. Forsey’s approach is a significant improvement in the area of control
of locality, however the hierarchy of curves is restrictive and it is not possible to achieve
arbitrary locality.

3.1.9 Surveys

Brodlie and Bohm have independently compiled excellent surveys of techniques for curve
design and representation.

By Brodlie:
A Review of Methods for Curve and Function Drawing [23].
Methods for Drawing Curves [24].
By Bohm:
On Cubics: A Survey [20].
A Survey of Curve and Surface Methods in CAGD [18].
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3.2 Network Computation

Many surface modeling and data interpolation schemes use a mesh or network of curves
as a key component in the construction of a smooth surface. In many cases the network
computation is not tied to surface computation so that a variety of network computation
methods may be paired up with a single surface modeling technique.

Chiyokura and Kimura [33] describe a system for the blending and filleting of polyhedral
models. Polyhedron edges are replaced by portions of cylinders and cones, vertices are
replaced by more complex surfaces. Rounding operations are specified by radii at the end
points of polyhedron edges. The blending surfaces are computed by first creating a mesh
of quadratic Bézier curves and then spanning them with Gregory patches. The curve mesh
is automatically generated from the blending specification 871g). The end points of

the curves making up the edges of the network are constrained to have tangents in the
planes of the original polyhedron faces. These methods are successful in the limited
application of filleting and blending the edges of polyhedral solids. The networks
produced are only tangent plane continuous and result in surfaces lacking fairness. Farin
describes a éinterpolant that operates @nangulated data consisting of position and
normal information. A network of cubic curves is constructed under the restriction that the
surface patches meet with tangent continuity [58].

Nielson [142] introduces the minimum norm network (MNN) for ivariate function
interpolation.The MNN is a network of cubic curves that meet at interpolated vertices
with tangent plane continuity while minimizing a linear gyeterm that approximates
strain enagy. The computation of the network requires the solution of a global system of
linear equations. This method applies only to bivariate functions and is not suitable for
modeling

Piper [164] describes a local constructive technique for the computation ofietv@rk

of cubic curves. This construction assumes that both surface position and surface tangent
plane information are provided. The curves are specified by their endpoints (supplied
explicitly) and first derivatives. The direction of the first derivative is established by
projecting the chord, connecting the end points of the cubic, onto the plane specified at the
vertex (Fig.3.13). The magnitude of the first derivative is set equal to chord length plus
one third of the distance that the end of the chord was projected. Sin8lagyin [195]
computes a &cubic curve mesh from a polyhedral model. The surface normals at the
vertices of the polyhedron are computed as a weighted average of the normals of the
incident faces. The weights are proportional to the angle formed by the &iges
incident to the vertex. Once the normal is fixed, chord projection is used to establish curve
tangent direction, and the chord length is used for the derivative magnitude.
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Figure 3.12. A Curve Network

One corner of a box is blended, the curve tangents are constrained to the planes defined by
thefaces at their endpoints.

Shirman and Séquin [200] present a construction for a lokaulic curve network used

for polyhedral smoothing. Surface normals at vertices are computed as a weighted average
of face normals. The weighting used is either proportional to the area of the incident face
or to the angle formed by the fagseedges that are incident to the vertex. The first
derivatives at the end points of the curves of the network are set using chord projection
and chord length. They also introduce the “opposite edge method” where opposing curves
are constructed to meet with tangent vector continéitypleasing spline [198] is fit
through the subject vertex and two of its opposing neighbors. At even order vertices this is
straightforward, and the normal is defined as an average of the normals implied by the
curves intersecting at the vertex (F3gl4.]). Odd order vertices require the introduction

of a “phantom” vertex at the midpoint of the segment connecting the two “opposite”
vertices (Fig3.14L]). In his thesis, Shirman [198] assesses the relative merits of several
different methods for the construction of Gibic networks. He concludes that using the
“opposite edge method” for normal and tangent direction calculation and that using chord
length to set first derivative magnitude are superior among the methods tested.
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Figure 3.13. Pipetls First Derivative Computation.
First derivative directions ae indicated by arrows in the surface tangent plane. First
derivative magnitudes ae set equal to the chord length plus one third the distancedm the
neighboring point to the tangent plane.

Mann, et al. [126] present a survey of triangular interpolants. They found most
interpolants to be unsatisfactory, and in particular found that the surfaces could be
improved significantly by improving the quality of the curve networks. They adapt a
method by de Boor, et al. [44] to create an improved mesh. It requires that surface
position, normal, and curvature be provided by the designer or a sampled function.
Additionally, the curves of the network must remain planar. Because of thisrestriction, the
tangent direction is chosen by computing a plane in which the curve must lie. This is
accomplished by taking the cross product of the chord and the average of the normals
specified at the chord’s end points. The tangent direction is along the line of intersection of
the surface tangent plane and the plane containing the curve. While they find this approach
to result in improved curve networks with G? continuity, they discuss a number of
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Figure 3.14. Opposite Edge Method.

At even order verticesl] the “opposite edge method” fits a pleasing spline tbugh pairs of
opposite vertices and the subject vertex, at odd order verticds, the mid points of edges
serve as curve end points. Note that curves of netwofk run fr om the vertices (corners) to
the central point, and that the curves fom the central point to the sides a only used in the
construction.

associated problems. First, for each curve of the network, zero to three solutions exist. If
no solutions exist they must fall back on some other method for curve definition. In the
case where multiple solutions exist, while their shapes are nearly indistinguishable, their
parameterizations vary greatly. The results of using different parameterizations
dramatically affects the quality of the resulting surface. Mann et al. have outlined the
difficulties with the methods described by Piper and Shirman. Both of these lack G2
continuity and fairness. Though possessing G2 continuity, the method resulting from
adapting de Boor et a. lacks fairness.

Nielson [143] proposes an interactive design system using a minimum norm network
(MNN) generadlized to [13. In the proposed system, users specify position, surface normal,
and atension shape handle. This modeling system holds some promise. However, because
it lacks G2 conti nuity and uses alinear approximation to strain energy, it will probably not



exhibit a high degree of fairnedBottmann [169] presents a generalization of MNN that
results in a € function interpolantThis method applies only to bivariate functions and is
not suitable for modeling

Moreton and Séquin [136] describe an early version of the MVAmM@imum enegy
networks are described that minimize the MEC functional (4.1), the MVC functional
(4.2), or a weighted combination of the two. The surface continuity construction used in
this early work lacks the component of curvature in the binormal direction (sBctjon

and is generally less compact and lesBcieht. In sectiorb.1 we describe the
representation and continuity constructions used in the computation of MVN.

3.3 Surfaces and Surface Design

MVS are designed to solve many of the problems encountered in the computer aided
design of curved surfaces. In this section we review work on curved surface design and
representation. d start, Feguson [64] describes one of the earliest techniques for the
description of general frelerm surfaces. A mesh of cubic splines is computed and
blended using tensor product patches with zero length twist vectors. The resulting surface
interpolates a rectangular mesh of data point@?n The remainder of this section is
topically broken down as follows:

3.3.1Patches
3.3.1.LCoons Patches
3.3.1.Bézier Patches
3.3.1.8-spline Surfaces
3.3.1.4ransfinite Interpolants
3.3.1.%5regory Patches
3.3.1.driangular and n-Sided Patches
3.3.1.Bubdivision Surfaces and Splines on Arbitrary Networks
3.3.1.&rincipal Patches and Cyclides
3.3.2Xontinuity
3.3.2.LContinuity Conditions and Constructions
3.3.2.%/ertex Enclosure
3.3.Finite Element Analysis, Minimization, Optimization, and Fairing
3.3.4Surveys

3.3.1 Patches

3.3.1.1 Coons Patches

Coons [40] describes a surface representation based on the blending of boundary curves;
Forrest [72] provides a good overview of Coons’ work. A linear Coons patch is defined by
adding the ruled surfaces formed by opposing curve boundaries and subtracting the
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bilinear surface formed by the four corners of the patch &id). Using linear Coons
patches to blend a network of curves results iR’ @face. Toovercome the lack of
tangent continuity Coons describes a patch capable of interpolating cross boundary
tangent information in addition to mesh curves. The Coons biquintic patch is an extension
of a tensor product patch using Hermite blending functions. Gordon [83] generalizes
Coons patches to interpolate an arbitrary continuous functions along mesh lines. $sordon’
work leads to a body of work on transfinite interpolants (3.3.1.4). Gregory [90] describes a
different generalization of Coons patches that allow for the independent specification of
patch twist vectors (3.3.2.2). This specification removes the constraints on the twist vector
at the expense of a parametric singula@ty increase in degree, and the introduction of
rational blending functions. This work is important since it introduces a mechanism by
which networks of patches can be constructed locally (3.3.1.5). Gregory and Charrot [87]
describe a triangular version of the twist compatible patch.

"% e

Figure 3.15. Linear Coons Patch Construction

3.3.1.2 Bézier Patches

Bézier [12] describes the mathematical underpinnings of UNIStHRFmodeler used at
Renault. In addition to describing the construction and calculation of Bézier patches
(Fig. 3.16) he touches on several issues which became major research topics in later years:
the vertex enclosure problem (3.3.2.2), pgiatch continuity (3.3.2.1), and fréerm
deformations. Earliein unpublished work, d€asteljau [45] develops what has become
known as the triangular Bézier patch (3.3.1.6)(Bij7). Included in his work are stable
evaluation algorithms for Bézier curves and Bézier triangles.
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Figure 3.16. Quadratic Tensor Product Bézier Patch Construction

[] Points on a tensor poduct patch are computed using epeated bilinear interpolation. [,
[1, and ] A patch is subdivided by epeated linear interpolation.

3.3.1.3 B-spline Surfaces

The use of Bspline surfaces in CAGD was introduced by Gordon and Riesenfeld [82].
Versprille [206], and lateriller [203], introduce the use of rationaldplines to CAGD.

The rational Bspline is capable of exactly representing quadric surfaces such as spheres
and cylinders. More recent work related tocsfdine surfaces has been in the areas of
n-sided patches (3.3.1.6) and arbitrary control meshes (3.3.1.7).
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Figure 3.17. Quadratic Triangular Bézier Patch Construction.

[1 a Bézier triangle; L1 triangular control hull; [ finding the center point of the patch
through repeated linear interpolation.

3.3.1.4 Transfinite Interpolants

Introduced by Gordon [83], transfinite surfaces are important because they represent one
solution to the smooth assembly of collections of patches. Since transfinite interpolants
interpolate arbitrary boundary data, it istrivial to smoothly piece together surface patches.
Coons [40] describes the application of transfinite interpolation to the blending of a
rectangular mesh B-spline curves. Gregory and Charrot [87] describe the first published
triangular interpolant. This interpolant matches position and tangent data at triangle
boundaries. Nielson [144] describes a transfinite triangular patch that interpolates both
patch boundary curves and cross boundary tangent functions. A discrete version of the
patch is presented where vertex normals are linearly interpolated along the boundaries.
Using the discrete version of the patch, it istrivial to construct a Gl interpolant over an
arbitrary triangular mesh. Hahn [95] uses transfinite techniques to fill an n-sided hole with
n rectangular patches. Hagen and Pottmann [92] describe a G? transfinite triangular patch
which, like Nielson’s triangle, can be discretized and used to create a G2 interpolant over
an arbitrary triangular mesh.

58



3.3.1.5 Gregory Patches

Developed by Chiyokura and Kimura [33], Gregory patches were inspired by Geegory’
[90] modified Coons patches. They use similar rational blending functions to remove the
twist constraints from tensor product Bézier patches (3.3.2.2). The Gregory patch has two
twist vertices at each patch corn&rpoint é(u, V) on the surface is computed by linearly
blending the twist vertex pairs to form a Bézier patch which varies as a functi@mad¥

(Fig. 3.18). These vertex pairs are shown connected by a transparent rod with the twist
vertex position foru = v = 0.5 shown in the middle. Chiyokura [34] further discusses
the application of Gregory patches to irregular mesh interpolation. Gregory pftiches

an integral part of the commercial CAD system DesignBase [36]. Shirman and Séquin
[196] describe an extension of Gregory patches providing shape parasiegrdulge,

andtilt while maintaining é continuity.Chiyokurg et al. [35] extend Gregory patches to
patches with rational boundary curves.

3.3.1.6 Triangular and n-Sided Patches

Non-degenerate triangular patches suitable for computer aided design were introduced by
Gregory and Charrot [87]. Their interpolant is formed from the blend of three separate
triangles satisfying the constraints associated with a single side of the triangle. Farin [58]
describes a triangular interpolant for datalih First, boundary curves are computed, then

a patch is fitted into each opening, and finally each patch is subdivided in Cloagkr

fashion (Fig3.22), and the boundaries are adjusted fo aBntinuity. Sabin [184]
describes three and five sided patches that are easily included into surfaces composed of
biquadratic tensor product patches. Similar to their triangular patch, Charrot and Gregory
[32] describe a pentagonal patch resulting from the blending of five rectangular patches.
The patches are placed at each corner of the opening and blended td* foomti@uous
boundaries.Hosaka and Kimura [102] describe three, five, and six sided patches
compatible with Bézier patches. The methods match quadratic and cubic adjacent patches.
Piper [164] presents a construction for a pair of Bézier triangles to meet witimds
interpolate position and tangent specifications at the endpoints of the shared edge. Using
this construction, he describes a scattered data interpolant using a Clough-Tocher splitting
schemeHahn [95] describes a method for filling asided hole with rectangular patches.

This approach is a generalization of Charrot and Gregory [32] and uses a transfinite
interpolant to solve the problem for arbitrany Jones [108] describes a method for
constructing a collection of rectangular patches meeting with tangent or curvature
continuity in order to fill am-sided hole, for odd. For tangent and curvature continuity,

the resulting patches are respectively biquintic, and biseptegory and Hahn [86]
describe a polygonal patch for filling arsided hole in a rectangular patch complex. The
resulting patch is rational ponnomial,ZCﬁ\,ontinuous with surrounding patches, and
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Figure 3.18. A Gregory Patch

A bicubic Gregory patch control hull; the dual twist vertices are shown connected by a
transparent rod. The vertex in the middle of this rod is positioned for surface parameter
valuesu = v = 0.5.

affords several shape parametdrsop and DeRose [121] present thep&@eh as an
n-sided generalization of triangular and quadrilateral Bézier patchelé.aﬁgﬁrithm for
joining Spatches with Bézier triangles is also presented.
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3.3.1.7 Subdivision Surfaces and Splines on Arbitrary Networks

Catmull and Clark [29] introduced the subdivision surface. Subdivision surfaces are
formed by taking a network of points and recursively subdividing the network to produce
a B-spline-like surface as the number of subdivisions increases (Fig. 3.19). In the case
where the network is restricted to a rectangular mesh, the resulting surface is exactly the
uniform B-spline surface resulting from treating the network as the control points of the
surface. In fact, as the number of subdivisions increases, major portions of surfaces on
arbitrary nets form tensor product B-spline surfaces, it is only in areas around original
vertices of order other than four that irregular behavior occurs. Doo and Sabin [53]
analyze the behavior of subdivision surfaces around extraordinary points (those vertices
of the network that have order other than four.) Their analysis shows that the limiting
surface is G1 and indicates methods that might further improve the behavior of surfaces
near singular points. Beeker [11] describes a system for smoothing polyhedral networks
with four-sided openings and vertices with 3,4, and 5 incident edges. The resulting surface
is composed of bicubic patches joining with GL conti nuity. Van Wijk [208] studies the
fitting of tensor product -spline patches to networks with four-sided faces, and vertices of
order 4 or odd order vertices. Nasri [138] extends these works to surfaces that interpolate
the network control points. This is accomplished by deriving a new network that places
the original control pointsin the centers of the new network openings. Computing the new
network is very similar to computing the dual of a planar graph. Tan and Chen [201] use
the ideas of Catmull and Clark to construct a network of biquadratic B-spline patches.

Figure 3.19. Two Generations of a Subdivision Surface.

[ The original polyhedral model. [1 The model after the edges and vertices have been
removed. L] Themodel after the edges and vertices of L] have been removed.
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Starting with the same network specification, they only subdivide those regions containing
or adjacent to extraordinary regions. This approach is taken at each level of the recursive
subdivision, isolating the singular regions with geometric convergence (Fig. 3.20). Ball
and Storry [6] further study the behavior of subdivision surfaces near extraordinary points.
Their results, based on an eigen analysis of the subdivison matrices, show what

0 0

Figure 3.20. Four Stepsin thelsolation of Singular Points
[ The original polyhedron. [1, [1 After one and two levels of subdivision. L1 The regions
representable by tensor product B-splines after two subdivisions. [ The singular regions
after two levels of subdivision. L] Another level of subdivision applied to one of the singular
regions. [1 The B-spline regions after the third level of subdivision. [ The remaining
singular region after threelevels of subdivision.
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conditions are necessary fot Gontinuity.Brunet [26] describes an extension of Doo and
Sabins method combined with Nasi’approach that includes shape handles and
automatic methods designed to reduce jumps in curvature between patch boundaries.
Cavaretta and Micchelli [30] provide a thorough analysis of subdivision curve and surface
algorithms. Dyn, et al. [54] present an approach quite similar to Bsumet’comparison

is made with earlier work. Hollig and Mdgerle [99] introduce a new spline space,
G-splines. This new spline is derived from the work of Goodman [81] and defines splines
on networks composed of foaided faces. Goodmanivork is similar to that of ah

Wijk’s B-spline surfaces on restricted networks. Loop and DeRose [122] describe a
generalization of Bpline surfaces that can be applied to models of arbitrary topology
S-patches [121] are used as the building blocks of the surface. The network of patches is
restricted to one of two types: a network of four sided patches, or a network with exactly
four faces incident to each vertex. Lee and Maji®[present methods for the generation

of Bézier and Bspline surfaces from polyhedral control networks. This is similar to
Goodmanrs approach where shape handles are incorporated into the construction. Finally
Nasri [139] has generalized his recursive subdivision algorithm to support the
interpolation of both vertex positions and vertex normals.

3.3.1.8 Principal Patches and Cyclides

Martin [129] describes the use of principal patches for geometric modeling. A principal
patch is a patch whose edges fall along lines of principal curvature. Since lines of principal
curvature have zero geodesic torsion, it is simple to folnta®tinuous joins between
patches. Martin uses portions of surfaces of revolution and portions of Dupin’s cyclides as
principal patchedn similar papers Bohm [17] and Pratt [173] explore the use of cyclides
in geometric modeling. They derive the Bézier form of a cyclide and provide several
blending examples. Cyclides are particularly interesting because they are optimal MVS
surfaces, i.e the MVS functional is zero for any cyclide.
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3.3.2 Continuity

3.3.2.1 Continuity Conditions and Constructions

Bézier [12] discusses the necessary andicserit conditions for tangent continuity
between adjoining patches. He states that the partial derivative vectors of patches should
be coplanar (Fig3.21)

oF(u, v)
ou

OF(u,v) _aGW, V)| = q.

ov ov

aG(w, V)
ow
Bézier enforced this condition by using the relation
aFngJJ, V) - AW) angl, V) ) aG((;VV\\/; V) ,

whereA andp vary linearly
Veron, et al. [205] characterize first and second order continuity between polynomial
tensor product patches in terms of the geometric measures. They then proceed to
characterizenth order continuity in terms of reparameterization. Farin [60] presents
sufficient constructions for all three combinations of triangular and rectangular joins of
polynomial surface patche&ahmann [13] derives the conditions for second order
continuity between tensor product Bézier patches. Byidfiyhe patches meet with1G
continuity, thenG? continuity may be achieved by setting up the patches such that their
asymptotic directions are colinear across the ppétbh boundaryThis construction
holds unless the patgiatch boundary follows an asymptotic direction of the surface.
Kahmann also notes that construction & @ntinuous patch networks is extremely
difficult due to the second order analogue of the twist compatibility problem (3.3.2.2).
DeRose [47] discusses two féifent, but equivalent, characterizations of geometric
continuity The first is based on reparameterization, and the second is based on the theory
of differentiable manifolds. Hollig [100] discusses continuity conditions for triangular and
guadrilateral patches.lealnd G continuity of Bézier patches is discussed in terms of
[ constraints as developed by DeRose [47]. Hahn [96] character“zesr(ﬂnuity in
terms of a connecting diffeomorphism (reparameterization). He considers continuity
between adjacent patches and where several patchesaroestl a vertexPegna and
Wolter [155] provide alternative conditions for2Gecontinuity across patcpatch
boundaries. Considering a pair of patches that meet v&itbo@tinuity, they show that
these patches need only have equal normal curvatures in a single direction that crosses the
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Figure 3.21. Patch-patch Continuity
Patches Ié(u, V) and é(v, W) meeting with tangent continuity.

patchpatch boundary in order to assuré Gntinuity. They also list other sufficient
conditions for G continuity across patcpatch boundariesghe osculating paraboloids
agree along the boundarthe principal curvatures and directions agree, the Dapin’
indicatrices and curvature signs agree everywhere, the asymptotic directions agree, and
the second fundamental tensors are identical at all poiddégen [46] discusses
constructions for joining adjacent Bézier patches withadd G continuity. The é
construction assumes both a boundary curve and a cross boundary tangent function. This
symmetric approach is also used to forfbBundaries.

Vinacua and Brunet [207] present a construction ﬁoc@ltinuity between rational Bézier
patches. DeRose [49%escribes the necessary andfisigint conditions for tangent
continuity between tensor product and triangular Bézier patches in both polynomial and
rational forms. Liu [120] discusses conditions for ntinuity between tensor product
Bézier patches and between triangular Bézier patches; both the polynomial and rational
cases are considered.
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3.3.2.2 Vertex Enclosure

Van Wijk [208] studies the vertex enclosure problem and provides a solution for the
computation of a &surface with vertices of order 4 or orderwheren is odd.Sarraga

[188] characterizes the vertex enclosure problem and provides a solution to the
interpolation of an unrestricted mesh of cubic Bézier curves meeting Gvid:Ierinuity.

The mesh is restricted to vertices of order 3, 4, or 5 with four sided opédnitigs first of

a series of papers on smooth interpolation [160], Peters describes rectangulation as a
method of surface construction. In the first step of this method a triangulation is converted
to a rectangulation (Fig.22). This transformation allows the construction of hao
continuous surface composed of bicubic and biquartic patches. Peters [158] presents a
nice classification of methods for solving th&w@rtex enclosure problem. Peters presents

a solution to the odd order vertex problem where the surface normal varies linearly along
the patchpatch boundary. Next, Peters [156] presents a scheme based on patch splitting
for the creation of a &surface. The resulting surface is composed of cubic Bézier
patches. Then, he describes an alternative method that exploits a parametric singularity to
solve the vertex enclosure problem [L99jally, Peters [161] describes a solution to the
vertex enclosure problem. AZG:ompatibIe, otherwise arbitrary, cubic curve mesh is
interpolated using quartic and quintic tensor product and triangular patches.

P » »

Figure 3.22. Rectangulation.

A triangular mesh [ is converted to a quadrilateral mesh [] by Clough-Tocher subdivision
[] and dropping the original edges.
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3.3.3 Finite Element Analysis, Minimization, Optimization,

and Fairing

Pramila [171] uses finite element techniques to design ship hull surfaces. A linearized
fairness functional is designed to minimize strain gyeflass [1.7] describes a fairing
system that corrects surface irregularities by smoothing lines of reflection. Modifications
to lines of reflection are mapped back to modifications to the surface from which they
were derived. Kjellander 6] proposes fairing tensor product surfaces by fairing meshes
of curves. This is accomplished by reducing the strairggressociated with a mesh point
interactively selected by a designdlowacki and Reese [145] describe a ship surface
definition and fairing system under development. They propose to minimize the strain
enegy of G? Coons patches by varying their interior degrees of freeditagen and
Schulze [91] describe a system for computing a surface from potr)s ifheir approach

uses functional minimization to shape generalized Coons patches. Linearized strain
energy is used as the surface objective functi@guson, et al. [62] use constrained
optimization to generate Bpline surfaces with convex isocurves. Farin and Sapidis [57]
present a local method for curve and surface fairing. The approach works based on knot
removal and reinsertion. The surface is faired by fairing the curves corresponding to the
rows and columns of the control network. Curves are faired by identifying areas of
undesirable curvature and the associated knot. Theaddhg knot is then removed and
reinserted, resulting in a curve of improved fairness. Nowacki, et al. [147] describe a
surface approximation scheme based on minimization. They minimize the sum of the
strain enggy of mesh lines and the potential eqyeof springs attaching the mesh lines to
data points. Rando and Roulier [177] discuss fairness metrics for curve and surface
design. They observe that fairness metrics should parameterization independent; fairness
metrics should be a function of intrinsic surface geomeKsillay and Ravani [i5]
describe a method based on the minimization of a functional approximating stram ener
for computing the twist vectors of a mesh of bicubic patches with fixed boundaries. Their
approach is applicable to any quadratic functional. Rando and Roulier [179] discuss the
fairing of Bézier patches by iteratively adjusting control points to minimize various
fairness functionals that are designed for specific surface types. Their functionals include:
flattening—tend toward developable surfacesinding—tend toward spherical surfaces,
rolling—tend toward cylindrical or conical surfaces. Celniker and Gossard [31] develop
curve and surface elements for performing energy based surface modeling. The surface
element is a rational polynomial and is joined with neighboring elements with G
continuity. Their modeling scheme computes surfaces that minimize linearized strain
energywhile interpolating data points and simulating forces applied to the surface.
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3.3.4 Surveys

Several authors have compiled excellent surveys concerning various aspectganfifree-
surface design.

By Bohm, et al.:
A Survey of Curve and Surface Methods in CAGD [18].

By Herron:
Techniques for Visual Continuity [97].

By Gregory et al.:
Smooth Parametric Surfaces and n-Sided Patches [88].

By Peters:
Local Smooth Surface Interpolation: A Classification [158].

By Mann et al.:
A Qurvey of Parametric Scattered Data Fitting Using Triangular Interpolants [126].
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4
Minimum Variation Curves

In this chapter we introduce the Minimum Variation Curve (MVC) as a
strong candidate for usein CAD applications and as a building block in the
construction of MVN and MVS. The MVC has superior fairness, handles
constraints gracefully, and forms circular arcs as a general case of
free-form curve design.

The MV C is computed using numerical optimization and finite element techniques to find
the curve that minimizes a fairness functional measuring the variation of curvature. In this
chapter we discuss the techniques used in this calculation and present trade-offs in the
decisions made.

4.1 Curve Specification Through Constraints

Curves are specified with a sequence of geometric constraints. The points to be
interpolated in sequence are specified, optionally augmented with constraints on tangents,
and/or curvatures. Figure 4.1 illustrates the 3 basic constraint types. positional, tangential,
and curvature, and shows that curvature discontinuities may aso be specified. In
Fig. 4.1[] we see how three point constraints form a circular arc. Figure 4.1L] illustrates
how a tangent constraint is combined with two point constraints to specify a curve.
Figure 4.1[] adds a curvature constraint, providing further control over the curve shape.
Finally, Figure 4.1[] inserts a curvature discontinuity to allow circular curve segments to
be formed.
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Figure 4.1. Specification Through Geometric Constraints.

[] three point constraints. [ a point and a point-tangent constraint. [] a point-tangent
and a point-curvature constraint. L] a curvature discontinuity.

4.2 Functionals for Minimization

In designing the MV C, our choice of functional for minimization was made based on the
need for high quality curves and intuitive interactive behavior. The quality or fairness of
curves has been studied extensively and shown to be closely related to how little and how
smoothly a curve bends. The cubic spline is a linear approximation to an idealized thin
beam at minimum strain energy passing through a series of frictionless, swiveling
supports. The nonlinear curve modeling a thin beam is known as the minimum energy
curve or MEC and is characterized by bending the least while passing through a given set
of points. The MEC functional minimizes the arc length integral of curvature squared

J'des. (4.1)

Figure 4.2[] provides an example of the shape formed by an MEC for a simple set of
constraints. The MEC has a few drawbacks. It does not readily form circular or helical
shapes without imposition of arc length constraints, and it is not stable in al
configurations. If the angular difference between tangents at adjacent vertices becomes
greater than 11, then the curve bulges out, growing to infinity.
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In contrast to the MEC which bends as little as possible, the minimum variation curve
(MVC) bends as uniformly or as smoothly as possible while passing through a series of
points. The uniformity of bending is measured by the magnitude of the rate of change of
curvature, minimizing the functional

dk
[(g) o 4.2)

Figure 4.201 illustrates the shape of the MV C. Note that the MV C forms a circular arc in
response to these symmetric constraints. The MVC is more stable, changing shape
continuously with continuous changes in constraints. The MV C aso has the property that
it forms circular arcs when constraints allow.

ob
0
O
b

-0.5 0.5 1 -1 -0.5 0.5

MEC MVC

Figure4.2. The Wicket.
The MEC and MVC resulting from two point-tangent constraints. The MEC has zero
curvatures at its end points with a higher interior curvature. The MVC forms a semicircle;
curvatureisconstant throughout.
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4.2.1 Functionals for Space Curves

In this section we discuss potential modifications of functionals (4.1) and (4.2) when
applied to space curves; though these modifications have not been implemented, they are
included to complete the discussion of functionals. When formulating a functional for
modeling space curves (non-planar curves), torsion becomes a factor. In the context of the
traditional MEC functional based on strain energy, a torsion term must be added to the
functional to account for twisting,

IKZ + 1°ds. (4.3)

We are not aware of any other work on curves designed with this functional(4.3).
Analogously, the space MVC functional becomes

dk 2 dr. 2
I(d';) + (d%) ds. (4.4)

Note that in contrast to (4.2) this expression is composed of the scalar-valued derivatives
of curvature and torsion. The result is afunctional that evaluates to zero for helices, which
of course include circles. In comparing (4.2) to (4.4) note that in the former we use the
vector-valued derivative of curvature. (4.2) indirectly captures the torsion term since for a
space curve the derivative of the curvature vector is nonzero even if its magnitude is
constant. The MVC and space MV C functionals are not equivalent, and the latter is
superior in its ability to produce fair space curves. As we see in section 4.11, the MVC
functional produces curves with zero torsion at their end points, while the space MVC
functional will produce curves with constant torsion at their end points. Because of the
substantially increased complexity in computing the arc length derivative of torsion, we
have chosen to use the MV C functional with its lower complexity and indirect measure of
torsion. A thorough investigation of space MV C is dlated for future research.

4.3 Scale-Invariant MVC

MV C areinvariant under rigid body transformations and uniform scaling. The value of the
MYV C functional, however, changes with a change of scale. The precise rate of change may
be determined most easily by incorporating a scale factor into the parametric version of
the functional (section 4.7) and factoring it out. We find that as the scale increases by a
factor of y, the functional value is reduced by a factor of 1/ y?’ The MEC functional has a
similar sensitivity to scaling, in its case the reduction is by a factor of 1/y. We may
modify the MV C functional to create an MV C-like functional whose value is independent
of scale (SI-MVC). In designing this new functional we must be sure to preserve the
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desirable properties of the MV C functional; its characteristic shapes, parameterization
independence, and discretization independence. By adding terms which are composed
solely of geometric measures we guarantee parameterization and discretization
independence. To insure that the SI-MV C functional has the same characteristic shapes we
must guarantee that if the standard MV C functional evaluates to zero then the SI-MVC
functional must also evaluate to zero. Taking these factors into consideration, we have
designed afunctional that incorporates an arc length term to offset the scaling factor,

I
(fds J’(d‘;) ds. the S-MVC functional (4.5)

We have found that this function is scale independent, but has much slower convergence
than the standard MV C functional. This functional does, however, allow us to investigate
the characteristic shape of various curve topol ogies which cannot be investigated with the
MV C functional without interpolation constraints. While curves that are topologically
equivalent to a circle actually converge to a circle because the functional tends towards
zero, other curves such as afigure-eight, expand to infinity, taking advantage of the 1/ y3
factor. However, when we use the SI-MVC functional (4.5), the figure-8 curve simply
forms alemniscate, see Figure 4.15 on page 91.

4.4 Local Control and Smoothing

In this section we explore what modifications of the MVC functional are needed to
support variable locality and afacility for smoothing an existing shape. As described thus
far, the shape of acurveis strictly a function of its geometric constraints and of the MVC
functional. If constraints were removed or changed, the curve would change shape in
response. If al constraints are removed, the curve will seek its zero or reference shape.
The reference shape is the shape that the curve must form in order for the function to
evaluate to zero. As it stands, the reference shape of an MV C isacircular arc. In order to
allow for the specification of a non-circular reference shape, the MV C functional may be
modified to

dk Ok 2
K
I(E_T;)) ds. (4.6)

N

dx
In (4.6) the term d—o is the curvature derivative map of the curve's reference shape; we
see that this new ?unctional is zero when the curve forms the reference shape. In
Figure 4.3L1 we provide an example of this type of deformation, in the figure, the

reference shapeislabeled “initial curve”.
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[J—Deformation

[1—Smoothing

point dragged

&

initial curve _
initial curve

Figure 4.3. Curve Defor mation and Smoothing.
[] a curveis deformed from its initial reference shape by dragging a point near its middle,
[] a curveis gradually smoothed from its initial shape to a shape defined solely by tangent
constraintsat its end points.

We now discuss how this modified functional may be used to achieve variable locality.
Strictly local control can be achieve with the original functional. Modifications can be
restricted to a region of the curve by fixing the position, tangent, and curvature at the end
points of aregion. To make modifications of larger scope, it is necessary to use the shape
of the curve to be modified as its own reference shape. We may now remove the
constraints that were used to define the curve’s shape, and the curve will not change shape
because (4.6) is minimized. We may now apply new constraints to the curve, deforming it
from its reference shape.
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Our new functiona (4.6) may be further modified to alow for simple smoothing or
relaxation operations. If we multiply the reference shape termsin (4.6) by a scale factor, it
is possible to continuously vary the curve from its reference shape to its shape as defined
by geometric constraints alone. The modified functional is

2

I(ds ) ds.

By varying a between 1.0 and 0.0 we vary the curve between its reference shape and its
shape defined solely by geometric constraints. In Figure4.3 we see examples of
deformation from a reference shape and of the smoothing of a curve from it reference
shape to its shape as defined by the constraints at its end points.

4.5 Representation

Starting with this section we begin describing our method for the computation of a
minimum variation curve. We cast the problem as a nonlinear optimization / finite element
problem. Curve representation plays an important role in making the MVC useful to
applications. The curve is broken into a series of parametric polynomial e ements that
satisfy the given geometric constraints, and join with G2 conti nuity. Among polynomials,
quintic elements are most suitable because they have sufficient descriptive power to
simultaneously satisfy the constraints on position, tangent direction, and curvature.

In considering alternatives, we examined lower order and rational polynomials. Using
lower order polynomials, it is either difficult or impossible to constructively satisfy a
gpecification, and little savings is gained because the mgjority of the complexity and cost
is in the evaluation of the functional and its partial derivatives. For example, consider
using a pair of cubic segments to replace a single quintic segment in 02 with fixed
position, tangent, and curvature at its end points. The quintic has 18 degrees of freedom;
after the constraints are applied four degrees of freedom remain. Using two cubics we start
with 24 degrees of freedom and after the constraints are applied 10 degrees of freedom
remain. We must also consider the problem of joining these two segments with G2
continuity, we take on considerable complexity while losing 7 more degrees of freedom,
leaving three DOF with which to optimize the curve. In assessing the trade-off we must
compare the loss of one degree of freedom, with the increased complexity, and with the
loss of expressive power. Ultimately, the conclusion is subjective, little seemsto be gained
by lowering the order of the elements, the cost of minimization is approximately the same
and the complexity isincreased substantially.
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Rational polynomials are very attractive as curve elements because they are capable of
exactly representing portions of circles, helices, and torus curves. The prohibitive
drawback of the rational form is the dramatic increase in complexity required to evaluate
the MVC functional and its partial derivatives. This increase in complexity is due to the
fact that, in contrast to integral polynomials, rational polynomials increase in order and
complexity as derivatives are taken.

There are several possible representations for a quintic polynomial element (e.g. B-spline,
Bézier). W chose the Hermite form because of the ease with which the geometric
specifications can be mapped to the defining parameters of the Hermite segments. Also,
this form is easily converted into other polynomial representations that are typically used
in geometric modeling systems. Quintic Hermite curves are specified by the position of
the endpoints and by the first two parametric derivatives at these locations. In vector
notation this can be expressed as:
_ T

co)| [Holu)
¢ |HiW
S _|Cv o] JHAW] N N
Clu) = |~ N = C(OHy(w) + C'(OH (u) + ... + C(1)Hg(W)
¢ | HsW
¢ | HaW
¢y LHsW]
whereH;(u) are quintic blending functions. The computatiomigti) is described in [59].

The mapping from the geometric to parametric description of the curve is carried out
using the following equations

Pi=p
P = mizﬁi +a,m; (4.8)

wherep;,, fj, K; are the position, tangent direction, and curvature vector at one end of the
curve; m; is the first derivative magnitude arg completes the relationship between
curvature and the second derivative. During the minimization the sealanust be
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constrained to be positive; this is because if m, became negative then P'; would reverse
direction. We impose this constraint by using mi2 rather than m; in equations (4.7) and
(4.8):

N

Pi =P
I?)'i = mlzf,
P = mi4|2i +0(imi2fi.

A curveis made up of a sequence of vertices connected by quintic elements. G2 curves are
pieced together from these elements by sharing geometric specifications at the common
points. Data structures associated with the vertices hold the point, tangent, and curvature
information, while data structures associated with the elements hold the parameters
o o O 4 and m; o, m; ; (Fig. 4.4). Each element is defined by three data structures, apair
of structures associated with the vertices at the element’s endpoints and one structure
associated with the element itself. By distributing the curve/element specification in this
way, adjacent elements share vertex structures and are guaranteed to meet with curvature
continuity. Note that discontinuities can be introduced by giving adjacent elements
independent geometric specifications.

G2 vertex Gl vertex
vertex struct. element struct. vertex struct.

Figure 4.4. Schematic View of Curve Representation.

On the left is a G2 joint where incident curves share the full geometric specification. On the
right isaGljoint where incident curves have independent curvatures.

4.6 Multi-element Segments

As we have described thus far, a single quintic Hermite segment or element is placed
between every two sets of constraints. Because of the limited descriptive power of
polynomia elements, a single element can only approximate the ideal minimum variation
curve. To improve the approximation, multiple elements can be inserted between
constraints. In practice, a single element per constraint pair is normally sufficient.
Depending on the goal of the application, it may not be important that the minimum
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variation curve is accurately approximated, only that its desirable curvature properties be
present. As an example, the Wicket in Figure 4.2 on page 71 is reexamined in the context
of using multiple elements per pair of constraints. The MV C’s characteristics for these
constraints are simply those of asemicircle; MV C functional is 0.0, the arc length is 11, and
the curvature k is 1.0. The Wicket was calculated using one and two elements. The one
element approximation’s maximum and minimum curvatures were 1.00013 and 0.99986
respectively. The two element approximation’s extremal curvatures were 1.0000079 and
0.9999923. The arc length of the two element approximation was within 107° of Tt We see
that, in this example a single element produces a good approximation to the MV C and that
atwo element solution is extremely close to the theoretical minimum variation curve.

4.7 Parametric Functionals

The MVC curvature functional (4.2) is defined in terms of an integral of a function over
arc length. To evaluate this functional and its gradient in the context of the parametric
piece-wise polynomial curves described in section 4.5, the functional must be converted to
a parametric polynomial form and evaluated in a piecewise fashion. The value of the
functional for the curve as awhole is computed as the sum of the values of the functional
for each element. In the first conversion step the arc length based definition

.2
dx
I & ds
0
is changed to an integral of afunction of the curve C(t) parameterized by t of the form

B
J’f(é(t))dt.

The bounds, a, B, of the integral are set to 0 and 1, since the Hermite representation is
parameterized with t varying from 0 to 1. The differential with respect to sis converted to
adifferential int. Since

Ao 1 thends = &) d

= e "7 IC0
where

IR N o2

ol = Coo) " "
Next, the derivative of curvature with respect to arc length & transforms to: dtgli .
These two stepsyield:

dk’ "k dt. % A, 'k’ Lk’ 1
gds ds = g(dtds) |C'(t) dt gds ds = ‘([dt é'(t)dt. (4.9)
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: . K . : N
Lastly we find the expression for — in terms of the parametric derivatives of the curve,
C(t). The expression for curvature Is

R C'(t) x C"(t)
K(t) = —a—
=Gl
Taking the derivative with respect to t yields
dk _ vdu-udv

da 2
where
u=C'(t)x C"(t), du = C'(t) x C™ (1), nb. C'(t)xC"(t) = 0,

N 3 N N 32
v=|Cl = (€ o)
dv=3[C®| (CwH = ®)

4.8 Computing Partial Derivatives

The optimization process we use requires that we compute the partial derivatives of the
functional. Since the derivative of an integral is equal to the integral of the derivative, we
must find the partial derivatives of the integrand of (4.9). We discuss two methods that can
be used to compute these partial derivatives: 1) analytical or 2) central differencing. All
the examples shown in section 4.11 were computed using analytically computed partial
derivatives. The primary advantage of using central differencing is the ease with which it
may be implemented. Briefly, derivatives are approximated by computing the value of the
subject function while varying the value of the function parameter; Conte and de Boor
[39] is a good reference covering central differencing. The primary advantage of
computing the partial derivatives analytically is the greater numerical precision with
which they can be calculated. The added precision increases the rate of convergence of the
optimization.
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It is advantageous to make extensive use of the chain rule and to compute the partial
derivatives using a number of steps. Taking this approach, common subexpressions are
revedled. For example the first few steps in computing the partial derivative of the
integrand of (4.9) are

.2
ok 1 0 _mr’O

el re—T (G J— ZGDA:L -
gl [o70) e I ST S LTI [5
0~ g A’ o
.2 N
a[UKD

dK
Ot D_Zdﬁa(dt)
da " dt oa
o0 1 0 _9cql
dew|o_  oa
o C'(t) (1)

The process of computing the derivatives appearing in subexpressions continues until the
partial derivative of (4.9) is fully evaluated. The resulting expression tree is too large to
reproduce here. The leaves of this expression tree are the partia derivatives of
C(t), C'(t), C"(t) with respect to q.

The computation of partial derivatives is accomplished by implementing a suite of
functions which reference and assign valuesin ablock of global variables. Each step in the
chain rule corresponds to a function; the result of each function call is stored in a global
variable for use by subsequent function calls. To guarantee that the variables that a
function requires for evaluation have been initialized, an analysis of the cross references
of the functions and global variables is used to produce an appropriate ordering of the
functions used to evaluate each partial derivative.

4.8.1 Numerical Integration

During the optimization process, the values of the MVC functional and its partial
derivatives with respect to the free parameters are computed. Since the value of the MVC
integral cannot be computed in closed form, we sample the function over a domain to
approximate the integral;

B
Zwif(ti),ti O [a, B] :J’f(t)dt.
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Gauss-Legendre quadrature is used to compute the (curvature) integrals. This method
conveges quickly as the number of samples or integration points is increased [172].

4.8.2 Gradient Descent

Cast as a multi-dimensional optimization problem, the curve is represented by a point in
O" corresponding to it degrees of freedom. The MVC functional umpténg
minimization is expressed d6), x 0 O". Standard optimization techniques are used to
minimize f(z). Starting from a heuristically established point i, PolakRibiere
conjugate gradient descent [172] is used to traverse the space while reducing the objective
function and ultimately arriving at a minimum. This descent method uses a weighted
average of gradients from past iterations,

0= S Ofogw,

to determine a direction for movement. Once [ is computed, a oneimensional
minimization is performed to find the minimum & —ald) over a. First the line
minimization brackets a minimum, finding three values af such that
fx—a,0) <f(x-a,0), f(x-oa,0)<f(x-a,0) and a,<a,<a,. Then it uses a
parabolic fit to calculate a new value af and eliminates eitheo, or a, while
maintaining the bracketing relationship. This second step is repeated until a minimum is
reached when the; convege on each othe(fig. 4.5).

parabolic fit

\/ f(x—aDN)\.

Figure 4.5. Parabalic Line Minimization.

Line minimization using a parabolic fit to find a new a, here o', a,, a
bracketing triple.

; are used as the next
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4.9 Initialization

The descent scheme described in section 4.8 starts with an initial curve and iteratively
refines that curve until the optimal curve is achieved. In this section we discuss the
problem of finding a suitable initial curve. In terms of optimization, the problem isto find
an initial point in the “valley” where the minimum point (corresponding to the stable
equilibrium of shortest length) lies at the bottom (see section 4.10). The optimization
requires that initial values be provided for any parameters not explicitly set; m,;, m;;,
0o @;;, B, and K; in equations (4.7), (4.8), and Figure4.4. Several researchers have
studied the problem of finding an interpolating curve for an ordered set of points (3.1.3).

The rate of convergence of the minimization procedure depends strongly on the initial
curve and, as a result, so does the speed with which solutions may be found. We use our
knowledge of the nature of the MV C functiona to choose an initia curve shape that is
close to the solution. The formulas that we use for the initial guess are taken from [28].
The values of m,, and m;,; are related to the arc length of the curve and are initialized to
the chord length |p; —p;.4|. The vaues of a,, and a,, specify the nature of the
parameterization at the endpoints; setting them to O causes the curve to be arc length
parameterized at its endpoints. The tangent directions are set to the average of the incident
chord directions weighted inversely in proportion to their length (Fig. 4.6):
}[i _ Pi-17 B N Pi=P,q i = i (4.10)

HA' A'Hz H'ﬁi_ﬁul”z It

4

]

Figure 4.6. Tangent Initialization.
Thetangent is computed as the inver sely weighted aver age of incident chords, see eg. (4.10).
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A number of schemes have been put forth for heuristically assigning tangent directions.
These include a strict average of chord directions, and a weighting in proportion to the
length of the chord. If we consider the nature of the MV C functional, it is clear that (4.10)
is the appropriate formula. The key argument is based on consistency (MVC are
consistent.) Given an existing curve passing through two points, if athird point is added
that lies on the curve between the first two and is close to first, then any weighting of
incident chords other than (4.10) will yield a poor tangent estimate. In fact, if the curveis
circular then for the introduction of any intervening point equation (4.10) yields the
tangent to the circle at that point; precisely the desired tangent.

The magnitudes of the curvature vectors K; are set by computing the radius of the circle
that interpolates the associated point and its two neighbors (Fig. 4.7). The direction of the
curvature vector is perpendicular to the tangent and is in the plane of the three points
defining the circle

AL

K

Figure4.7. Curvature Initialization.
Curvature vectorsareinitialized by fitting circlesthrough adjacent points.

In the case where the curve is not closed and the elements at the ends of the curve have
endpoints that do not have two neighbors, the curvature is set equal to the curvature to
which the single neighbor was initialized. The tangent direction is set to the tangent
direction at the other endpoint reflected about the perpendicular plane through the
midpoint of the intervening chord (Fig. 4.8).
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Figure 4.8. End Point Tangent Construction.
Construction of tangent direction at the open end point of a curve.

Our heuristic technique for selecting a starting point has proven to be efficient and robust.
If difficulties are encountered, the continuum method described in section 4.10 may be
employed, which starts with a penalty for arc length and then gradually relaxes that
penalty.

4.10Existence, Uniqueness, and Sensitivity

Because the MEC has been much more widely studied (since the 17th century), we discuss
results from these studies and relate them to the relatively new MVC. In [104] Jerome
discusses the necessary and sufficient conditions for the existence of an MEC. To the
authors' knowledge there has been no study of the unigueness of MV C.

In [65] Fisher and Jerome discuss the stable and unstable equilibrium of an MEC. An
MEC issaid to be at stable equilibrium if it holds its shape in the absence of an arc length
constraint. In most practical applications we seek the stable equilibrium solution that has
the shortest length. This suggests the use of the continuum method, the approach of
computing MV C by initially placing the curve under tension (by penalizing arc length)
and gradually relaxing the tension until stable equilibrium is achieved and no tension
remains. Figure 4.9 illustrates two MV C curves for the same set of geometric constraints.
In addition to the positional constraints, the curvature at the central point is fixed. In
comparing the two solutions, note that while the solution without the loop is shorter, it has
alarger MV C functional value.
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Figure4.9. Multiple MV C Curves from One Specification.
[ the MVC resulting from an initial curve containing a loop. [1 the MV C resulting from
an initial curve without a loop. Note that while curve LI is probably the desired curve,
curve [ has a lower MVC functional value. The curves are specified by five positional
constraints o and a single curvature constraint O at the center of the curve. Note how the
MVC distributesthe high curvature at its midpoint.

4.11 Results: Test Cases, Curve Quality, and
Applications

In order to evaluate the utility of MV C, we discuss the solution to a simple problem, and
compare MVC with other curve representations; we then present a few sample
applications. Comparisons are done using a number of different techniques: by drawing
curvature and torsion plots, and by examining curvature profiles [98]. Curvature profiles
are generated by drawing the reciprocal of the evolute of a curve; thisis traced out by the
curve normals scaled by the curvature of the curve.
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Figure 4.10. Blending the Cor ners of a Box.
[] Curvature continuous blends specified with position, tangent and zero curvature
constraints. [ Circular blends specified with position and tangent constraints, and
curvature discontinuities.

4.11.1 A Sample Problem: Corner Blending

In this example eight positional constraints are set symmetrically near the corners of a
box, our goal is to round the corners of the box. Two possible solutions to the blending
problem are presented. Figure 4.10L1 illustrates the case where tangent and curvature
constraints are specified at the eight points. These constraints result in a continuous
curvature plot, with value zero along the sides of the box, and varying from zero to a peak
of around 1.5 at the maximum. The second solution, (Fig. 4.100]) inserts curvature
discontinuities at the blend boundaries, which allows the MV C to form circular blends at
the corners of the square. Comparing these two blend alternatives, the first is curvature
continuous at the expense of a dlightly higher maximum curvature, and the second is
tangent continuous and circular.
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4.11.2 A Comparison of MVC, MEC and Natural Splines

Figure 4.11 highlights the differences in fairness exhibited by a natural spline, an MEC,
and an MVC constrained to pass through a given set of positional constraints [211].
Though the curves shown in the top of the figure are nearly indistinguishable on paper, the
curvature plots emphasize the differences between these curve generation techniques. The
natural spline has a “spiky” curvature plot with peaks at severa of the constraint points,
and zero curvature at the endpoints. The MEC exhibits a considerably smoother curvature
plot with slope discontinuities at the interpolated points, and zero curvature at the
endpoints. Finaly, the MVC has a very smooth curvature plot, free of sharp peaks and
corners, and constant curvature at the endpoints. Note also that the MVC has a
considerably lower maximum curvature.

natural spline

MEC Lsh

natural spli n?

MVCJA

Figure4.11. MVC vs. MEC and Natural Splines.
A comparison of natural splines, MEC, and MVC. Note that the MVC has a much
smoother curvature distribution and, has constant curvature at its endpoints rather than
zero curvature.
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4.11.3 Scale-Independent MVC

First we compare the curvature plots of the MVC and SI-MVC for the data set presented
in Figure4.11 (Fig. 4.12). We see that the SI-MVC has a smooth curvature plot, nearly
indistinguishable from the standard MV C. It is only in cases where curvature variation is
high that there is a noticeable difference between MVC and SI-MVC. In Figure 4.13 we

[0 MVC

-0.5 F

[ SI-mMvC

Figure4.12. Curvature Plot—MVC and Scaleindependent MVC
There is virtually no difference between MVCL] and standard SI-MVC [ for problems
with low curvatur e variation. These curvatue plots result from the Wbodford data set, also
shown in Figure 4.11.
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Figure 4.13. Planar S-shaped Curves, MVC vs. SI-MVC

These curves are specified by position and tangent constraints at their end points. The SI-
MVC is somewhat tighter, shorter in length and its curvature varies more linearly. The
MVC has constant curvature at its end points. [ is a plot of the curves, [1 are the
corresponding curvature plots.

see Sshaped MVC and SI-MVC, specified by constraints on position and tangent
direction at the curve's end points. The standard MV C is somewhat longer and fuller in
appearance. If the tangents specifying this curve are rotated further, so that the curve must
bend even more, the standard MV C jumps to infinity since it can reduce the value of its
functional by letting the curve expand. The SI-MV C, however remains finite even for the
case of antipodal tangent constraints (Fig. 4.14).
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Figure4.14. A Curvefrom Antipodal Tangent Constraints

[] the SI-MVC resulting from antipodal tangent constraints. The MV C expands to infinity
for this constraint set. L] the curvature plot of the SI-MVC, curvaturevs. arc length.

As an example to demonstrate scale invariance we compute the shape of a completely
unconstrained figure-8. We initialize the curve to the rough shape of a figure-8 and then
optimize its shape using the SI-MVC functional without any constraints whatsoever. In
Figure 4.15 we provide the curve and curvature plot; the curve forms a lemniscate-like
curve. Additional experiments revea that, if an additional loop is added to the initial
figure-8, the extra loop forms an osculating circle at the tip of the lobe, where the

90



[

Figure4.15. An SI-MVC Figure-8.
[] an unconstrained figure-8. LI the curvature plot, k vs. arc length.

derivative of curvature is zero. If we had attempted the same optimizations using the
standard MV C functional, the optimization procedure would have expanded the curve's
scale to infinity reducing curvature variation.

The primary drawback of SI-MVC is that their rate of convergence is much slower than
that of the standard MV C. For example, the MV C generated from the Woodford data set
converged in 137 iterations and the SI-MVC took a total of 3921 iterations. Future
research will investigate the cause of the poor convergence rate of the SI-MVC.
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4.11.4 MVC vs. MEC Space Curves

In this example we examine the characteristics of the MVC and B{ate curves.
Figure4.16 is a schematic view of the constraints used in this example. Bigudrshows

the MVC to be smoother and of lower maximum curvature. Note also that the MVC,
unlike the MEC is torsion continuous. As alternative representation we display these two
curves using curvature profiles (Fg18).

(1,1,0)

(0,0,1)

Figure 4.16. A simple space curvefor comparing MVC with MEC.

As a second example applied to qdanar data we examine the results of computing the
MVC and MEC fit to the helical data of goPeters [157]. Here we see the MEC has
discontinuities of curvature and zero curvature at the end points of the curve. The MVC
exhibits a very uniform distribution of curvature. Figdt&9 illustrates the starting shape

for the optimization, Figuré.20 shows the MEC, and Figute1 the MVC.

4.11.5 Coving Design

In this example, we describe an actual application of MVC to awedd architectural
design problem. For a room with a 6" heating duct running along where the ceiling meets
the wall, design a coving to cover the duct that meets the wall and ceiling smabthly
coving may be no more than 12" high and 20" deep &2%). The coving was designed

by imposing the position and tangent constraints implied by the problem parameters, and
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Figure4.17. Space Curve Curvature and Torsion Plots.

Curvature and torsion plots corresponding to the constraint set shown in Fig. 4.16. The
MV C has smoother curvature and torsion and istorsion continuous.

interactively adjusting the curvature of the coving where it met the wall. The curvature
was increased until the coving cleared the duct by a reasonable amount. The coving was
then cut out of high density foam by an NC-controlled cutter taking a spline path as input.

4.12Efficiency

In this section we present wall clock timings taken on a 33MHz IRIS Indigo. Table 1 lists
timings for each of the examplesin section 4.11, and also for the Wicket from Figure 4.2.
Each optimization was carried out for both the MEC and MV C functionals and was
terminated when the infinity norm of the gradient was less than 0.0005. For these
examples, the MV C takes longer to compute, except when higher order constraints are
applied, then the MEC tends to take longer. However, in al cases the strain energy of the
MV C was closer to the energy of the MEC than the curvature variation of the MEC was to
the variation of the MV C. In other words, an MV C approximates an MEC better than an
MEC approximates an MV C.

We also provide plots of the log of the MV C functional value vs. number of iterations of
the optimization procedure in Figure4.23 and Figure 4.24. The functional values are
normalized by subtracting the minimum value and adding one; this ensures that the
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Figure 4.18. Curvature Profiles of the Simple Space Curve (Fig. 4.16).

Note the slope discontinuity in the curvature of the MEC, this corresponds to the torsion
discontinuity.

minimum plotted log value will aways be zero. The data plotted are discrete in nature and
are interconnected to make trends more obvious. From these examples it is clear that the
majority of the reduction inthe MV C functional occurs very quickly. And for thisreason it
is practical to build an interactive editor using MVC. Also because of this low
computation time, MV Cs have become an attractive aternative to traditional methods for
curve design.
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Figure4.19. Jorg Peters’ Helical Data — The Initial Curve
The heuristic initial guess poduces a curve with uneven curvatue and torsion.
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Figure 4.20. Jorg Peters’ Helix — The MEC Curve

The MEC curve has zeo curvature at its end points and slight discontinuities of the
derivative of curvature at each interpolation point.
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Figure4.21. Jorg Peters’ Helix — The MVC Curve
The MVC curve has curvature and torsion of nearly constant magnitude.
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Figure 4.22. Coving Design

A coving designed to smoothly blend the joint between the wall and the ceiling, and hide a
heating duct.
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Figure Name

& Time Number Final Final
Figure Functional in of MEC MVC
Number Seconds Iterations Functional  Functional
Wicket MVC 1.2 15 3.141 2176x10°6
Fig. 4.2 MEC 0.6 6 2.871 1.596
G2 Box MVC 2.6 6 7.247 26.15
Fig. 4.100] MEC 6.4 13 6.291 718.6
Gl Box MVC 47 7 6.283 7.09x10°6
Fig. 4.1000 MEC 15.5 24 6.268 1.027
Woodford MVC 75.0 137 2.551 1.951
Fig. 4.11 MEC 18.4 31 2.248 2.714
Space Curve MVC 12.3 90 5.098 4,597
Fig. 4.16 MEC 4.4 29 5.074 5.270
Peters’ Helix MVC 29.3 27 4,913 0.089
Fig. 421 MEC 17.3 15 4.658 0.156

Table 4.1. Tmings for Curve Examples—MVC&MEC

Each optimization was run until the infinity norm of the gradient was less than 0.0005.
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5
Minimum Variation Networks

Many surface modeling and data interpolation schemes use a mesh or net-
work of curves as a key component in the construction of a smooth surface
[126]. The minimum variation network (MVN) is a G2 network composed
of fair curvesthat provides an excellent frame on which to build a smoothly
curved surface. The MVN is computed using the MVC functional (4.2) and
MVC optimization techniques with curve specifications and G2 curve conti-
nuity constructions replaced by surface specifications and G2 surface con-
tinuity constructions. This chapter describes the calculation of minimum
variation networks.

5.1 MVN Representation and Continuity

MVN are constructed to exactly match second order geometric specifications at the
vertices of the network. Minimally, a network may be specified by vertex positions. A
network specification may also include surface normal and curvature information to be
interpolated. Finally, it is possible to specify the tangent direction at the end points of
individual curves in the network. The network is constrained to meet at its vertices such
that at each vertex a second order continuous surface containing the curves incident to the
vertex can be constructed. The specification permits the assignment of a fixed or initial
geometric characterization to each vertex of the network. This geometric description
consists of the vertex position, and optionally, tangent plane, and principal directions and
principal curvatures. In addition to the geometric specification, a list of incident curvesis
also provided. The curves making up the network are defined by pairs of vertices. It isalso
possible to fix and/or initialize the tangent directions associated with the end points of
each curve. Lagt, in the case when the resulting MVN is to be input to our surface
optimization system, patches are also identified by the vertices at their corners, and curves
around their perimeter.
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Internal to the optimization, the network of curves is defined via the second order
parameters of a surface description at each vertex of the network and via a description of
how each curve segment emerges from within the osculating paraboloid specified at its
endpoints. Each such paraboloid is defined by the vertex position p, a pair of conjugate
directions, Wy, W,, and the normal curvatures in those directions K, . Conjugate
directions are equivalent to principal directions in that, coupled W|th the associated
curvatures, they fully characterize the curvature of a surface at a point [52]. Conjugate
directions are more amenable to optimization because they do not have to be constrained
to mutual orthogonality. The network is represented by quintic Hermite curves. These
curves are defined by the positions and the first two parametric derivatives at their
endpoints; P, P', P". Each curve in the network is defined by the position p, tangent
direction f, and three scalar parameters, m, a, ¢, at each endpoint. The mapping from
these values to the parameters defining the corresponding Hermite curveis

P=p P' = mt P" = m'k +anmft
K = Knﬁ+cf) b i
=10k
-1 -1 T (5.1)

Wy le 00 Wy l
K| = 0 k. 004w, =

A w, ,\2 ]

1 o oo Hn] U

Note that the curvature of the curve K is the sum of two orthogonal components; K, the
component in the normal direction is a function of the surface curvature at the vertex and
the tangent direction of the curve at its end point; ¢, the component in the binormal
direction isindependent of the surface curvature at the vertex and represents the curvature
of the curve “within the surface.”

During the optimization process, those variables not fixed by constraints are iteratively
adjusted to minimize the MV C functional (4.2) summed over all curves of the network. At
each iteration step, W, and W, are renormalized, and t is projected onto the plane spanned
by W,, W, and also renormalized. It is this normalization step in combination with the
construction outlined in equation (5.1) that guarantees G2 conti nuity is maintained.

5.2 Network Initialization

The curve network must be initialized to some reasonable shape before optimization can
proceed. Because the starting point of an optimization strongly affects the rate of
convergence, it isimportant that the starting point actually be near the optimal network. At
each interpolation point a vertex normal vector isfirst initialized, then the tangent vectors
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of the incident curves are computed, next the principal directions and curvatures are
defined, and finally each curgescalar coditients are initialized. The initialization
techniques used are similar to the techniques usedfae@ork construction described
in section3.2. In order to initialize the second order parameters of the vertices, we have
developed an new method for estimating the principal curvatures of a polyhedral structure.

The vertex normal is initialized as an average of the incident face normals weighted
inversely proportional to the area of the incident face, i.e. the smaller the face the greater
its influence on the vertex normal [28]. This technique contrasts with that of Shirman and
Séquin and is based on the fact that as the area of a facet decreases it becomes a better an
better local approximation of the surface interpolating its vertices. It is a conceptual
equivalent to the weighting scheme described in sedt@nlhe tangent vectors of curves
incident to a vertex are set to the direction of the incident chords projected onto the plane
defined by the vertex positigi and the norma (Fig.5.1).

Once vertex normal vectors and incident tangent directions have been computed, the
principal curvatures and principal directions at a vertex are calculated. Both Calladine [28]
and Todd and McLeod [204] describe approaches for estimating the curvature of
polyhedral surfaces. Calladine derives a formula for the Gaussian curvature at a vertex in a
mesh:

angular defect at a vertex

Gaussian curvature = area associated with the vertex

Where the angular defect is defined ais—2the sum of the interior angles of the faces
meeting at the vertex. The area associated with the vertex is 1/3 of the area of the triangles
meeting at the vertex. This methonly provides an estimate of Gaussian curvature and is
inadequate in our applicationodd and McLeod compute a least squares fit to the Dupin
indicatrix’ [52:149] and require that a pairing be established among the vertices
neighboring a vertex; this is not possible at vertices of odd.dktlewen order vertices, it
remains problematic since the results vary greatly depending on the pairing chosen;
logically opposite curves are not always appropriate partners.

Our approach uses a least squares fit of sample tangent directions and normal curvatures to
compute the principal directions and curvatures. The initialization of these values is very
important to the speed of congence. First consider the situation shown in Figuie A

vertex is shown with a number of incident edges. For each edge we calculate the curvature
implied by that edge emanating from the vertex. Starting with @dge, we reflectp,

through the normal and fit a circle throufg‘h, p; andp,,. The radius of the resulting circle

is the radius of curvature (Fi§.2). The reciprocal of this radius of curvature is the

1The Dupin indicatrix is an alternative representation for surface curvefa?et |<2r]2 = 11, where (&, n) are carte-
sian coordinates in the orthonormal bages, &,} .
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Figure 5.1. Tangent initialization.
The projection of incident chords onto the plane defined by the point and normal.

approximate normal curvature in the direction of t,,. Repeating this procedure for each of
the incident edges provides a set of sample tangent directions and approximate normal
curvatures (Fig. 5.3). The set of tangent directions and approximate normal curvatures is
used to compute a least squares fit for the principal directions &, &, and principal
curvatures K, K., of the surface at the vertex as follows. We start with the expression for

normal curvature expressed with respect to any convenient orthonormal basis in the plane
defined by the normal,
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Figure5.2. An Approximate Radius of Curvature.
The approximate radius of curvature in the direction of 1, is calculated by reflecting the

chord through the normal and fitting an osculating circle through the vertex and through
the end points of a chord and itsimage.

<, =t
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Figure5.3. A Set of Bngent Directions and Appioximate Normal Curvatures.

Using the technique illustrated in Figue 5.2, a set of normal curvatues ae displayed as
the outlines of “pie wedges”. Note that only the wedges associated with verti€zand F are
completely visible.

The normal curvature is found by multiplying the curvature tensor K twice by the desired
tangent direction defined relative to the local basis. From this expression we extract the
tangent components, to produce an over determined set of m+ 1 linear equations:
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where the unknowns, x, are expressions involving the principal directions and principal
curvatures. The general formula for computing the least squares solution to this type of
systemis ATAx = ATb, where X isthe least squares solution for “x” in equation . Having
solved for x, we have three equations and four unknowns

22 R 5
&) XK, + 8] K, 0
28,8 y(Kl Ky | = | X1

X

. 2 .
€1, xKy T €1 yKy

Adding the fact that éi <t éi y = 1, dlows us to solve for the principal directions and

principal curvatures.

Table 5.1 provides the results of aleast squares fit to the sample directions and curvatures
shown in Figure 5.3. The resulting principal directions and curvatures are

K, =09548 & = {0.1266, 0.0, -0.9919}

(5.2)
K, =-0.6647 &, = {0.9919,0.0, 0.1266}

A set of principal directions and principal curvatures locally define the geometry of a
surface. Given principal directions and curvatures the normal curvature in a given tangent
t direction is computed:

K= K, (8 ) 4k, (e, )" (5.3)

We illustrate our example least squares solution in two ways. First, in Figure 5.4 with a
surface (L) swept out by the osculating circles as rotated about the normal, changing
radius according to (5.3) with curvature values (5.2); the arcs of the approximate
osculating circles are a'so shown. Second, in Figure 5.5 we plot normal curvature versus
tangent direction. Vertical lines are drawn connecting the approximate normal curvatures
with the least squares fit curvatures.
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To complete the initialization of the network, the scalars associated with each curve are set
as follows:m, the magnitude of the first derivative, is set to the chord lergtivhich

relates the first and second derivatives, is set to zero so that the derivatives are orthogonal
and the curves are arc length parameterized at their end pamtset to zero so that the
curve’s only curvature component is the normal curvature in the tagigection

Approximate Approximate
N Radius of Normal Least Squares Fit
Vertex 1D P Curvature Curvature Normal Curvature
B {1.0,0.4, 1.0} 2.7 0.370 -0.0584
C {-1.0, -0.5, -2.0} -5.25 -0.190 0.452
D {0.0,0.2, 0.5} 0.725 1.379 0.929
E {-2.0, -0.75, 1.0} -3.70833 -0.269 -0.162
F {0.0, 0.5, -1.0} 1.25 0.8 0.928

Table5.1. Least Squares Fit Curvature Example.

This table lists the inputs and solutions to finding the least squares fit curvature for the
arrangement of vertices shown in Figure5.4. Vertex A is located at the origin, and the
surface normal is along the y-axis.

5.3 Optional Network Constraints

Since the quality of the network directly impacts the quality of the resulting surface, we
present an optional heuristic constraint. A very successful method for improving network
quality is to force suitable opposing pairs of curve segments incident to a common vertex
of the network to join with écontinuity; this is an extension of Shirman and Séguin’
opposite edge method [200]. Pairs of curves are mads@inuous by forcing them to
share tangent vectors.z(hontinuity is imposed by forcinthe curves to also share the
binormal component, from (5.1). Curves may be paired up automatically at even order
vertices. At odd order vertices and at vertices where custom or partial pairings are desired,
matches may be specified manually

During initialization, shared tangent vectors are set to the average of the individual
tangents computed by chord projection. Figugillustrates curve continuity applied to

16 regularly spaced points on the surface of a torus. Figéire illustrates the
improvement to the network whenz(éontinuity is imposed. In a second example, we
illustrate a case where there is an appreciable difference between a network of curves that
are matched up with JGcontinuity versus a network of curves where paired up curves are
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Figure5.4. A Least Squares Curvature Solution.

Here we see the surface ([J, osculating paraboloid) swept out by the osculating circles
rotated about the surface normal, and arcs of the sample osculating circles of which it isa
least squaresfit.

constrained to meet with G2 conti nuity. In this case the network passes through 12 points
on a symmetrical S-shaped tube. The network specification includes position, surface
normal and curvature as well as curve tangent constraints.

In Figure 5.7L] we see the curves of the network meeting with Gl continuity; in the lower
half of the figure the curves running lengthwise along the tube have curvature profiles
attached, highlighting the distribution of curvature. Note that in Figure 5.7 the curves
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Figure5.5. Normal Curvaturevs. Tangent Direction.

The approximate normal curvature associated with each vertex is connected to the plot by a
vertical line.

NS

Figure 5.6. Optional Network Continuity Constraints, G° ver sus G2.

A network through points on a torus L] with GP%and [J with G2 continuous curves through
vertices.

are G2 continuous. This latter G2 continuous network is of superior quality, in part,
because some of the curves of the network are naturally G2 continuous and those that are
only G continuous create asymmetry unless constrained to G2 conti nuity.
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Figure5.7. Optional Network Continuity Constraints, G* versus G2.

A network through points on an S-shaped tube [J with G! and [0 with G2 continuous
curvesthrough vertices.

5.4 Comparisons

To assess the quality of MVN, we compare them with other methods and examine the
distribution of curvature along the network. Since there are no other published methods
for creating G2 networks of curves, we compare MV N with the networks resulting from
Shirman’s method [198] and from that of Mann et al [126]; these methods are reviewed in
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section3.2. The latter approach is an adaptation of deBtiilig- Sabin [44], thus we use

the initials “DBHS” to identify these networks. For our comparisons, we use the data sets
from the study of Mann et al. [126] (Fi§.8); the corresponding input files are provided in
appendix B. These data sets are samplings of existing surfacesoctalibedron and
sphere6 take their data from the surface of a spheapsule is a cylinder with
hemispherical capdranked is a sampling of the Franke function [84]

1 (-3 [(x-08)%+ (y-05)

é 1

andtorus takes its data from the surface of a torus with major and minor radii 1.5 and 0.5
respectively The networks calculated by the three methods in the comparison are shown
in figures 5.9-5.12. In the figures the networks are rendered with a curvature fin attached to
their component curves. The fin follows the curve normal and its width is proportional to
the curvature of the curve at the point where it is attached. This is the same method as was
used in the evaluation of MVC in sectidril. In terms of the subjective quality of the
network, the Shirma®séquin approach is outperformed by the other two methods in all
cases. Examiningctahedron and sphere6, we see a subtle difference betwettre
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Figure5.8. University of Washington Data Sets.
[] octahedron, [ sphere6, [1 capsule, L1 franked, L] torus.
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Figure5.9.Octahedron.

[1 Minimum variation network. [1,[], and [0 are drawn with curvature profiles.
[] Shirman-Séquin.[] DBHS. [ MVN.

curvature distribution of the MVN and DBHS, the latter network has dlightly lower
curvature near the interpolation points. Examining Franke4 and finally torus, we see a
marked difference in the respective networks. The MVN torus is very regular, with
smoothly varying curvature. The DBHS torus has large discontinuities when passing
through interpolation points, and curvature is not distributed evenly along the arcs of the
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0 [
Figure5.10. Sphereb.

[0 Minimum variation network. [1,[], and [0 are drawn with curvature profiles.

[] Shirman-Séquin.] DBHS. L1 MVN.

network. Much of the regularity and all of the arc-to-arc continuity of the MVN may be
attributed to imposing G2 continuity among the arcs of the network. The superior
distribution of curvature is due to the curvature variation functional.
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Figure5.11. Capsule.
[ Minimum variation network. [l, and [0 are drawn with curvature profiles.
[] Shirman-Séquin. [1 MVN. The DBHS example is not included because theris no
consistent curvature info where the cylinder and hemispheg meet.

Next we examine the network generated for points on a prismatic tetrahedral frame
(Fig. 5.14), dso see Figure 6.6 on page 139. We will revisit all of these examples in
section 6.5 after the networks have been used to create minimum variation surfaces. As a
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Figure5.12. Franke4.
[0 Minimum variation network. [1,[], and [0 are drawn with curvature profiles.

[] Shirman- Séquin.[] DBHS. L] MVN.

final example we compute the network for a common CAGD blending problem, the
joining of two cylinders of differing radii meeting at aright angle (Fig. 5.15).
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Figure5.13. Torus.

[1 Minimum variation network. [1,[], and [0 are drawn with curvature profiles.
[] Shirman-Séquin.] DBHS. L1 MVN.

119



Figureb5.14. TetraThing.

MVN for a prismatic tetrahedral frame. Curves are G2 continuous through the vertices of
the network. The MVN network and interpolation points are shown in []. The curvature

profilesfor the separ ate parametric directions are shown in L1 and [] and combined in [].
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Figure5.15. Cylinder Blending.
Thisnetwork isdefined by position, tangent, and curvature information at each vertex.
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6
Minimum Variation Surfaces

In this chapter we describe the calculation of the Minimum Variation Sur-
face (MVS). A series of examples demonstrates the superior quality of MVS
compared with surfaces created by other techniques.

In the computer aided design of curved surfaces there is a wide range of requirements.
Whileit is necessary to model regular shapes such as cylinders, cones, tori, and spheres, it
is also important that free-form shapes be modeled with ease. Often, it is also necessary
that surfaces exactly meet a set of positional, tangent, and curvature constraints. In all
cases, surface fairness is of great importance. The minimum variation surfaces (MVYS)
meet all these requirements.

Our choice of functional for minimization was prompted by the need for very high quality
surfaces with predictable, intuitive behavior, and the desire to capture shapes commonly
used in geometric modeling. The fairness of curves and surfaces has been studied
extensively and has been shown to be closely related to how little and how smoothly a
curve or surface bends. For an early and interesting reference see [15].

Traditional work on the fairness of surfaces focuses on strain energy, minimizing the area
integral of the sum of the principal curvatures squared [91,123,145,209]

2.2
J‘Kl+ szA.

Our approach minimizes the variation of curvature, rather than its magnitude. We
minimize the area integral of the sum of the squared magnitudes of the derivatives of the
normal curvatures taken in the principal directions:

dk 2 dk 2
I BLUSSRLYCTY
de, dé,
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Like the MV C functional, the MV S functional has associated shapes that are optimal in
the sense that the functional evaluates to zero. In the case of the MVS functional, the
shapes belong to a specia family of curved surfaces call cyclides[17,173] which includes
spheres, cylinders, cones, and tori. These al have lines of principal curvature where the
associated normal curvature remains constant. Lines of principal curvature follow the
paths of minimum and maximum normal curvature across a surface. Also like MVC
functional, MV S are invariant under rigid body transformations and uniform scaling, but
similarly the MVS changes functional value with changes in scale. Specificaly, for a
change in scale by a factor of y, the MV S functional changes value by a factor of 1/ y2
We have designed1 a scale invariant MVS functional, smilar to the SI-MVC
functional (4.3), that counters the inverse square factor by multiplying the standard MVS
functional by the area of the surface, which varies as the square of the scale:

ot

dK 2 dk n2 C _
— +— dA the S-MVSfunctional (6.1
de, de, L

MVS are specified using interpolated geometric constraints. The resulting models
accurately reflect these specifications and are free of unwanted wrinkles, bulges, and
ripples. When the given constraints permit, the resulting surfaces form portions of spheres,
cylinders, cones, and tori. Specification of a desired shape is straightforward, allowing
simple or complex shapes to be described easily and compactly. For example, a Klein
bottle is specified with ease; only twelve point-tangent constraints are used to model the
surface shown in Figure 6.1.

6.1 MV-Surface Construction

We treat the problem of creating a surface interpolating a collection of geometric
constraints as one of scattered data interpolation. The interpolation problem is broken into
three steps (Fig. 6.2); L] connectivity definition, [] curve network computation, [] patch
blending. In accordance with the topological type of the desired surface, the geometric
constraints are first expressed by a network of straight edges. These are then replaced with
suitable curve segments, and an optimized network is computed composed of minimum
variation curves (MVN) subject to the specified geometric constraints and the additional
constraint that the curve segments meet with second order geometric continuity, G2, at the
vertices. Finally, an interpolatory minimum variation surface (MVS) is computed,
interpolating the MV N with tangent continuity. In afirst approach, the boundaries of the
MVS patches are fixed, interpolating the previously constructed curve network.
Alternatively, the surface calculation may use the MV N as a starting point and modify its

1The SI-MVS will be implemented as part of future research.
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Figure6.1. A Klein bottle.

This complex surface is defined by twelve constraint setsl The initial MVN used to model
the bottle. L] The resulting surface with diffuse shading..] The surface endered using
environment mapping to “highlight” its quality .

geometry during surface calculation. The latter approach yields even smoother surfaces,
but at a substantially higher computational expense. The higher quality surfaces result
because the curves of an MV N resulting from a given constraint set do not always lie in
the MV S resulting from the same set of constraints. We examine the flexible MVN and the
associated improvement in surface quality in section 6.5.

During the modeling process, the connectivity of the geometrical constraints is typically
established as a natural outgrowth of the design process. The techniques described here
are also amenabl e to true scattered data interpolation, in which case connectivity must first
be derived with some other method, possibly based on some minimal triangulation on the
data points. Our system is based on triangular and quadrilateral patches. All constraints
are located at corners of these patches. Currently, the user must add additional vertices and
edges to the network so that it has only three- and four-sided openings. These additional
vertices are not constraints and are appropriately positioned by the curve network
computation and patch blending phases of the construction.
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Figure 6.2. The Blend of Two Pipes.

Pipes are blended in three steps: [1 The connectivity of the constraints is established.
[] Smooth curves arefit to the constraints. [] Surface patches arefit to the curve network.

Based on the MVN, the computation of the MVS interpolatory surface is accomplished
using constrained optimization. The geometric constraints are imposed by constructions
similar to those used in the calculation of the network. Inter-patch tangent continuity is
imposed by means of a penalty function that is equal to zero when the patches composing
the MV'S meet with tangent continuity and proportionally greater than zero for any Gl
discontinuity. In addition, a similar penalty function may be applied to impose curvature
continuity. The use of penalty functions alone does not guarantee perfect continuity. Exact
Gl continuity may be achieved in a subsequent phase of optimization using Lagrange
multipliers [41] or using the continuum method, a continuous reduction to zero of the
weight of the MV S term in the functional. This reduction of the MV Sfunctiona to zero is
equivalent to increasing the Gl penalty to infinity. In practice, it is not always necessary to
resort to this second phase because the surfaces resulting from the first phase are of high
quality and sufficiently close to being tangent continuous. Mann and DeRose have shown
this type of approximate tangent continuity to be sufficient and, in fact, desirable in some
applications[50].
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6.2 Representation and Computation

As described in sectighl, the computation of an MVS satisfying a given set of
constraints is broken into several steps. In this section we will focus on the last phase of
the algorithm where surface patches are fit tolac@tinuous MVN. The curves may
remain fixed or they may be used simply as a starting point for optimization. The choice
between fixed and variable curves is up to the designer and doefeobtresf algorithms
described here (secti@5.4). Chapter 5 provides the details of MVN calculation.

The MVS is approximated by a quilt of parametric polynomial patches which interpolate
the curve network, satisfy the geometric constraints, and meet with approximate tangent
plane continuity The surface functional is then minimized by varying the surface
parameters that are not fixed by geometric constraints.

6.2.1 Bézier Patches

The curves of the network are represented by quintic Hermite polynomial segments; one
segment replaces each edge of the network of constraints. Conseqtrenihatches
making up the interpolatory surface have to be at leastjfiontic patches. Peters [161]

has demonstrated that quintics arefisignt to achieve tangent continuity for all
triangular/quadrilateral patch-patch combinations. One patch is used for each opening in
the network. Though we have found single patches to hafieiesif descriptive powert

is simple to subdivide network patches creating multiple patches per opening. The use of
multiple patches improves the approximation of the theoretical MVS surface which in
general has no closed form representation. Note that while Peters’ construction requires
that the curve network being interpolated ha?scﬁntinuity, the interpolatory surface
resulting from his construction is only’Gcross boundaries and at the vertices of the
network. In contrast, our surfaces are constrained to meet v@itboﬁlinuity at the
vertices of the network (see sect®2.6).

Even though the boundary curves are in the Hermite form, we have chosen to use Bézier
patches because of their superior numerical characteristics and because one of the tangent
continuity conditions we use is particularly concise when formulated in terms of Bézier
coeficients. Also, Bézier patches are more amenable to rendering, and may be rendered
directly by subroutines found in the graphics library of workstations such as the Silicon
Graphics IRIS.
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6.2.2 Parametric Functionals

The fairness functional for surfaces (6.2) is defined in terms of an area integral. To
evaluate the functional and its gradient in the context of the parametric polynomial surface
patches described in section 6.2.1, the functional must be converted to a compatible form.
Here we outline the calculations necessary to evaluate the functional. The fairness
functional is computed for each patch, and the value of the functional for the surface as a
whole is the sum of the values for each patch. The area-based definition

dk 2 dk 2

"+ _"dA 6.2
dg, da, (6.2

is converted to integrals of functions of the independent parametersuand vin §(u, V). For
quadrilateral patches, the bounds of the integrals are set to vary over the unit square, and
the differential with respect to areais converted to differentialsin uand v

11 2 2
[k~ dk,
[[ oo, * e, oSS
00
where
|S,% S| = [EG-F,
and
E=§0 F=§0E G=S0 63)

Thevariables E, F, and G, are from the first fundamental form from differential geometry
[52]. The principal curvatures k, and K, are the normal curvatures in the principal
directions. Thus the problem of computing dk_/dé; and dk /dé, becomes one of
computing dk,/deé; and dk,/de,. First we find expressions for these in terms of
derivatives taken in the direction of the parametric derivatives

dK1 dK1 . dK1 .

de, = a (&5 + a0 (&, 05)

dKZ_dKZ . dK2 .

d&, =@ (&[5 + pres (&, 5)
where

S=s/(s8h  &=s/s)
Next we define the derivatives of k,, Kk, taken in the direction of the parametric
derivatives using derivatives with respect to the surface parameters u and v:

dk. dk. 1 dk. oK. 1

di - difg]  dv o dvfg)
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Finally, the parametric derivatives of k, and K, are computed from an expression derived
from the fact that the principal curvatures are the eigenvalues of the curvature tensor. The
expression for the curvature tensor is

a1 8y
a1y 8x»

where
Q. = fF - eG A = eF - fE
Y EG-F2 % EG-F?
_ gF-fG _ fF-gE
Ay = Ay =
¥ EG-F2  ? EG-F
e:ﬁ[SJu f:ﬁ[éuv g:ﬁ[é\/v_ (6.4)

E, F and G are defined as in equation (6.3), e, f, and g are the terms of the second

fundamental form from differential geometry [52].
Since K, and Kk, are the eigenvalues of the curvature tensor, we get the following

expression:

2

« = apptaxnt J afy + 4,8, ~ 28,8y, + a5
i 2 '
This expression is in terms of the surface parameters u and v. Using the chain rule, it is
simple to compute the required parametric derivatives, dk;/du, dk;/dv. Note that in
computing the parametric derivatives of e, f, and g, it is helpful to have a simple way of
computing i, and A,

= Ky (5B &+, (5,18 &,
hy = Kl(év [B)) & +kK, (S [By) 8.

6.2.3 Numerical Integration

In section 6.2.2 we discussed a method for evaluating the expression on the inside of the
fairness integral. Because it is impractical to compute the integral analytically, we use
numerical integration to evaluate the integral. Instead of using standard Gauss-Legendre
quadrature, we use Lobatto quadrature [1]. Lobatto quadrature has approximately the
same convergence and samples the perimeter of the integration domain:

1 n-1
If(x) dx = w,f(0.0) + Z w. f(x;) + w,f(1.0)
0 i=2
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We have found Lobatto’s integration formula to be as effective as Gauss-Legendre
quadrature for our application, and since it samples the perimeter, its evaluations may be
used to compute continuity penalty functions, see (6.2.5). As a default, we use 20
integration points in each parametric direction, a satisfactory number for the modeling
problems we have encountered so far. If the number of sample points is reduced, the
surface might form a cusp or crease between sample points where the integrator will not
“see’ it.

The first ten sets of abscissas and weight factors for Lobatto’s integration formula are
tabulated in [1]. The computation of other sets of weights and abscissas requires finding
the roots of thefirst derivative of aLegendre polynomia. Mathematica[210] may be used
to generate larger tables. Because finding the roots of high order polynomials is difficult
and prone to numerical errors, the results calculated for a new table should be checked for
accuracy, e.g. by verifying that the weights sum to 1.

6.2.4 Differentiation

During the optimization process, it is necessary to compute the gradient of the functional
with respect to all the available degrees of freedom. When computing the curve network,
analytical partial derivatives are used in conjunction with numerical integration to
compute the gradient. In the case of surfaces, the functional is of such complexity that itis
impractical to compute the gradient in this fashion. Instead we use central differences[39]
to approximate the partial derivatives. The standard central difference formula for
computing the derivative of f(a) with respect to a follows:

f(a+ h) - f(a— h)
2h '

f(a = (6.5)

In order to get accurate derivative estimates, it is necessary to choose the difference value
h carefully. An optimum value of h balances the trade-off between the discretization error
resulting from a large h and an increasing relative roundoff error resulting from too small
avalue for h. We initialize h to areasonable value based on the number of significant bits
in the computation of the functional and subsequently update h periodically based on the
observed number of significant bits in the difference computation. An accepted rule of
thumb dictates that about half the significant bits should cancel out when the differenceis
computed [ref].
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First we find the number of significant bitsin computing our functional. By computing the
fairness functional, F, in both single and double precision, we find the number of
significant bitsin the single precision calculation:

. (6.6)

Foqa—F
- _ single double
Ssingle = log, "9

F double

Currently our calculations are carried out in double precision. We compute sy, Using
equation (6.6) applied to a sample of MV S calculation problems. Ssingle varies somewhat
both from interpolation problem to interpolation problem and from the beginning to the
end of an optimization. Averaging several sample values we compute a value of
Ssngle = 10.5. Because we can only directly compute sy, We compute the value of
Sgouble OY @ssuming a gain of approximately 29 bits of precision corresponding to the 29
additional fractional bits available in double precision. Using this computation we get

Ssouble = 39.5.

At the start of an optimization h is initialized to h = F x 2716 After each difference
computation we compute the number of significant bitsin the difference value d and adjust
h if the number of significant bits is not within set bounds. The number of significant bits
in the difference computation is computed

) 2|f(a) - f(a + h)
d= Sdouble T |092 (\ (f(a) + f(a+h))| )

= Sgounle * 100, (21f(@) ~f(a+h)|) ~log,( (f(a) +f(a+h))|)

The difference value h is adjusted as follows

S
if (d < d°§‘b'e)h = 1.5h
2s '
if (d > dg“b'e)h = 0.75h

Though the specific values of 1.5 and 0.75 have been chosen empirically, it is important
that they not be reciprocals of each other. If they were reciprocals, we would run the risk
of h oscillating between two values, one too large and one too small. The value of afinite
difference step size is usually fixed for the duration of an optimization; our approach of
continually adjusting h has the advantage that h adapts to different stages in the
optimization, depending on the functiona and its gradient. Also note that since different
degrees of freedom have differing numerical behavior, a custom finite differencevaluehis
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associated with each DOF. Finadly, an inexpensive “trick” is used to preserve as much
precision as possible when adding the difference value to the associated DOF to produce
the perturbed DOF q

g=a+h h=g-a.

This adjusts h so that it corresponds precisely to the difference between a and the
perturbed value of a, g.

6.2.5 Continuity by Penalty

In sections (3.3.2.1) and (3.3.2.2) we outline work that highlights the difficulties
encountered when trying to construct networks of polynomial patches meeting with
specified geometric continuity. These problems can be circumvented by incorporating the
continuity problem into the optimization used to shape surfaces. We achieve this by
adding to the objective function a penalty function for lack of continuity. This penalty
function evaluates to zero when surfaces meet continuously and increases sharply with the
magnitude of discontinuity. Because of the nature of gradient-based optimization, it is
important that this penalty function have zero gradient at its minimum point. In
section 6.2.5.1 we discuss the formulation of a penalty function for tangent continuity and
in section 6.2.5.2 we present asimilar penalty function for G2 continuity.

6.2.5.1 Tangent Continuity

In this section we present two possible penalty functions for incorporating tangent
continuity into a surface optimization. The first method is based on the work of DeRose
[49]; he sets forth the necessary and sufficient conditions for Gl continuity. The second
method is based on the numerical integration of a cross-boundary discontinuity function.

DeRose’'s G! conditions take the form of a series of formulas, eq;, &l of which must be
zero for Gt continuity to exist. Using his notation, N, Ng. and Ny, refer to the degree of
the cross-boundary tangent functions (F', G') and the degree of the tangent function
(H") aong the boundary (Fig. 6.3). For example, a pair of abutting bi-quintic patches
have Np. = Ng. =5, N, = 4 and formulas

U= 3 |F Gy =0
j+kFT=m

m=0..D D =Ng+Ng+N,

(6.7)
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where
x LN L * LN L * LN, L

F=oy i &= o e M=o dh
where the F';, G’ and H'| are difference vectors as shown in Figure 6.3. The result per
shared boundary, for our example of bi-quintic patches, is a set of fifteen equations, made
up of one hundred distinct 3 x 3 determinants. The complexity of solving this system of
equations (6.7) has been outlined by a number of authors [108,161,188,199]. This
complexity arises because the corner interior control points appear in the cross-boundary
equations for multiple sides. This multiple appearance couples different patch-patch
continuity equations and thereby creates a global system of equations with a very large
number of variables. In the context of the optimization described here, it isimpractical and
unproductive to solve this explicitly; which is why we use penalty functions.

Figure 6.3. Difference vectors.

The difference vectors on a patch are formed by subtracting adjacent points, etc. for a pair
of bi-quintic patches.
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We have described how the fairness functional is evaluated. We complete the objective
function to be minimized by adding a penalty for lack of G conti nuity. In formulating the
penalty function, we sguare the terms from equation (6.7) and add yielding

D 2
m=0 J+k¥T=m

The penalty is computed for every patch-patch boundary and added to the fairness
functional forming the objective function. Note that (6.8) does have the property that its
gradient evaluates to zero at its minimum (zero).

An attractive aternative to a penalty based on equation (6.7) is the integration of a
cross-boundary discontinuity function. We may form such a penalty function from
parameterization independent measures by computing the surface normal along either side
of the patch-patch boundary. One such function integrates a function of the cosine of the
angle formed by the normals

o 2 A
PGl = (1- (hy[hy)) (hyhy) - 1 DPG1 = 0. (6.9)

This equation is satisfactory except that it is not strongly positive for large discontinuities,
in fact its magnitude is limited to 2.0. Equation (6.10) computes a function of (6.9) such
that its values range from O to .

A 2
p = Ot (hafhy) [
¢\ M+ (h,[h) O

() -1  OP, =0 (6.10)

(AaChy) - -1 Py =0

Since the normal vector is computed as part of evaluating the fairness functional, and the
fairness functional isintegrated using L obatto quadrature, we use the same quadrature rule
to integrate (6.10). In order to show that a polynomial of order nisidenticaly zero, it is
only necessary to show that it is equal to zero at n distinct locations. The roots of equation
(6.10) are identical to the roots of the determinant of tangent functions F', G' and H', a
polynomial of degree 14 in the biquintic-biquintic case. Thus if (6.10) is sampled at |east
15 times, we are guaranteed that if the result is zero then the function itself is also zero.
This latter G1 penalty function PGl is more efficient to compute, and it is independent of
parameterization.
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6.2.5.2 Curvature Continuity

The problem of constructing a G2 continuous network of polynomial patchesis extremely
difficult to solve exactly due to the second order analogue of the twist compatibility
problem (3.3.2.2). Our penalty based method avoids this problem by using methods

similar to the G! penalty function to push the optimization toward a G2 continuous
solution. We construct the penalty function from the geometric measures of curvature,

Ky, Ko, &, €. Pegnaand Wolter [155] show that, given a pair of patches that meet with Gl
continuity, patches need only have equal normal curvaturesin asingle transverse direction

in order to assure G2 conti nuity. From this observation we derive a penalty function
measuring the difference in normal curvature in the direction perpendicular to the

patch-patch  boundary. The norma curvature Kk in the direction t is
2 2 .
K, =K, (& ) +k,(& ), therefore, because & [1&,, the normal curvature in the
L a2 L a2 _ :
direction Ot is Ok, = K, (& ) +k, (& 1) . Referring to Ok on adjacent patches as

K

2 Kpy our G2 penalty function is PGZ = (K, - Kb)z. Note that this function has the

necessary property that the gradient is zero when kK, =k = 0. In order to determine the

number of samples required to accurately integrate this function, we could use a similar
argument based on the order of the polynomials involved in its evaluation. Since the
polynomial order is prohibitively high, we sample this function with the same density as

the G1 penalty and the MV S functional. We have found this to significantly improve the
quality of problematic surfaces. For example, the suitcase corner blend in Figure 1.1 has
large curvature discontinuities as shown in Figure 6.4L1. In Figure 6.4L] we seetheresults
of applying our penalty for curvature discontinuity; the resulting surface is nearly

curvature continuous; Fig. 6.4L] is a shaded rendering of the G2 surface,

6.2.5.3 Continuum Methods

The Gt (6.25.1) and G2 (6.2.5.2) pendty functions are combined with the MVS
functional to form the objective function:

2 2
dk dKn

[, * @,

dA + I PGlds + J’ Pszs (6.11)

Minimizing this objective function alone does not guarantee G2 or even Gt continuity.
This is because using a single quintic patch in each network opening may not provide
sufficient degrees of freedom to accurately represent the theoretical minimum variation
surface. Two solutions to this problem are possible. First, each patch of the network may
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[ [ [

Figure6.4. A Curvature Continuous Suitcase Cor ner
[J a shaded rendering of the G? surface. [1 and [ are displayed as functional offset
surfaces, with the offset proportional to Gaussian curvature (see section 6.4). [ illustrates
a G! suitcase corner with curvature discontinuities appearing as large gaps in the offset
surface. L illustratesa nearly G2 suitcase corner achieved using PG2 as a penalty function.

be subdivided into multiple patches adding flexible arcs to the MV N, and augmented with
the resulting additional degrees of freedom, the optimization may proceed. Second, we
may use continuum methods to achieve final continuity. A continuum method computes a
series of solutions to a problem by varying a parameter of the problem. In our case we
modify (6.11) to allow the influence of the MV S functional to be slowly phased out:

"

2 2
d dKn

K
de, dg,

dA+_[PcaldS+ I Pezds w - 0. (6.12)

Our approach iteratively minimizes (6.12) reducing w by a factor of two before each
iteration. Iteration continues until the desired continuity is achieved. Peters has shown that
quintic polynomial patches are sufficient for forming a G continuous surface out of a
network of polynomial patches. The degree requirements for patches forming a G2
continuous surface are as yet unknown. If, after reducing w to zero, we find that Gl
continuity has not been achieved, we may either, reapply the continuum method without
any penalty for G2 discontinuity, or subdivide the network of patches and reapply the
method retaining the penalty for G2 disconti nuity.
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6.2.6 G2 Vertices

The order of the derivatives in the surface functional indicate a requirement for G2
continuity. In addition to the G2 penalty function, we may construct the network of
patches to meet with G2 conti nuity at their shared vertices only, and we maintain this
continuity by construction during the minimization process. The construction used to
maintain G2 vertex continuity of the surface is a simple extension of the construction used
to maintain G2 compatibility of the MVC network (section 5.1). An additional step is
carried out after the principal directions and curvatures at the vertices of the network have
been established. This extra step of the construction requires that the twist vector of each
incident patch corner be compatible with the established curvature. The restriction on SN
is derived from the formulas for mean and Gaussian curvature:

2
Gaussian = KK, = €9 f2
EG-F
and
K, +K _
mean = % 2 _1gE-2fF+eG

2 2 EG-F?
where g, f, g, E, F, G are defined as in equations (6.3) and (6.4). The twist vector must be
adjusted to satisfy f = ESJV. This is accomplished by forcing the tip of S,V tolieinthe
plane perpendicular to i, offset by distance f from the vertex
Sw = 8w+ (f-ATB) A
f can be comEuted from the values of K, K, and from the first and second order
derivatives of Ju, v).

6.2.7 Symmetry—a time saving constraint

Many of the objects that we have designed using MV S possess some degree of symmetry.
For the purposes of our discussion we will examine a surface fit to atetrahedral frame. The
surface was constructed by first fitting four-sided prisms to the edges of a tetrahedron.
Then, using the topology of the prismatic frame, a smooth surface was computed that
interpolates the resulting 20 vertices with 24 patches (Fig. 6.6).

On first examination, this surface appears to be quite complex, but on closer inspection we
discover that there are actually only two distinct patches, the “inner” and “outer” patches
(Fig. 6.7). This is because this object has full tetrahedral symmetry. If the symmetry is
specified before the surface is calculated and enforced as an additional constraint, great
computational savings may be reaped. In this case we may compute the shape of the object
at a cost comparable to computing the shape of an object composed of only two patches.
This trandlates into a twelve-fold savings in computation. If we look closer, we find that
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original S

Figure 6.5. Construction of a G2 Vertex

even these two patches have mirror symmetries and further efficiency may be gained by
constraining these patches to be self-symmetric. In al, by specifying object symmetries as
an optimization constraint, we see a 24-fold decrease in the time to compute this complex
shape. Note that the arrangement of patches is an artifact of how the surface was
constructed and that it is also possible to use 24 copies of asingle patch.

To assess the benefit from imposing symmetry, we examine a simpler case. Here we
compute the MV S interpolating the vertices of a cube; the surface is composed of six
quintic tensor product patches, each with 48 degrees of freedom. For comparison we ran
four optimizations each with successively greater exploitation of symmetry. We ran cases
with no symmetry, 2, 6, and 24-fold symmetry corresponding to 288, 144, 48, and 12
degrees of freedom. Clearly we expect the case with the fewest degrees of freedom to
complete more quickly, but we also notice that the improvement per iteration of the
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Figure 6.6. The Construction of atetraThing

optimization is greater for those cases with fewer degrees of freedom. We see these results
in Figure 6.8. The increase is due to the fact that there are fewer patches to minimize, but

also that we have greatly reduced the dimensionality of the space in which the
optimization istaking place.
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Figure 6.7. Unique Patches Composing tetraT hing.

The tetraThing is composed multiple copies of these two patches. This particular
patch-wise breakdown of the model is an artifact of the construction used to create it.

We take advantage of symmetry in an indirect fashion. Rather then precisely defining the
symmetry relationship between a pair of patches, we define the transformation that maps
one patch (the master) onto another (the instance); during optimization the control points
of the instance are computed as transformed versions of the master’'s control points.
Rotational symmetry is specified by defining an axis of rotation and an angle of rotation
(Fig. 6.9). Mirror symmetry involves the specification of a plane through which the master
is reflected to produce the instance. It is also possible to specify arbitrary transformations
relating one patch to another. Currently we restrict intrapatch symmetries to a subset of the
possible symmetries (Fig. 6.10). Triangular patches may be defined with three-fold
rotational symmetry. Quadrilateral patches may have two and four-fold mirror (D4,D5) or
rotational symmetry (C,,Cy).

6.3 Initialization

The gradient descent scheme described in section 6.1 starts with an initial surface and
iteratively refines that surface until the surface functional reaches a (local) minimum and
an optimal surface is reached. In this section we discuss methods for finding a suitable
initial surface. In terms of the desired optimization, the goal isto find aninitial point in the
proper “valley” of the solution space such that the desired surface is found as the minimal
point in that valley. The optimization requires that initial values be provided for any
parameters not explicitly set. We use an MVN to initialize the control points on the
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Figure 6.8. Symmetry—Convergence vs. lterationsfime

(] Initially , the various levels of symmetry have similar convergence per iteration, but once
the gross shaping of the surface is complete, the #3ld symmetric optimization converges
more efficiently. [] The greater the symmetry the faster the convergence.

perimeter of each patch. We discuss three methods for the initialization of the patch’s

interior control points. Peters’ construction [161], approximate GL conti nuity, and zero
corner derivatives.
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v Y

Figure 6.9. Examples of Inter patch Symmetries
(I mirror symmetry (D,), [ 4-fold rotational symmetry (C,)

N

Figure 6.10. Examples of I ntrapatch Symmetries
[] two fold mirror symmetry (D;), L] four fold mirror symmetry (D)), 1 four fold
rotational symmetry (C,).

Peters construction finds an exact solution to the G! continuity problem, using a
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Figure6.11. The Contmol Points of a Bézier Patch.

The control points are grouped as the 20 perimeter contl points (@), the 12 adjacent
control points (‘,.), and the 4 central contol points (.). As an example of
initialization, P4< is computed by linearly interpolating the surface normal vectors at the
corners and the magnitudes of the cogsponding difference vectors.

sufficient construction and heuristics to set those degrees of freedom not assigned by the
construction. Experience has shown that starting with a G! continuous surface has no
particular advantage, in fact the heuristics used to compute such a surface often result in a
starting point further from the optimal surface.

To achieve approximate G conti nuity, we position the interior control points so that: 1) an
approximate boundary normal is interpolated and 2) the fourth order derivatives at the
patch corners are equal to zero. The first step initializes the twelve control points adjacent
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to the perimeter (., @ ). and the second step initializes the four points in the center of
the patch (.) (Fig. 6.11). The heuristic used to position the control points adjacent to the
perimeter linearly interpolates the norma vectors and the magnitudes of difference
vectors. Figure 6.11 and eg. (6.13) illustrate the approach, with the calculation of pi3:

Ngg X H'p + Nz X H'3

F Fp =
’ ’ Hﬁ03x H'p + figg |:|'3H
éﬁoo”’ 2ﬁ05

=, 2| =, 3=, "
HF3H = EHFOH +EHF5H Moz = 2 3. : (613)

P13 = f)o3+r:'3 'é'3 = HF'S

£ Moo + £ Mos

This approach fails when modeling highly curved surfaces; it produces an usable starting
shape. For example if the normal vectors differ by more than 180°, linearly interpolating
them will yield nonsensical results.

Finally, we may also position all the interior control points so that the twist vector, and
third and fourth order derivatives are zero at the corners of the patch:

SJV(U’ v) =0 éuuv(u’ v) =0

SJVV(LL v) =0 §Ljuvv(ui v) =0
uv=1{0,1}

We have found this final technique to be simple and robust for alarge variety of problems.
There are cases for which even this approach fails; for example the surface in Figure 6.26
had to be manualy initialized in order to start the optimization in the correct energy
valley.

6.4 Surface Analysis Methods

To assess the quality of curved surfaces and of different design techniques, it is necessary
to develop rendering and analysis methods that expose the subtler aspects of curved
surface character. Forrest [73] discusses a variety of techniques for increasing the
information content and the understandability of renderings of curved surfaces. He
discusses redlistic renderings, hedgehog surfaces, contouring, isoparametric lines,
pseudo-coloring by Gaussian and mean curvature, and various combinations of these
techniques. Klass [117] evaluates and fairs (modifies) curved surfaces with lines of
reflection i.e. the images of parallel lines reflected in a smoothly curved surface. Dill [51]
discusses the assessment of curved surfaces based on pseudo-coloring that represents
mean and Gaussian curvature. He presents various schemes designed to expose different
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aspects of surface character. To assess the results of his fairing scheme, Kjellander [116]
uses isoparametric lines, curvature profiles of surface sections, and renderings of lines of
principal curvature. Schweitzer [194] presents a technique based on synthetic textures
designed to enhance the understandability of curved surface renderings. He renders
patches with dots scattered across the surface in roughly even patterns. These renderings
are designed to take advantage of three aspects of texture that affect our perception of
shape: size, shape, and density. These correspond to three types of gradient. Size is a
function of depth. Shape is a function of normal to the surface. Density is a function of
both compression and convergence. Compression is due to perspective, and convergence
is due to slant. Hoschek [103] describes the use of polarity to expose inflectionsin curves,
and areas of zero Gaussian curvature in surfaces. The polar complement of a point relative
toacircleisaline perpendicular to the line connecting the point and circle center. Theline
is positioned at a distance inversely proportional to the distance between the point and
circle center. As a curve or surface is traversed, an envelope of lines or planes is formed:
the polar curve or polar surface. Both polar forms exhibit cusps corresponding to points of
inflection and zero Gaussian curvature. Poeschl [165] discusses surface analysis
techniques using isophotes, contours of | [h. He also illustrates how shadow outlines, or
terminators, can expose GL and G2 discontinuities; note that terminators are isophotes.
This may be seen in a cylinder topped with a cone and a hemisphere (Fig. 6.12). Beck et
a. [10] have compared analysis techniques including shaded renderings, contours of

Figure 6.12. Terminator s Exposing Discontinuities.

G and G2 surface discontinuities cause respectively G° and G discontinuities in isophotes
and terminators.
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intensity, curvature, etc., lines of principal curvature, geodesic paths, and curvature
pseudo-coloring. Munchmeyer [137] presents a case study of surface analysis techniques
concerning the display of contours of Gaussian curvature, mean curvature, maximum
principal curvature, principal directions, asymptotic directions, and level contours. The
primary problem with these methods is that while some give false negative indications,
others miss surface irregularities. In [170] Pottmann provides simple examples where
lines of reflection fail to expose discontinuities of curvature. He describes a new approach
that is designed to maximize the apparent curvature discontinuity at patch-patch
boundaries. His method relies on results from differential geometry; for any direction of
travel on a surface, there is a conjugate direction determined by the curvature of the
surface. As the curvature of the surface is varied the conjugate direction changes.
Pottmann finds the surface tangent direction at a point on the patch-patch boundary that
maximizes the angular difference between the conjugate directions corresponding to the
two abutting patches; a difference in conjugate direction will only result if the patches
have differing curvatures. The result is displayed as short vectors originating at the
patch-patch boundary and oriented in the derived conjugate directions. This approach
illustrates the maximum visual discontinuity a viewer could experience. However, this
approach fails to detect curvature discontinuities in some cases; this is because on a
parabolic surface one of a pair of conjugate directions is always in the direction of zero
curvature. For example, Pottmann’s approach fails to detect a discontinuity when half
cylinders of differing radii meet along their lines of zero curvature (Fig. 6.13).

G2 disconti nuity— ‘ i

Figure 6.13. Cross Section of Half Cylinders of Differing Radii

Pottman’s G2 discontinuity detection scheme fails to indicate a discontinuity for this joint
because, for any cross boundary tangent the conjugate direction is along the boundary.
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We have reviewed work on rendering techniques designed to aid in the evaluation of
surface quality. Here we describe an additional technique based on rendering the surface
resulting from afunctionally controlled normal offset from the origina surface:

S(u,v) = Yu, v) +f(u, V) (U, v) (6.14)

where f(u, v) is a scalar function such as mean or Gaussian curvature. Positions on the
surface é‘(u, V) are straightforward to compute using equation (6.14). The normal f. to
S(u, v) may be computed by finding the partial derivatives of S(u, v) with respect to u
and v and taking their cross product. Thisis straightforward since the partial derivatives of
A(u, v) were computed as part of the optimization process. Functional offset surfaces
provide an excellent means for analyzing and comparing the curvature characteristics of
surfaces (Fig. 6.15L1). Discontinuities of curvature appear as gaps in the surface, and the
distribution of curvature is conveyed by the smoothness of the offset surface.

Figures 6.14 and 6.15 illustrate some of the techniques we used in the analysis of our
results. We classify techniques involving surface position and orientation as first order,
and those techniques involving surface curvature are classified as second order. From
among the first order approaches we used primarily lines of reflection (Fig. 6.14L]) to
expose G! discontinuities, and environment mapping (Fig. 6.14L]) in the subjective
evaluation of surfaces. In combination with these techniques, real-time motion produces
many additional visual cues highlighting discontinuities and enhancing a sense of shape
quality. The second order approaches are specifically designed to help expose the
character of a surface’s curvature distribution. In Figure 6.15L1, a method analogous to
those used in the analysis of MVN and MV C space curves is shown. The method does not
carry over very effectively to surfaces, other techniques are more useful. In [ of the
figure, the shaded surface is overlaid with contours of constant Gaussian curvature. We
have experimented with contouring other quantities, such as mean curvature, and
minimum and maximum curvature, and found the contours of Gaussian curvature most
useful. Such contours make G? discontinuities obvious, there are breaks in the contours.
However, they do not provide a sense of the magnitude of curvature or of apparent
discontinuities. Figure 6.15[] is a rendering of the surface pseudo-colored based on
Gaussian curvature. Areas of positive curvature are pink to red, areas of negative
curvature are light to deep blue, and black regions have approximately zero Gaussian
curvature. This approach provides a sense of curvature sign and magnitude, but
discontinuities are difficult to identify. In Figure 6.150] the surface is pseudo-colored to
provide a stronger sense of curvature distribution coloring with hues that vary quickly
with curvature. [J combines the pseudo-coloring of [1 with the functional offset surface
shown in Figure 6.150].
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Figure 6.14. Surface Analysis—First Order
[1 Simple shaded endering with specular highlights. [1 Patch boundaries with
isoparametric lines indicating parameterization.[] A “hedgehog” surface; spines indicate
surface orientation and tangent discontinuities[] Surface contours.l] Lines of reflection;
GO reflection line discontinuity - G! surface discontinuity, Gt line discontinuity — G2
discontinuity. [1 Environment mapping, similar to lines of eflection, but provides for a
subjective evaluation of aesthetics.

148



Figure 6.15. Surface Analysis—Second Order

[] isoparametric normal curvature profiles. L] Contours of Gaussian curvatue, (K1K2) :
[1, I Gaussian curvatue pseudoeoloring. L] Pink - red=¢ - positive, It. blue - blue = -
€ negative, black= zero. L] The full range of hues is mapped to the full range of Gaussian
curvatures. [1 A functional offset surface. This surface is offset é&m the original in
proportion to Gaussian curvatue. The surface has expanded in aas of positive (elliptic)
curvature, and contracted in aeas of negative (hyperbolic) curvatue. [] A pseudoeolored
offset surface;[] and [] are combined to poduce this rendering of curvature distribution.

149



6.5 Examples & a Comparison of
Functionals

In order to evaluate the quality and usefulness of MVS, we examine a few interpolation
and design problems. The special rendering techniques described in 8ectiomused to
assist in the evaluation of the quality of these surfaces. First we examine the problem of
interpolating the corners of a cube. Next, we revisit the data sets from the University of
Washington, introduced during the evaluation of MVN. The remainder of the section is
devoted to the modeling of more complex shapes, and an assessment &écthef ef
flexible MVN on the quality of MVS.

6.5.1 Spheres

In Figure6.16 we use functional fsket surfaces and pseudoloring to compare the MVS
functional with four other functionals. I and[] only the G and @& penalty functions
were minimized when fitting a surface to the points of a dukiBustrates the result of
using a linearized approximation to strain energy; curvature distribution is improved.
Next, [1 true strain engy is minimized producing a surface with fairly uniform
curvature. Finallyin Fig.6.16.] an MVS surface fitted to the corners of a cube produces a
very close approximation to a sphere.

6.5.2 University of Washington Data Sets

In section5.4 we compared MVN with the networks produced by the techniques studied
by the Mann et al. 126. In this section we revisit these data sets continuing the
comparison with MVS. Both of the methods we make comparisons with use a
Clough-Tocher scheme (Fi®.22), placing three quartic triangular patches in each
network opening. W place a single quintic triangular patch per network opening in the
construction of an MVS. In all cases the MVS interpolants are clearly superior to those of
both ShirmarSéquin and DBHS, (Fig.176.21). In each figure, the surface computed
using each technique is displayed as a row of three renderings. The first image in each row
is a simple shaded rendering. The second rendering is pselmled according to
Gaussian curvature. The third surface in each row is a shaded rendering of the functional
offset surface, where fskt is proportional to Gaussian curvature. The MVS we show here
are limited by the very lge number of degrees of freedom in the more complex examples
(Table5.1). It is unrealistic to calculate MVS for such problems; in the cases wgtn lar
numbers of degrees of freedom (>500) it took several days to compute the solutions
shown.
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0.217259 Gaussian curvature 0.481758

Figure 6.16. Surfaces I nter polating The 8 Cornersof a Cube.
[J The MVN and MVS interpolating the cube. Pseudo-coloring combined with functional
offset surfaces illustrate the differences among the different objective functions. 0-ct
penalty alone, [1-G2 penalty alone. [J-linearized strain energy, []-strain energy, [J-MVS.

6.5.3 Three Handles

Figure 6.22 illustrates the application of MV S to a more complicated example. In [1 we
provide the MV N interpolated to create the G MvS. O illustrates the surface rendered
with lines of reflection. In Figure 6.22, strain energy [1,[] and the MV'S functional [1,[]
are compared. The differences are subtle, curvature varies more smoothly and is
distributed more evenly over the MV S surface.
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Data Set # of vertices # of curves # of patches # of degrees of freedom

Octahedron 6 12 8 144
Sphere6 14 36 24 432
Franke4 36 85 50 900

Torus 50 150 100 1800
Capsule 74 216 144 2592

Table 5.1. University of Washington Data Set Stats.

N.b. the surfaces computed the using the ShirmaBéquin and DBHS methods a made up
of quartic triangular patches, three quartic patches for every quintic patch used in an
MVS. Thus there are three times thenumber of patches used by these methods.

6.5.4 Flexible MVN

In Fig. 6.23 and Fig. 6.24 we examine the consequences of computing an MV S with a
flexible MV N framework. Also included here is the same basic surface with al but two
point constraints removed. The combination of these two points and symmetry constraints
produces a stable solution. Generally, we find that the added degrees of freedom of a
flexible network allow for substantial improvement in the curvature distribution of the
surface. In Fig. 6.2301,[1& [] we see the shaded renderings of the surfaces, the MV S with
flexible MVNL] appears rounder and more full. The MVS with the largest number of
degrees of freedoml] is the fairest. We have rendered these surfaces with lines of
reflection in Fig. 6.23[1-L1; the more “flexible” the MV'S the more regular the lines of
reflection. Lastly, in Fig. 6.24, we directly examine the distribution of curvature across the
surfaces

6.5.5 Minimum Topological Shapes

The MV S isanew class of surface. Like minimum energy surfaces and minimal surfaces
there are shapes that are characteristic of minimum variation surfaces. We have discussed
the cyclides as one class of surface readily formed by MV S under compatible constraints.
Here we consider, briefly, what shapes are formed in the absence of any constraints. For
surfaces of genus zero and one, the cyclide nearest and downhill from the starting point is
formed, but for surfaces of higher genus the answer isless clear. The problem arrises that,
without any constraints, surfaces of genus greater than one expand toward infinity. Thisis
because as the scale of an object isincreased, its MV'S functional is reduced in value; the
value of the MV S functional is not scale invariant (see (6.1) on p. 124). The genus zero
and one surfaces do not expand limitlessly because they are able to reach zero energy
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Figure 6.17.0ctahedron.

Both Shirman-Séquin and DBHS poduce surfaces with higher curvatue at the boundaries
of the original network.
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Figure 6.18. Sphee6
The irregular spacing of sample points on the sphercause ShirmanSéquin to generate a
surface with large curvature discontinuities.
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Figure 6.19. Franke4.
The quality of the MVSs computed for this and the remaining University of Washington
data sets were limited by the large number of degrees of freedom. Surface computations
wereterminated before completion.

without expanding. & have, as an experiment, computed surfaces of genus greater than
one with only enough constraints to prevent scaling. TéteaThing (Fig6.27) is an
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Figure 6.20. Torus.
Of the University of Washington data sets, the torus data set is the most technically
challenging. Both ShirmanSéquin and DBHS poduce surfaces with visible aases.
Despite the large number of degres of feedom, the MVS surface is smooth with smoothly
varying curvatur e.
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Figure 6.21. Capsule.
Because the MVS tends toward a G2 continuous surface, there is evidence of ringing where
the hemisphere and cylinder meet, a G2 discontinuity in the data set. Allowing the MVS to
contain a G2 discontinuity along the cylinder-hemisphere boundary would correct this
flaw. DBHS is not included because the method requires surface curvature information at
all points, thereisno consistent curvature information along the G2 discontinuity.
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Figure6.22. Three Handles.

The MVN used in the computation of the surfaces is shown in [1. [] is a rendering of the
MVS with lines of reflection, demonstrating G and ~G2 continuity. [J and [J show the
Gaussian pseudo-colored and Gaussian offset surface resulting from the surface computed
using strain energy as an objective function. L1 and U illustrate these same rendering styles
for the surface computed using curvature variation as an objective function. Curvature is
more evenly distributed acrossthe MVS.

example of one such surface; it was computed with only four positional constraints, one at
each vertex of the underlying tetrahedron. Once implemented, the SI-MV S will alow us
to explore this family of surfaces without imposing any constraints.
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Figure 6.23. Flexible Frame Comparison

[1-The MVS with fixed curve network. []-The MVS with flexible network. [1-The MVS
with only two positional constraints, to contol scale, plus symmetry constraints.]-[] The
surfaces ae rendered with lines of reflection. The surfaces with “moe flexibility” have
more regular reflection lines.

6.5.6 Expressive Power and Aesthetics

In this section we present additional MVS, exploring their expressive power and their
aesthetics.(Fig. 6.25). Our first example is a surface computed from just two positional
constraints. The surface is represented by a single biquintic patch. In the second example,
we computed a series of four patches tied in aknot. The knot is specified by five pairs of
points, positioned symmetrically along the knot. Next we examine the surface resulting
from a single constraint; position, surface tangent, and curvature are specified (Fig. 6.26).
This surface specification is ambiguous, the curvature specified is hyperbolic alowing any
torus or general cyclide to be formed reducing the MVS functional to zero. Since the
polynomia patch used to model this surface is not capable of analytically forming a
cyclide, the surface formed is the surface, from among the cyclides satisfying the
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Figure 6.24. Flexible Frame Comparison (cont.)
Pseudo-colored and functional offset renderings of the three surfaces. Curvature
concentrations appear on the interior of the legs of the MV S with fixed frame. Generally,
the MVS with flexible frame has more evenly distributed curvature. Likewise the MVS
with movable points has the most evenly distributed curvature.

constraints, best approximated by the single biquintic patch. In Fégefie the Bézier
control hull for the patch is shown to illustrate the placement of control points; it is
infeasible to interactively sculpt a surface of such quality by dragging control points with
a mouse or other pointing device.

As our last illustration in this section, thietraThing, described in sectiof.5.5, is
rendered with an environment map created from a photograph of a café, taken with a fish-
eye lens (Fig6.27). Wwo copies of the 180image were used to form the 360
environment. The reflections of the café are fluid and free of irregularities. This last
example, fitting a surface to a tetrahedral frame, further demonstrates the versatility
fairness and power of MVS to solvefditilt interpolation problems.
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Figure 6.25. MVS Sculptures.

[] top view of a surface defined by two point constraints, all other degrees of freedom were
used to optimize the surface. [1,[] an isometric and side view of the same surface. [1 a
ribbon tied in a knot, the surface is defined by five pairs of points.
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Figure 6.26. One Constraint — One Patch — One Surface
A surface specified by a single constraint set. The surface position, tangent plane, and
curvature are specified at a single pointL] The Bézier contol hull of the single biquintic
patch computed for the constraint set.[] isoparametric lines and the MVN framework
consisting of only two cicles.[ILines of reflection.[] A specular rendering.
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Figure 6.27. TetraThing.

6.6 Efficiency

In this section we discuss the cost of computing MVS, what part of the optimization
process dominates the expense, how to estimate relative computation times, and how
computation times might be reduced. It is logical to discuss computational expense in
terms of the number of times that the functional must be evaluated at a point on the
surface.
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Figure 6.28. Optimization Overview

First we examine the optimization procedure at a high level (Fig. 6.28). Each iteration of
the optimization begins by computing the current value of the objective function; each
patch in the quilt isintegrated, this requires 200 functional evaluations for every triangular
patch, and 400 evaluations for every tensor product patch. The computation of the penalty
functions is of negligible cost, since we compute all of the required quantities during the
integration phase.
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The computation of the current gradient completely dominates the computation time. For
each degree of freedom, the objective function of each affected patch must be recal cul ated
twice. Depending on the type of variable, the number of patches affected ranges from one
to several. If the degree of freedom is interior to a single patch then only that patch is
affected. If the DOF is part of a boundary curve definition, then two patches are affected.
In the costliest case, if the DOF is part of a vertex definition, then all patches incident to
the vertex must be taken into account. From this it should be apparent that it is possible to
compute an MV'S with fixed curve network much more quickly than a surface with only
point constraints. In the case of the flexible MVN, not only is the number of DOF
increased, but the cost of computing the associated partial derivativesis disproportionately
higher because the number of patches associated with each DOF is higher. The cost of
computing the conjugate direction and performing the line minimization is comparatively
low.

We now consider a concrete example, the computation of the MV S sphere in Figure 6.16.
Because of its symmetry, this problem has only twelve DOF, and each of these is limited
to the interior of apatch. In Figure 6.29 we display aplot of the number of iteration vs. the
log of the objective function, normalized by the same method as employed in Figure 4.23.
The optimization, including problem input, initialization, optimization, and result outpui,
took approximately 91 seconds to complete, a total of 510 tensor product patch
integrations were performed. Assuming no overhead whatsoever, each integration took
~0.18 seconds. Given the total number of iterations, we may aso compute what portion of
the 510 integrations were devoted to gradient computation. This optimization problem
took 17 iterations, ~5.3sec. per iteration. Each iteration required a partial derivative
computation for each of 12 DOF; each partial derivative requires two integrations. This
accounts for atotal of 408 integrations, roughly 80% of the computation. This percentage
is conservative, since as the number of DOF grows, the number of integrations required
for gradient computation increases much more quickly than the integrations required for
line minimization and objective function calculation. To understand why this is the case,
consider two optimization problems, one of which requires one more tensor product patch
than the other. In the larger problem, we gain at |east 48 degrees of freedom corresponding
to the 16 control points on the interior of the additional patch, These 48 additional DOF
require 96 integrations to the gradient computation, while the additional patch only
introduces one additional integration in the evaluation of the objective function and one
additional integration in the line minimization loop.

This particular optimization problem converges quickly. This is due to the fact that the
solution has zero “energy”. The computation of more general surfaces, such as the one
defined by two positional constraints (Fig. 6.25L1), converge more slowly (Fig. 6.30). In
this case the optimization has 29 degrees of freedom; these DOF are from the curvature at
the corners of the patch, the curves of the network, and the interior of the patch, all
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Figure 6.29. Sphere—# Iterationsvs. L og(functional)
Here we show the convergence of the optimization of the MVS sphere in Figure 6.16. The
optimization took approximately 91 seconds to complete. Taking advantage of symmetry,
the number of DOF wasreduced to 12.

reduced by symmetry. The optimization took about 30 minutes to complete, and used a
total of 8646 integrations distributed over 136 iterations. To compute the fraction of this
total that is devoted to derivative calculation, we multiply twice the number of DOF by the
number of iterations yielding atotal of 7888 integrations, or about 91% of the total.

From these examples, we see that improvement in the efficiency of the integration of the
functional will directly impact the efficiency of the algorithm. Counter-intuitively, we
have found that reducing the number of integration points actually slows the optimization
process. This is because the accuracy of the gradient computation suffers and the descent
scheme spends lots of time “wandering around”. In order to improve performance, work
needs to be aimed at restructuring the functional so that it may be integrated analytically.

166



log (x; — min{x} +1)

" 60 80 100
# of iterations

Figure 6.30. OnePatch—+#iterationsvs. L og(functional)

This plot illustrates the convergence of the optimization of the MVS sculpture in
Figure6.25. The optimization took approximately 30 minutes to complete. Taking
advantage of symmetry, the number of DOF was reduced to 29.

6.7 Summary

Constructing a quilt of G2 or just G continuous surface patches is known to be a difficult
task, and it is even harder to shape such a quilt into a satisfactory surface. The use of a
general optimization procedure with suitable penalty functions greatly simplifies both
tasks.

In this chapter we have described a conceptualy simple yet powerful technique for
surface modeling. Nonlinear optimization is used to minimize a fairness functional while
maintaining geometric and continuity constraints. The functional of choiceisthevariation
of curvature. This choice has the advantage that it leads to regular shapes commonly used
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in geometric modelingspheres, cylinders, and tori are formed in response to a compatible
set of constraintsThe minimization of our fairness functional also produces very fair
freeform surfacesThis allows the designer to specify technical and artistic shapes in a
very natural way for a given design problem.

Surfaces are represented by a patchwork of quintic polynomial Bézier patches. The use of
quintic patches makes the satisfaction of geometric constraints simple, direct, and exact.
The use of a quintic patch also tends to minimizentimber of patches needed to solve a
given problem. The use of Bézier patches eases numerical problems and simplifies
communication with other modeling systems.

The optimization techniques described here are computationally very expensive. They
have only become practical because of the wide availability of very fast workstations. As
computers increase in speed, these techniques will become even more attractive.

168



2
Conclusions

The computation of truly fair curves and surfaces has been difficult due to poor fairness
measures and lack of computational resources. In this thesis we have described new
fairness measures and computational techniques that produce curves and surfaces of very
clearly superior quality. Our fairness measures are based on minimizing the variation of
curvature. Curves and surfaces are computed using numerical optimization techniques that
were, until recently, too computationally intensive to be practical for general use. The
continuing increases in and wide availability of processing power are making these
techniques both practical and attractive.

Our work in this area is only a start. There are many problems that are too large to be
solved in a practical amount of time. Although the curve optimization techniques are fast
enough to support truly interactive design, surface computation is far too time consuming.
This slowness is ameliorated by the fact that, for most design problems, minimum
variation surfaces behave in a predictable manner and produce superior shapes. This
behavior reduces the number of iterations required in the design process.

There are several areas of research that need development. First, the functionals we have
described must be numerically integrated. We have seen that it is this integration step that
dominates the time to compute MV C and MV S. Research into good linear approximations
of the minimum variation functionals should dramatically reduce computation times.
Another aspect of our research is that we have defined a new class of curves (MVC &
SI-MVC) and surfaces (MVS & SI-MVYS) that warrant a more thorough investigation of
their properties. Minimum variation curves and surfaces are still largely unknown. We
only have experience with them relative to shape design. It will be interesting to explore
the properties of these curved forms and their scale independent relatives.

The increasing power of computers and their growing availability continues to expand the
number of problems and approaches that were once intractable and impractical that are
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now workable. In our work, the use of computationally intensive optimization techniques
has greatly simplified some of the basic problems of surface design and freed us to focus
on the actual problem of designing shapes.
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Appendix A
Test Curve Definitions and Results

In this appendix we provide the data used to produce the figures in Chapter 4. These data
are presented in the format read by the curve optimization program. We also provide the
coefficients of the quintic Hermite polynomials used to approximate the MEC and MVC
computed for these constraint sets. The coefficients are provided for those examples
appearing in Table 1 and selected others. Each quintic segment is defined by six rows of x
and y coefficients, z coefficients are included for space curves. The coefficientsin each set
of six are arranged as follows:

X y z
C(0) C,(0) CA0)
C'(0) C'y(0) C'(0)
C"(0) C",(0) C"0)
C"\(1) C"y(1) C' (1)
C'y(1) C'y(1) C'()
C(1) Cy(1) CA1)

Figure 4.2. The Wicket.

(G2Joint  a (-1,0,0)
(Fixed Tangent (0,1,0)))
(G2Joint b (1,0,0)

(Fixed Tangent (0,-1,0)))
(G2Curve test Open (ab))

185



MV C Wicket

X y
~1.000000000000000000) 0.000000000000000000
0.000000000000000000, 3.339604570886604200
11.152885331851587000, -1.397023282660818700
~11.152885239807613000, -1.397023345756839500
0.000000000000000000, ~3.330604546536601800
1.000000000000000000, 0.000000000000000000

MEC Wicket

X y
~1.000000000000000000), 0.000000000000000000
0.000000000000000000, 4.692084720170503200
-0.135640024937254740, 5.319109370220547600
0.135640025547803110, 5.319109370749801600
0.000000000000000000, -4.692084720375821600
1.000000000000000000, 0.000000000000000000

Figure 4.9. Multiple MV C Curves from One Specification.L]

(G2Jint a (-1.5,0,0) (Initial

(G2Joint b (-0.5,0.5,0))

(G2Joint  mid (0,2,0) (Initial
(Fixed Curvature (0,-10,0)))

(G2Jint ¢ (0.5,0.5,0))

(G2)int d (2.5,0,0) (Initial

(G2Curve test Open (ab,mid,c,d))

Tangent

Tangent

Tangent

(1,0.1,0)))

(-1,0,0))

(1,-0.1,0)))

Figure 4.9. Multiple MV C Curves from One Specification.[]

(G2Joint a (-1.5,0,0) (Initial

(G2Joint b (-0.5,0.5,0))

(G2Joint  mid (0,1,0) (Initial
(Fixed Curvature (0,-10,0)))

(G2Joint ¢ (0.5,0.5,0))

(G2Joint d (1.5,0,0) (Initial

(G2Curve test Open (ab,mid,c,d))

Figure 4.10. Blending the Corners of a Box.L

(Gldoint pt0 (2,1,0)
(Gldoint ptl (1,2,0)
(Gldoint pt2 (-1,2,0)
(Gldoint pt3 (-2,1,0)
(Gldoint pt4 (-2,-1,0)
(Gldoint pt5 (-1,-2,0)

(Fixed
(Fixed
(Fixed
(Fixed
(Fixed
(Fixed

Tangent
Tangent
Tangent
Tangent
Tangent
Tangent
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Tangent

Tangent

Tangent

(0,1,0))
('110!0)))
(-1,0,0))
(0-1,0))
(01-110)))
(1,0,0))

(1,0.1,0)))

(1,0,0))

(1,-0.1,0)))



(Gldoint pt6 (1,-2,0)0 (Fixed Tangent (1,0,0)))
(Gldoint pt7 (2,-1,00 (Fixed Tangent (0,1,0))
(G2Curve test Closed (ptO,ptl,pt2,pt3,ptd,pt5,pt6,pt7))

MVC G1 Box
X y

2.000000000000000000 1.000000000000000000
0.000000000000000000 1.572188061452545000
-2.471771120970351900 0.004606320531753661
0.004606320531753814 -2.471771120970369200
-1.572188061452548300 0.000000000000000000
1.000000000000000000 2.000000000000000000
1.000000000000000000 2.000000000000000000
-2.007564017841089400 0.000000000000000000
0.002091398719665465 0.000037352839841653
-0.002091398719668384 0.000037352839852335
-2.007564017841089400 0.000000000000000000
-1.000000000000000000 2.000000000000000000
~1.000000000000000000 2.000000000000000000
-1.572188061452545000 0.000000000000000000
-0.004606320531753661 -2.471771120970351900
2.471771120970369200 0.004606320531753814
0.000000000000000000 -1.572188061452548300
~2.000000000000000000 1.000000000000000000
~2.000000000000000000 17.000000000000000000
0.000000000000000000 -2.007564017841089400
-0.000037352839841653 0.002091398719665465
-0.000037352839852335 -0.002091398719668384
0.000000000000000000 -2.007564017841089400
~2.000000000000000000 -1.000000000000000000
~2.000000000000000000 ~1.000000000000000000
0.000000000000000000 -1.572188061452545000
2.471771120970351900 -0.004606320531753661
-0.004606320531753814 2.471771120970369200
1.572188061452548300 0.000000000000000000
-1.000000000000000000 -2.000000000000000000
-1.000000000000000000 -2.000000000000000000 |
2.007564017841089400 0.000000000000000000
-0.002091398719665465 -0.000037352839841653
0.002091398719668384 -0.000037352839852335
2.007564017841089400 0.000000000000000000
1.000000000000000000 -2.000000000000000000
1.000000000000000000 -2.000000000000000000 |
1.572188061452545000 0.000000000000000000
0.004606320531753661 2.471771120970351900
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X

y

-2 471771120970369200 -0.004606320531753814
0.000000000000000000 1.572188061452548300
2.000000000000000000 -1.000000000000000000

~2.000000000000000000 ~1.000000000000000000
0.000000000000000000 2.007564017841089400
0.000037352839841602 -0.002091398719665490
0.000037352839852229 0.002091398719668344
0.000000000000000000 2.007564017841089000
2.000000000000000000 1.000000000000000000

MEC G* Box

X y

2.000000000000000000 1.000000000000000000
0.000000000000000000 1.568487761472243400
-2.170881086348618100 0.170012542253929010
0.170012542253353100 -2.170881086347895100
-1.568487761472023800 0.000000000000000000
1.000000000000000000 2.000000000000000000
1.000000000000000000 2.000000000000000000 |
-0.165956461600846370 0.000000000000000000
-0.005231878959692125 0.000699498602219908
0.005231878959692118 0.000699498602220033
-0.165956461600842630 0.000000000000000000
-1.000000000000000000 2.000000000000000000
-1.000000000000000000 2.000000000000000000 |
-1.568487761472268500 0.000000000000000000
-0.170012542253951490 -2.170881086348706000
2.170881086347749500 0.170012542253325130
0.000000000000000000 -1.568487761471974800
~2.000000000000000000 1.000000000000000000
~2.000000000000000000 17.000000000000000000
0.000000000000000000 -0.165956461600846370
-0.000699498602219908 -0.005231878959692125
-0.000699498602220033 0.005231878959692118
0.000000000000000000 -0.165956461600842630
~2.000000000000000000 -1.000000000000000000
~2.000000000000000000 ~1.000000000000000000
0.000000000000000000 -1.568487761472268500
2.170881086348706000 -0.170012542253951490
-0.170012542253325130 2.170881086347749500
1.568487761471974800 0.000000000000000000
-1.000000000000000000 -2.000000000000000000
-1.000000000000000000 ~2.000000000000000000 |
0.165956461600846370 0.000000000000000000
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X

y

0.005231878959692125 -0.000699498602219908
-0.005231878959692118 -0.000699498602220033
0.165956461600842630 0.000000000000000000
1.000000000000000000 ~2.000000000000000000
1.000000000000000000 -2.000000000000000000 |
1.568487761472268500 0.000000000000000000
0.170012542253951490 2.170881086348706000
-2.170881086347749500 -0.170012542253325130
0.000000000000000000 1.568487761471974800
2.000000000000000000 -1.000000000000000000
2.000000000000000000 ~1.000000000000000000
0.000000000000000000 0.165956461600846510
0.000699498602219915 0.005231878959692129
0.000699498602220040 -0.005231878959692123
0.000000000000000000 0.165956461600842790
2.000000000000000000 1.000000000000000000

Figure 4.10. Blending the Corners of a Box.[]

(G2Joint  ptO (2,1,0)

(Fixed Tangent (0,1,0)) (Fixed Curvature
(G2Joint  ptl (1,2,0)

(Fixed Tangent (-1,0,0) (Fixed Curvature
(G2Joint  pt2 (-1,2,0)

(Fixed Tangent (-1,0,0)) (Fixed Curvature
(G2Joint  pt3 (-2,1,0

(Fixed Tangent (0,-1,0)) (Fixed Curvature
(G2Joint  pt4 (-2,-1,0)

(Fixed Tangent (0,-1,0)) (Fixed Curvature
(G2Joint  pt5 (-1,-2,0)

(Fixed Tangent (1,0,0) (Fixed Curvature
(G2Joint  pt6 (1,-2,0)

(Fixed Tangent (1,0,0) (Fixed Curvature
(G2Joint  pt7 (2,-1,0)

(Fixed Tangent (0,1,0)) (Fixed Curvature
(G2Curve test Closed  (ptO,ptl,pt2,pt3,pt4,pt5,pt6,pt7))
MV C G2 Box

X y
2.000000000000000000 1.000000000000000000
0.000000000000000000 1.818569178683748100
0.000000000000000000 -0.846045050683249090
-0.846045050683599360 0.000000000000000000
-1.818569178684742900 0.000000000000000000
1.000000000000000000 2.000000000000000000
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(0.,0,0))
(0,0,0))
(0,0,0))
(0.,0,0))
(0,0,0))
(0.,0,0))
(0,0,0))

(0,0,0))



X

y

1.000000000000000000 2.000000000000000000
-2.000000000000000400 0.000000000000000000
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
-2.000000000000000400 0.000000000000000000
-1.000000000000000000 2.000000000000000000
-1.000000000000000000 2.000000000000000000 |
-1.818569178683748100 0.000000000000000000
0.846045050683249090 0.000000000000000000
0.000000000000000000 -0.846045050683599360
0.000000000000000000 -1.818569178684742900
~2.000000000000000000 1.000000000000000000

~-2.000000000000000000 7.000000000000000000
0.000000000000000000 -2.000000000000000400
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
0.000000000000000000 -2.000000000000000400
~2.000000000000000000 -1.000000000000000000

~-2.000000000000000000 ~1.000000000000000000
0.000000000000000000 -1.818569178683748100
0.000000000000000000 0.846045050683249090
0.846045050683599360 0.000000000000000000
1.818569178684742900 0.000000000000000000
-1.000000000000000000 -2.000000000000000000
-1.000000000000000000 -2.000000000000000000 |
2.000000000000000400 0.000000000000000000
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
2.000000000000000400 0.000000000000000000
1.000000000000000000 -2.000000000000000000
1.000000000000000000 -2.000000000000000000 |
1.818569178683748100 0.000000000000000000
-0.846045050683249090 0.000000000000000000
0.000000000000000000 0.846045050683599360
0.000000000000000000 1.818569178684742900
2.000000000000000000 -1.000000000000000000

~2.000000000000000000 ~1.000000000000000000
0.000000000000000000 2.000000000000000400
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
0.000000000000000000 2.000000000000000400
2.000000000000000000 1.000000000000000000
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MEC G2 Box

X y
2.000000000000000000 7.000000000000000000
0.000000000000000000 0.481346323583097370
0.000000000000000000 8.949839802519163000
8.949839802248662900 0.000000000000000000
-0.481346323568559110 0.000000000000000000
1.000000000000000000 2.000000000000000000
1.000000000000000000 2.000000000000000000 |
-2.000000000000000400 0.000000000000000000
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
-2.000000000000000400 0.000000000000000000
-1.000000000000000000 2.000000000000000000
-1.000000000000000000 2.000000000000000000 |
-0.481346323583097370 0.000000000000000000
-8.949839802519163000 0.000000000000000000
0.000000000000000000 8.949839802248662900
0.000000000000000000 -0.481346323568559110
~2.000000000000000000 1.000000000000000000

~-2.000000000000000000 7.000000000000000000
0.000000000000000000 -2.000000000000000400
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
0.000000000000000000 -2.000000000000000400
~2.000000000000000000 -1.000000000000000000

~-2.000000000000000000 ~1.000000000000000000
0.000000000000000000 -0.481346323583097370
0.000000000000000000 -8.949839802519163000
-8.949839802248662900 0.000000000000000000
0.481346323568559110 0.000000000000000000
-1.000000000000000000 -2.000000000000000000
-1.000000000000000000 -2.000000000000000000 |
2.000000000000000400 0.000000000000000000
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
2.000000000000000400 0.000000000000000000
1.000000000000000000 -2.000000000000000000
1.000000000000000000 -2.000000000000000000 |
0.481346323583097370 0.000000000000000000
8.949839802519163000 0.000000000000000000
0.000000000000000000 -8.949839802248662900
0.000000000000000000 0.481346323568559110
2.000000000000000000 -1.000000000000000000
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X

y

2.000000000000000000 -1.000000000000000000
0.000000000000000000 2.000000000000000400
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
0.000000000000000000 2.000000000000000400
2.000000000000000000 1.000000000000000000

Figure4.11. MV C vs. MEC and Natural Splines.
(G2Joint a (0,0,0)

(G2lint b (1,1.9,0)
(G2lint ¢ (2,2.7,0)
(G2lint d (3,2.6,0)
(G2lint e (4,1.6,0)
(G2loint f (5,0.89,0))
(G2lint g (6,1.2,0)
(G2Curve test Open (ab,c,def,g)
MYV C Woodford

X y
0.000000000000000000 0.000000000000000000
0.895706961882983820 1.957602735457642000
0.138116531243261090 -0.007460993038492146
0.950336864105681740 -0.723238623568194680
1.226992709070398700 1.731998021036268700
1.000000000000000000 1.899999999999999900
1.000000000000000000 1.899999999999999900
0.736631406425843020 1.039813952219272600
0.341076876087715750 -0.262720381219853420
0.374159349449745160 -1.234293454103546400
1.276352407316269500 0.379079327591151930
2.000000000000000000 2.700000000000000200
2.000000000000000000 2.700000000000000200 |
0.987026269314594810 0.293148861036986170
0.223941997150225750 -0.738077511555863320
-0.313252904433228950 -0.640273750582883380
0.919995843472537820 -0.475735465574735170
3.000000000000000000 2.600000000000000100
3.000000000000000000 2.600000000000000100
1.257453686820322500 -0.650236975941283490
-0.583492801176973220 -1.197013778096099200
0.243047472123983250 0.246235997524879740
0.894274438387285820 -1.103115925695012500
4.000000000000000000 1.600000000000000100
24.000000000000000000 1.600000000000000100

192




X

y

0.788065060272710170 -0.972103284130933500
0.188594695290718790 0.191404747823292250
0.206132714814211420 1.296965844295417900
1.219064320176212600 -0.247386799026987620
5.000000000000000000 0.890000000000000010
~5.000000000000000000 0.890000000000000010
1.041194033679268700 -0.211291278806912870
0.143765661390689000 0.947443416051865330
-0.801532699461220850 1.085239013974033100
0.800568752284721020 0.859094412108452280
6.000000000000000000 1.200000000000000000
MEC Woodford
X y

0.000000000000000000 0.000000000000000000
0.850166319401722710 1.958481078380348600
0.001824248225836333 0.007791546189537588
0.733134601003124660 -0.616940467375432510
1.270507025303729800 1.726903101643841200
1.000000000000000000 1.899999999999999900
1.000000000000000000 1.899999999999999900
0.762887395443757170 1.036934533346533800
0.264851931674635330 -0.221732405115490060
0.371842025691673290 -1.267109569086311900
1.259917399656275800 0.376248155646289660
2.000000000000000000 2.700000000000000200
2.000000000000000000 2.700000000000000200 |
0.996692543012572480 0.297641520910178090
0.235271846591626870 -0.792194148853525460
-0.313579617589919590 -0.650848712213846550
0.910485272947530680 -0.46998094 7560508680
3.000000000000000000 2.600000000000000100
3.000000000000000000 2.600000000000000100
1.267105467144682200 -0.654063767753085950
-0.602519409932451340 -1.263034154317588900
0.115138824492793890 0.152815145156221770
0.858519716078747890 -1.094676325330322200
4.000000000000000000 1.600000000000000100
24.000000000000000000 1.600000000000000100
0.770000814965735910 -0.981808159838148400
0.091743352114028190 0.124044740659081190
0.241029377584454250 1.798817524749730000
1.264770554097381000 -0.135794155227056600
5.000000000000000000 0.890000000000000010
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X

y

5.000000000000000000 0.890000000000000010
1.062566848745276600 -0.114084224312618550
0.182788334493450530 1.268266975320603300
-0.002492900176544379 0.004387465129715400
0.905306984108416700 0.501211498512781570
6.000000000000000000 1.200000000000000000

Figure 4.13. Planar S-shaped Curves, MVC vs. SI-MVC
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(G2Joint a 1 Fixed (-2,0,0) (Fixed Tangent (-1,0,0))
(G2Joint b 2 Fixed (0,000 (Initia Tangent (1,-1,0))
(G2Joint c 3 Fixed (20,00 (Fixed Tangent (-1,0,0)))
(G2Curve test Open (ab,0))
MVC Planar S

X y
-2.000000000000000000 0.000000000000000000
0.000000000000000000 2.860963429830545700
10.598732289532171000 -1.761417091639582200
1.218185541957548900 -1.528097160495165200
1.987573949878479500 -2.493167901229647900
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
1.987560128941692600 -2.493150564558494600
-1.218206227525659500 1.528057683842199300
-10.598808209987586000 1.761394932761270800
0.000000000000000000 2.860970283458000200
2.000000000000000000 0.000000000000000000
SI-MVC Planar S
-2.000000000000000000 0.000000000000000000
0.000000000000000000 2.555486051505411600
9.418447741144513300 -1.262060633140546200
1.296403845320799300 -1.386947688280506300
2.220610538787489500 -2.373177371829916300
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
2.220388526532516900 -2.372940106244363400
-1.297995306784533800 1.385699702347881200
-9.418483725329133800 1.261973056289178200
0.000000000000000000 2.555582054915814800
2.000000000000000000 0.000000000000000000



Figure 4.14. A Curve from Antipodal Tangent Constraints

(G2Jint a 1 Fixed (-2,0,0) (Fixed
(G2lint b 2 Fixed (0,0,00 (Initia
(Glint ¢ 3 Fixed (20,00 (Fixed
(G2Curve test Open (ab,c))
SI-MV C from Antipodal Tangent Constraints

X y
-2.000000000000000000 0.000000000000000000
-5.656778106812373300 0.000000000000000000
10.348410909356211000 39.487317404691396000
-1.483451659599880300 3.414200869535436700
2.846789650620191300 -6.552005467716160300
0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000
2.846789931535775400 -6.552006114255128500
1.483407565897053800 -3.414149747511139800
-10.348447590104 763000 -39.48736276839746000
-5.656780185756640700 0.000000000000000000
2.000000000000000000 0.000000000000000000
Figure 4.15. An SI-MV C Figure-8.
(G2Joint a Initid (-2,0,00 (Initid Tangent (0,1,0)))
(G2Joint b Initial (0,000 (Initid Tangent (1,-1,0)))
(G2Joint ¢ Initid (2,000 (Initid Tangent (0,1,0)))
(G2Joint d Initial (0,000 (Initid Tangent (-1,-1,0)))
(G2Curve test Closed (ab,c,d))
SI-MVC Figure-8

X y
-2.059438815174891700 0.000000310515343706
0.000000026487255110 2.679774226217526600
10.054345895709034000 -1.528680488254063700
1.365515068654025400 -1.459323900376956500
2.263550943524616600 -2.419144944425363900
0.000003095254827856 -0.000002264150156569
0.00000309525482 7856 -0.000002264150156569 |
2.263544637954198800 -2.419138205416975200
-1.365372440630191000 1.459281810743707600
-10.054228280691872000 1.528595066277622600
-0.000010314671962915 2.679757749513795900
2.059439003643854300 0.000004584664002064
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Tangent
Tangent
Tangent

(-1,0,0)))
(1-1,0))
('110!0)))



X y
2.050439003643854300 0.000004584664002064
-0.000010314622031358 2.679744777266389400
~10.054119171968471000 -1.528589662848433000
~1.365505776314093600 -1.450313589897367700
-2.263561937541239500 -2.419161445125951100
-0.000003283723838783 -0.000002631029189197

-0.000003283723838783 -0.000002631029189197 |
-2.263556322734365800 -2.419155444351647000
1.365408607705594500 1.459326575204787500
10.054024148001007000 1.528505328424123500
0.000000026486831259 2.679731344308613500
-2.059438815174891700 0.000000310515343706

Figure 4.16. A simple space curve for comparing MV C with MEC.

(G2Jint a (-1,1,00 (Fixed Tangent (0,0,1)))
(G2loint b (00,1 (Fixed Tangent (1,0,0)))
(G2Joint ¢ (1,1,0)0 (Fixed Tangent (0,0,-1)))
(G2Curve test Open (ab,c))
MV C Space Curve

X y z
-1.000000000000000000 1.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000 1.078867484913692800
0.354420491775258860 -1.435904154680027700 -0.297943080553370930
0.673958122061576790 -0.010428915469809950 -0.666215116998288170
0.459185483511367950 -0.759850105427875900 0.461589706755405390
-0.801205879876136890 0.501364567946027910 0.799553000101731360
-0.801205879876136890 0.501364567946027910 | 0./99553000101731360 |
0.455478093420548400 -0.753715197307894380 0.457862905350963910
0.669909429724079410 -0.021497524066445631 -0.648674930045294640
0.312988277961696540 1.468429588826430700 -0.362450059663945610
1.091008392794767600 0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000 1.000000000000000000
0.000000000000000000 0.000000000000000000 1.000000000000000000
1.091008435233340000 0.000000000000000000 0.000000000000000000
-0.312988284304521470 1.468429703065802400 -0.362450087861461820
-0.669909515856446310 -0.021497380000049405 -0.648674715378938170
0.455478278305560980 0.753714766389898870 -0.457863271569038110
0.801205809480143420 0.501364690351200460 0.799552882559168450
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X

y

z

0.801205809480143420 0.501364690351200460 | 0.799552882559168450

0.459185522385636040 0.7598494268970090 -0.461589927666278820
-0.673957731845823190 -0.010428699492232388 | -0.666214518472055370
-0.354420321271875120 -1.435903044388a@400 -0.297942957604386100
0.000000000000000000 0.000000000000000000 | -1.078867121557249200

1.000000000000000000

1.000000000000000000

0.000000000000000000

MEC Space Curve

X y z
-1.000000000000000000 1.000000000000000000 | 0.000000000000000000
0.000000000000000000 0.000000000000000000 | 0.914949164956981640
0.097129959958679096 -1.095470031849944800 | 0.267541422448963510
0.767407666626231830 -0.079916432757612371 | -0.732462279400721730
0.473671514190957710 -0.779045432860106970 | 0.51093387869310200
-0.821502212764560920 0.519297949993124290 | 0.79715282295676520

-0.821502212764560920 | 0.519297949993124290 | 0.79715282295676520 |
0.472386037860052120 -0.776931215655485170 | 0.509547277668730390
0.763556864891897220 -0.07999163385507505 | -0.728158971755585080
-0.017147060641873518 1.417728906584188000 | -0.127845774636541370
1.042148273769049700 0.000000000000000000 | 0.000000000000000000
0.000000000000000000 0.000000000000000000 | 1.000000000000000000
0.000000000000000000 0.000000000000000000 | 1.000000000000000000
1.042148273769657700 0.000000000000000000 | 0.000000000000000000
0.017147060642242903 1.417728906585842300 | -0.127845774636690560
-0.763556864891930530 -0.07999163384028757 | -0.728158971756630470
0.472386037859937990 0.776931215655080390 | -0.509547277668360170
0.821502212764325670 0.519297949993u4070 0.797115282295383860

70.821502212764325670 | 0.519297949993¥070 | 0.79715282295383860 |
0.473671514191492340 0.779045432860768660 | -0.510933878695388870
-0.767407666628735500 -0.079916432756948250 | -0.732462279403384260
-0.097129959958063214 -1.095470031848894600 | 0.267541422448927150
0.000000000000000000 0.000000000000000000 | -0.914949164956570640

1.000000000000000000

1.000000000000000000

0.000000000000000000

Figure4.21. Jog Peters’ Helix — The MVC Curve

(G2Joint mg
(G2Joint mf
(G2Joint me
(G2Joint md
(G2Joint mc
(G2Joint mb
(G2Joint a
(G2Joint b
(G2Joint c

(0.0,

(0.0,

(6.28319,
(3.14159,

(3.14159,
(6.28319,
(3.14159,

(-3.14159,
(-6.28319,

0.0, 9.42478))
3.14159, 7.85398))
0.0, 6.28319))
-3.14159, 4.71239))
0.0, 3.14159))
3.14159, 1.5708))
0.0, 0.0))
-3.14159, -1.5708))
0.0, -3.14159))
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(G2Joint d  (-3.14159,
(G2Joint e (0.0,
(G2Joint  f (-3.14159,
(G2Joint g (-6.28319,
(G2Curve test Open

MV C Peter’s Helix

3.14159,  -4.71239))
0.0, -6.28319))
-3.14159, -7.85398))
0.0, -9.42478))

(mg,mf,me,md,mc,mb,a,b,c,d,ef,g))

X y z
6.283190000000000300 0.000000000000000000 9.424780000000000200
-0.198240501864768960 5.127592600184613900 -0.900498439689743630
-7.404660987479192400 -0.654288223753734300 -2.267244200646349100
-0.140132511716231200 -7.516237976810065100 | 0.299115663624224590
-4.820838993551762800 -0.003459456191450867 -1.785574826772078800
3.141589999999999900 3.141589999999999900 7.853980000000000000

3.141580999999999900 3.141580909999999000 | 7.853980000000000000 |
-4.851087569079537000 -0.003481162708103279 -1.796778497975442200
-0.185518691475120960 -7.610887154301886800 | 0.286724012404223410
7.855946991046825400 -0.089657324579906605 -0.027644305879624534
-0.037930411637132122 -4.986766677999626500 -1.417156959629212400
0.000000000000000000 0.000000000000000000 6.283190000000000300
0.000000000000000000 0.000000000000000000 6.283190000000000300 |
-0.038062279945965435 -5.004103597373588600 -1.422083826582449800
7.910474014794299800 -0.115480529804041570 -0.034997916477095381
-0.411394914821889610 7.710277951899867900 -0.067823414221496167
4.869476633292717500 0.085815221954173918 -1.742240617382419900
3.141589999999999900 -3.141589999999999900 | 4.712390000000000100

3.141580999999999900 -3.141580999999999900 | 4.712390000000000100 |
4.814429316149434300 0.084845118163894839 -1.722545344352614200
-0.380113356894011490 7.537328876903091100 -0.074181743874287415
-7.618766674143293100 0.819069738500618590 0.234502932609861210
0.253621279605101450 5.072492160672243100 -1.333164698668582100
6.283190000000000300 0.000000000000000000 3.141589999999999900

~6.283190000000000300 0.000000000000000000 3.141580999999999900 |
0.260683315091404470 5.213734723987268900 -1.370286411900781400
-8.047051228319658000 0.903492938509249170 0.237711021040665050
1.440934205972207200 -8.800287657189658200 -0.125059871504051120
-4.846279367174115100 -0.678215956157780410 -1.881345255957855200
3.141589999999999900 3.141589999999999900 1.570800000000000000

3.141580999999999900 3.141580999999999000 | 1.570800000000000000 |
-4.652827031292924100 -0.651143133687143050 -1.806246276557444700
1.299468628608854600 -8.115755520425958400 -0.126425724169441480
-0.005520690153294453 -0.011559048132690753 -0.003693813207739863
-1.955286538167493800 -4.093917713230832900 -1.308253685509470600
0.000000000000000000 0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000 0.000000000000000000
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X

y

z

-1.95528653816 7438900 ~4.093917713230822200 ~1.30825368550046 7300
0.005520690153339702 0.011559048132735238 0.003693813207774506
-1.299468628608771500 8.115755520425928200 0.126425724169473120
-4.652827031292915200 -0.651143133687150600 -1.806246276557443900
-3.141589999999999900 -3.141589999999999900 -1.570800000000000000
-3.141589999999999900 -3.141589999999999900 | -1.5/0800000000000000 |
-4.846279367174099100 -0.678215956157787400 -1.881345255957851800
-1.440934205972111500 8.800287657189599600 0.125059871504085620
8.047051228319849900 -0.903492938508873690 -0.237711021040795330
0.260683315091416850 5.213734723987325700 -1.370286411900804500
-6.283190000000000300 0.000000000000000000 -3.141589999999999900
-6.283190000000000300 0.000000000000000000 -3.1415899990990999900 |
0.253621279605114050 5.072492160672310600 -1.333164698668607700
7.618766674143470800 -0.819069738501116530 -0.234502932609762570
0.380113356893867600 -7.537328876903044000 0.074181743874357817
4.814429316149421800 0.084845118163913241 -1.722545344352605100
-3.141589999999999900 3.141589999999999900 -4.712390000000000100
T-3.141589999999999900 | 3.141589999999999900 | -4.712390000000000100 |
4.869476633292676700 0.085815221954192028 -1.742240617382400800
0.411394914821723970 -7.710277951899732900 0.067823414221572342
-7.910474014794523600 0.115480529803705240 0.034997916476944835
-0.038062279945982401 -5.004103597373649800 -1.422083826582474500
0.000000000000000000 0.000000000000000000 -6.283190000000000300
0.000000000000000000 0.000000000000000000 -6.283190000000000300
-0.037930411637148269 -4.986766677999588300 -1.417156959629208800
-7.855946991046735700 0.089657324579462072 0.027644305879443502
0.185518691475364090 7.610887154301903700 -0.286724012404107220
-4.851087569079542300 -0.003481162708118615 -1.796778497975445100
-3.141589999999999900 -3.141589999999999900 ~7.853980000000000000
-3.141589999999999900 -3.141589999999999900 | -7.853980000000000000 |
-4.820838993551763700 -0.003459456191466105 -1.785574826772080100
0.140132511716462100 7.516237976810067800 -0.299115663624112630
7.404660987479128500 0.654288223753565660 2.267244200646340700
-0.198240501864756030 5.127592600184594400 -0.900498439689733530
-6.283190000000000300 0.000000000000000000 -9.424780000000000200
MEC Peter’'s Helix
X y z
6.283190000000000300 0.000000000000000000 9.424730000000000200
-2.142965239510339300 4.020970800200585100 -1.312064723484967600
-0.215140634044518440 0.383258582772364240 -0.117137413288213140
-1.812106081661876800 -7.867670142582347200 0.316973145218641730
-4,503273658465318800 0.813561531701879840 -1.780651914983478500
3.141589999999999900 3.141589999999999900 7.853980000000000000
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X

y

z

3.141589999999999900 3.141589999999999900 7.853980000000000000
-4.798681291567134200 0.866929882082043800 -1.897459865704987000
-2.088162595492970600 -8.928226326126948100 | 0.347856525658778890
7.279794298335967400 1.115101854507194700 -0.418291699749942070
0.263423938997219280 -5.323546162802631300 -1.367503540802859500
0.000000000000000000 0.000000000000000000 6.283190000000000300
0.000000000000000000 0.000000000000000000 6.283190000000000300 |
0.255758938323335960 -5.168643821425973800 -1.327712489155490600
6.865503483548182300 0.986594959247617640 -0.410886712156491090
-0.007070736580352500 7.206526877641582700 0.003487890560489223
4.825839620230559600 0.000259694436204610 -1.731093005485156500
3.141589999999999900 -3.141589999999999900 | 4.712390000000000100

3.141580999999999900 -3.141580999999999900 | 4.712390000000000100 |
4.830667445462973200 0.000259954237493192 -1.732824810756202100
0.033688215022310258 7.220955268303451500 -0.011130983959190335
-6.799482809146049100 0.882088524096727560 0.428130848969397850
0.255972174237975860 5.145304589834865700 -1.322378914581311400
6.283190000000000300 0.000000000000000000 3.141589999999999900

~6.283190000000000300 0.000000000000000000 3.141580999999999900 |
0.262956002657292080 5.285686740853824600 -1.358458099642151400
-7.172244838370619200 0.997763227669373310 0.434621472247647520
1.857795968323474600 -9.287335707758302300 -0.486655599332728390
-4.883088638107976100 -0.881031929781648240 -1.930493251785411000
3.141589999999999900 3.141589999999999900 1.570800000000000000

3.141580999999999900 3.141580999999999000 | 1.570800000000000000 |
-4.571504427978734200 -0.824814306411612240 -1.807310721301907100
1.566894481023706400 -8.150995670518637900 -0.450796546722077200
-0.006869497376285692 -0.012872590403354202 -0.004201878221504241
-2.073789164863796500 -3.886024994251078300 -1.268478470915351600
0.000000000000000000 0.000000000000000000 0.000000000000000000
0.000000000000000000 0.000000000000000000 0.000000000000000000
-2.073789164863798300 -3.886024994251081400 -1.268478470915352500
0.006869497376243054 0.012872590403257687 0.004201878221473569
-1.566894481023829200 8.150995670518637900 0.450796546722038730
-4.571504427978743100 -0.824814306411609800 -1.807310721301911700
-3.141589999999999900 -3.141589999999999900 -1.570800000000000000

-3.141589099990990900 | -3.141589999999999900 -1.57/0800000000000000 |
-4.883088638107977900 -0.881031929781644240 -1.930493251785413000
-1.857795968323610900 9.287335707758270300 0.486655599332682040
7.172244838370545500 -0.997763227669457690 -0.434621472247623710
0.262956002657292910 5.285686740853798900 -1.358458099642145800
-6.283190000000000300 0.000000000000000000 -3.141589999999999900

-6.283190000000000300 0.000000000000000000 -3.141589999999999900 |
0.255972174237978190 5.145304589834871000 -1.322378914581314100
6.799482809146059700 -0.882088524096800390 -0.428130848969384800
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X

y

z

201

-0.033688215022069729 -7.220955268303578500 0.011130983959117735
4.830667445463007000 0.000259954237489609 -1.732824810756212800
-3.141589999999999900 3.141589999999999900 -4.712390000000000100
T-3.141589999999999900 | 3.141589999999999900 | -4.712390000000000100 |
4.825839620230588900 0.000259694436201030 -1.731093005485165600
0.007070736580596062 -7.206526877641695500 -0.003487890560562922
-6.865503483548194700 -0.986594959248261020 0.410886712156361360
0.255758938323330240 -5.168643821425987100 -1.327712489155492100
0.000000000000000000 0.000000000000000000 -6.283190000000000300
0.000000000000000000 0.000000000000000000 -6.283190000000000300 |
0.263423938997212780 -5.323546162802632200 -1.367503540802858000
-7.279794298335948700 -1.115101854507838400 0.418291699749811170
2.088162595492710800 8.928226326126822000 -0.347856525658837850
-4.79868129156 7096000 0.866929882082041360 -1.897459865704975500
-3.141589999999999900 -3.141589999999999900 -7.853980000000000000
T-3.141589999999999900 | -3.141589999999999900 | -7.853980000000000000 |
-4.503273658465287700 0.813561531701878500 -1.780651914983469600
1.812106081661653000 7.867670142582254800 -0.316973145218694070
0.215140634044485800 -0.383258582772301290 0.117137413288193300
-2.142965239510338000 4.020970800200581500 -1.312064723484964700
-6.283190000000000300 0.000000000000000000 -9.424780000000000200
Figure 4.22. Coving Design.
(G2Joint a (0.5,-12,0)

(Fixed Tangent (0,1,0)) (Fixed Curvature  (0.27,0,0)))
(G2Xoint b (20,-0.5,0)

(Fixed Tangent (2,0,00))
(G2Curve test Open (ab))
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Appendix B

Test Network and Surface Definitions

and
Results

In this appendix we provide the Bézier patch definitions computed for the interpolation
problems described i€hapters 5 and 6. Because of their voluminous nature, some
solutions have been omitted. In most cases, the network solutions correspond to the
perimeter of the patches provided. All solutions are provided in terms of Bézier control
points, either triangular or tensor product patches. In cases where a solution possesses
symmetry only one instance of each unique patch is provided.

Figure5.9. Octahedron.
Figure6.17. Octahedron.

Quintic Triangular Bézier Patch

X y z
C1.22464658780737186e-16 | Y1.4007502662241824€-32| 1.0
8.3969953450706316e-17 | 0.31433317757768608 1.0
3.0299919591783472e-17 | 0.62907565454315328 0.87649331684239362
-9.113645065713357e-18 0.87649331684239362 0.62907565454315362
-1.045831156693061e-16 1.0 0.31433317757768642
-1.7797581001999499e-16 | 1.0 2.7755575615628914e-16
0.3143331775776862 3.8494705338030874e-17 | 1.0
0.40028275364196442 0.40015801734831902 1.0000234314342797
0.42988520970532879 0.78523097313237966 0.785609662114711
0.40015801734831902 1.0000234314342797 0.40028275364196464

0.31433317757768597

1.0

0.6290756545431534

7.7039535385928788e-17

1.867140614570802e-16

0.87649331684239351

0.7856096621147165

0.42988520970532912

0.78523097313237955

0.78523097313237977

0.7856096621147143

0.4298852097053289
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Quintic Triangular Bézier Patch

X

y

z

0.62907565454315328

0.87649331684239429

0.87649331684239395

2.7704787508089549¢e-16

6.1474088550453253e-17

0.62907565454315295

1.0000000000000002

1.00002343143428 0.40028275364196486 0.4001580173483188
0.87649331684239351 0.62907565454315384 -5.1339999758081665e-18
1.0000000000000004 3.9446007822497554e-16 | 0.31433317757768575 |
1.0000000000000002 0.31433317757768658 -1.961927929748761e-16

4.5553156617628415e-16

-3.4450926371376849e-16

Figure5.14. TetraThing.

Figure6.23. Flexible Frame Comparidan

Quintic Tensor Product Bézier Patch

X y z

T-1.10894 "1.10894 "1.10894
-1.2153562480759041 -1.2153562480759041 -0.89610750384819204
-1.2784415348988749 -1.2784415348988749 -0.63922300438420709
-1.1948822417048364 -1.1948822417048364 -0.3680167802199949

-1.0602242672337785

-1.0602242672337785

-0.1987102024242D6

-0.90450600000000003

-0.90450600000000003

-0.13700699999999999

T-1.6222042306722075 -0.85230788466389629 -0.85230788466389629 |
-1.72862047874816 -0.95872413273980017 -0.63947538851208829
-1.7917057655710824 -1.0218094195627709 -0.38259088904810334
-1.474005551806469 -0.90754630205625131 -0.36638965723573425

-1.33934757733541

-0.77288832758519344

-0.19708307943995035

-1.1836293101016326

-0.61717006035141497

-1.8820802013215752

-0.13537987701573928

-0.34223710605948665

-0.34223710605948665

-1.9884964493974793

-0.44865335413539076

-0.12940460990767866

-2.05158173622045

-0.51173864095836152

0.12747988955630629

-1.7472461350271424

-0.61291030162707139

-0.33625840753141689

-1.612588160556085 -0.47825232715601351 -0.16695182973563305
-1.4568698933223063 -0.32253405992223505 -0.1052486273142201
T-1.8820768791582174 0.34224077434868216 0.34224077434868216
-1.988490128170572 0.12941427632397318 0.44865402336103655

-2.0515679371343851

-0.1274686224065269

0.51173183232484964

-1.7629381500309518

0.34258121220555737

0.62937148433947332

-1.6282690163028

0.17321239871570493

0.4947023506132195

-1.4725265645295451

0.11147765335898771

-1.6222019241586265

0.33895989883806676

0.8523090379206868

0.8523090379206868

-1.7286151731709807

0.63948253989597781

0.958722286933048

-1.7916929821347938

0.3825996416547773

1.0218000958968543

-1.4817754299560133

0.36969470557858852

0.916052610128977

-1.3471062962278619

0.20032589208873602

0.7813834772847461

-1.1913638444546069

0.1385914673201881

0.6256410255149103

-1.10894

1.10894

1.10894
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Quintic Tensor Product Bézier Patch

X

-1.2153532490123544

Yy

0.8961135019/529105

z

1.2153532490123544

-1.2784310579761675

0.63923060324479097

1.2784310579761675

-1.1949175855014067

0.36811055884656968

1.1949175855014067

-1.0602484517732551

0.19874174535671721

1.0602484517732551

-0.90450600000000003

0.13700699999999999

0.90450600000000003

-0.90450600000000003

-0.90450600000000003

-0.13700699999999999

-0.78414914723503104

-0.78414914723503104

-0.089315721505687867

-0.65094561409127816

-0.65094561409127816

-0.1058015961905867

-0.54828868502670169

-0.54828868502670169

-0.20872377675715009

-0.48988594493195969 -0.48988594493195969 -0.3200471013608061
-0.43327300000000002 -0.43327300000000002 -0.43327300000000002
-1.1836293101016326 -0.61717006035141497 -0.13537987701573928 |
-1.0632724573366636 -0.49681320758644598 -0.087688598521427158
-0.93006892419291076 -0.3636096744426931 -0.10417403663479796
-0.82385009976447887 -0.4105079776578131 -0.070943069388261559
-0.76544735966973687 -0.3521052375630711 -0.18226640276719208

-0.7088344147377772

-0.295492292631M143

-0.295492292631M143

[-1.4568698033223063 | -0.32253405992223505 | -0.1052486273142201 |
-1.3365130405573376 -0.20217720715726606 | -0.057557348817109888
-1.2033095074135844 -0.068973674013513175 | -0.074042786930480692
-1.1109323516153615 -0.28320844416137936 0.056356464108172299
-1.052529615206195 -0.22480570406663736 | -0.054966869270758223
-0.99591666658865974 | -0.16819275913467763 | -0.16819275913467763

-1.4725265645295451 0.11147765335898771 0.338959898838066/6 |
-1.35263638359968 0.06376758945395905 0.21812721669000545

-1.2198385855572318

0.080302590227123605

0.084471866161901055

-1.1121008178275857

-0.055874996282832157

0.28277902436530278

-1.0531981595211592

0.055413860931337489

0.22480739286188323

-0.99610035876928582

0.16860357996335873

-1.1913638444546069

0.16860357996335873

0.1385914673201881

0.6256410255149103

-1.0714736635247415 0.090881082826990145 0.50480834336342983
-0.93867586548229354 0.1074160836001547 0.37115299283532543
-0.82494640280325604 0.071228070155861412 0.4098820908039964

-0.76604374449682955 0.182516927370031 0.35191045930057685

-0.70894594374495612

0.29570664640205235

-0.90450600000000003

0.13700699999999999

0.29570664640205235

0.90450600000000003

-0.78461581907013467

0.089296936094971316

0.78367331785193883

-0.65181802102768671

0.1058319368681359

0.65001796732383432

-0.54927345905829983

0.20879442375380913

0.54744844440194407

-0.49037080075187356

0.32008328096797878

0.48947681289852452

-0.43327300000000002

0.43327300000000002

0.43327300000000002

Figure5.15. Cylinder Blending.
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Figure6.2. The Blend of Wo Pipes.

Quintic Tensor Product Bézier Patch

X y z
1 0 0.8125
1 0.3230000101622772 -0.92065681475376948
0.8695887417939aT 0.63513403301773375 -1.061406887955747
0.63513403301773275 0.8695887417939614 -1.201093120442534
0.3230000101622767 1 -1.3418431852462307
0 1 -1.45
1 0 -1.05
0.99315204069659258 0.314930952490658 -1.1498647804731514
0.87643801006704336 0.60486690672135979 -1.2929503264563043
0.6457486221953348 0.86993581355265137 -1.3557470346889169
0.3249879666610419 1.001273165838109 -1.518205956491066
0 1 -1.5600000000000001
1 0 ~1.2875000000000001
0.99248442446329088 0.31451531287606144 -1.3827058735744191
0.86891349638816007 0.62233751294202244 -1.5213569193950307
0.63364503902498848 0.87459293056197451 -1.4421063221212731
0.31667039034233846 1.0009322096917295 -1.6348772633979933
0 1 -1.6700000000000002
1 0 ~1.5249999999999999 |
0.9924105672092266 0.30740220918580152 -1.5356568575503167
0.87302641414183568 0.622892467771AB7 -1.5174121917859147
0.63277471612037584 0.8711763691504536 -1.7529099374090522
0.321724393667429 1.0006999088069031 -1.7546226736351254
0 1 -1.7799999999999998
1 0 -1.7625
0.99303767891626304 0.31341838809297273 -1.7610991369147821
0.8719687026149739 0.62553644220655125 -1.758481912921133
0.6296494463122444 0.87753400178645002 -1.8741935834980303
0.31185797203078258 1.00057111961942 -1.8686678246774151
0 1 -1.8899999999999999
1 0 2
1 0.31365282659954213 2
0.87702738045764694 0.62755898835409096 2
0.62755898835409007 0.87702738045764739 2
0.31365282659954169 1 2
0 1 2
0.43301270190000002 2 0.5
0.38064973256762019 2 -0.34069532332048252
0.30453330734992029 2 -0.4176952279421326
0.20946802481019455 2 -0.4725819441477586
0.10472593868803298 2 -05
0 2 05
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Quintic Tensor Product Bézier Patch

X y z
0.485582 7587950086 C 1.5420870620264815 | -0.15804500040770772 |
0.47404788453971286 1.514507886009604 -0.2129013745736447
0.41370966624127697 1.5371909088984252 -0.34456898232458383
0.28391033067634391 1.5396514086458901 -0.4338591137353994
0.15245224347016859 1.5727449556379975 -0.49585067168939484

0 1.6401875864270259 -05
0.52575824293905127 1.0900805809528458 -0.034087793098807218
0.43104868005888131 1.2831060858568055 -0.2741275245319435

0.37064483387039332

1.198030383915611

-0.34472837036197063

0.3787947532065476

1.408042801308099

-0.38985089026796088

0.23653891713306194

1.1233892301577799

-0.52555456204036322

0

1.283625966079063

-0.5

0.83180233740289444 0.85330737815971869 -0.2656703280564926 |
0.8221681187420102 0.838388614831.894 -0.49597245622842195
0.6180977155219295 1.0985439631872196 -0.58243515723542705
0.52232068323247427 0.83000356590190216 -0.59012733148693663
0.3054397869501615 1.2208968555305644 -0.94803480279284758
0 1 -0.82068253079323017
1 0.36682165977172676 -0.47484020886857914
0.89413609496918123 0.49528954384792062 -0.47803031213233499
0.82909953361968747 0.6982196352065424 -0.6484352698167643
0.58909191615379219 0.82762821373160866 -1.0518396791452973
0.45026130445998092 0.95771058521539254 -0.83419126020653944
0 1 -1.1343191321345052
1 0 -0.8125
1 0.3230000101622772 -0.92065681475376948
0.8695887417939aT 0.63513403301773375 -1.061406887955747
0.63513403301773275 0.8695887417939614 -1.201093120442534
0.3230000101622767 1 -1.3418431852462307
0 1 -1.45
i 0 0.8125
1 0.36682165977172676 0.47484020886857914
0.83180233740289444 0.85330737815971869 0.2656703280564926
0.52575824293905127 1.0900805809528458 0.034087793098807218

0.4855827587959986 1.5429870629264815 0.15894599049770772
0.43301270190000002 2 0.25

1 0 0.48750000000000004 |
0.96253290128242419 0.31994132592106367 0.12700280251329771
0.88792135129784067 0.92312364807749% 0.11556936022894462

0.52832000597974027

1.02433261017982

0.027738102103180458

0.49525226248946203 1.5397124494253354 0.10677723746199662
0.48537567121674913 2 0.15930467670659065
1 0 0.16250000000000009
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Quintic Tensor Product Bézier Patch

X

0.98321853978383833

Yy

0.25355009988457028

z

0.12871952601076664

0.88661332628517886 0.91736237553117239 -0.0031605897227102225
0.5178701665361245 1.0762601595352079 0.005281993272599365
0.504452740491 766 1.5066455812750585 0.04197073741966406
0.5140013320962D 2 0.054885966546680098

1 0 -0.16250000000000009
0.98321853978383833 0.25355009988457028 -0.12871952601076664
0.88661332628517886 0.91736237553117239 0.0031605897227102225

0.5178701665361245

1.0762601595352079

-0.005281993272599365

0.504452740491 766

1.5066455812750585

-0.04197073741966406

0.5140013320962D

2

-0.054885966546680098

1 0 -0.48750000000000004
0.96253290128242419 0.31994132592106367 -0.12700280251329771
0.88792135129784067 0.92312364807749% -0.11556936022894462

0.52832000597974027

1.02433261017982

-0.027738102103180458

0.49525226248946203 1.5397124494253354 -0.10677723746199662
0.48537567121674913 2 -0.15930467670659065
1 0 -0.8125

1 0.36682165977172676 -0.47484020886857914
0.83180233740289444 0.85330737815971869 -0.2656703280564926

0.52575824293905127

1.0900805809528458

-0.034087793098807218

0.4855827587959986 1.5429870629264815 -0.15894599049770772
0.43301270190000002 2 -0.25
0.43301270190000002 3 0.25
0.38064973256762019 3 -0.34069532332048252
0.30453330734992029 3 -0.4176952279421326
0.20946802481019455 3 -0.4725819441477586
0.10472593868803298 3 05
0 3 -05

0.43301270190000002 2.7999999999999998 -0.25
0.38064973256762019 2.7999999999999998 -0.34069532332048258
0.30453330734992029 2.7999999999999998 -0.41769522794213265
0.20946802481019455 2.7999999999999998 -0.4725819441477586
0.10472593868803298 2.7999999999999998 05
0 2.7999999999999998 -05

0.43301270190000002 2.5999999999999996 -0.25
0.38064973256762019 2.5999999999999996 -0.34069532332048258
0.30453330734992029 2.5999999999999996 -0.41769522794213265
0.20946802481019455 2.5999999999999996 -0.4725819441477586
0.10472593868803298 2.5999999999999996 05
0 2.5999999999999996 -05

0.43301270190000002 2.4000000000000004 -0.25
0.38064973256762019 2.4000000000000004 -0.34069532332048258
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Quintic Tensor Product Bézier Patch

X

0.30453330734992029

y

2.4000000000000004

z

-0.41769522794213265

0.20946802481019455 2.4000000000000004 -0.4725819441477586
0.10472593868803298 2.4000000000000004 -0.5
0 2.4000000000000004 -0.5
0.43301270190000002 | 2.2000000000000002 -0.25
0.38064973256762019 2.2000000000000002 -0.34069532332048258
0.30453330734992029 2.2000000000000002 -0.41769522794213265
0.20946802481019455 2.2000000000000002 -0.4725819441477586
0.10472593868803298 2.2000000000000002 -0.5
0 2.2000000000000002 -0.5
0.43301270190000002 2 -0.25
0.38064973256762019 2 -0.34069532332048252
0.30453330734992029 2 -0.4176952279421326
0.20946802481019455 2 -0.4725819441477586
0.10472593868803298 2 -0.5
0 2 -0.5
0.43301270100000002 | 3 0.25
0.48537567121674863 3 0.1593046767065916
0.5140013320962B5 3 0.054885966546682319
0.5140013320962B5 3 -0.054885966546682319
0.48537567121674863 3 -0.1593046767065916
0.43301270190000002 3 -0.25
0.43301270190000002 | 2.7999999999999998 0.25
0.48537567121674857 2.7999999999999998 0.1593046767065916
0.5140013320962B5 2.7999999999999998 0.054885966546682319

0.5140013320962B5

2.7999999999999998

-0.054885966546682319

0.48537567121674857 2.7999999999999998 -0.1593046767065916
0.43301270190000002 2.7999999999999998 -0.25
0.43301270190000002 | 2.5999999999999996 | 0.25
0.48537567121674857 2.5999999999999996 0.1593046767065916
0.5140013320962B5 2.5999999999999996 0.054885966546682319

0.5140013320962B5

2.5999999999999996

-0.054885966546682319

0.48537567121674857 2.5999999999999996 -0.1593046767065916
0.43301270190000002 2.5999999999999996 -0.25

0.43301270190000002 2.4000000000000004 0.25
0.48537567121674857 2.4000000000000004 0.1593046767065916
0.5140013320962B5 2.4000000000000004 0.054885966546682319
0.5140013320962B5 2.4000000000000004 -0.054885966546682319
0.48537567121674857 2.4000000000000004 -0.1593046767065916
0.43301270190000002 2.4000000000000004 -0.25

0.43301270190000002 | 2.2000000000000002 0.25
0.48537567121674857 2.2000000000000002 0.1593046767065916
0.5140013320962B5 2.2000000000000002 0.054885966546682319
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Quintic Tensor Product Bézier Patch

X
0.5140013320962B5

Yy

2.2000000000000002

z

-0.054885966546682319

0.48537567121674857 2.2000000000000002 -0.1593046767065916
0.43301270190000002 2.2000000000000002 -0.25
0.43301270190000002 2 0.25
0.48537567121674913 0.15930467670659065
0.5140013320962D 0.054885966546680098

0.5140013320962D

-0.054885966546680098

0.48537567121674913

-0.15930467670659065

0.43301270190000002

NN NINN

-0.25

Figure6.22. Three Handles.

Quintic Tensor Product Bézier Patch

X y z
-0.82808899990009998 T 0.87407400000000002 | 0.72850000000000005 |
-1.0248362747225066 0.59588014737159567 0.84154394046907943
-1.147151972523397 0.24846263258590828 0.91212326805864319
-1.147151972523397 -0.24846263258590828 0.91212326805864319
-1.0248362747225066 -0.59588014737159567 0.84154394046907943
-0.82898899999999998 -0.87407400000000002 0.72850099999999995
-0.784399403696 /5654 0.8751220316249732 0.8040485051282577
-0.98412956874094693 0.58982712297719819 0.92328900576506467
-1.1124001565732935 0.24132242892335026 0.96682734564590078
-1.1124001565732935 -0.24132242892335026 0.96682734564590078
-0.98412956874094693 -0.58982712297719819 0.92328900576506467
-0.78439940369675654 -0.8751220316249732 0.8040485051282577
-0.71009844903014496 0.8491074540062552 0.86241095715047289 |
-0.94206539040767157 0.51954082220551079 1.010243944797379
-1.0453524456041947 0.20631744805243166 0.99747071427491396
-1.0453524456041947 -0.20631744805243166 0.99747071427491396
-0.94206539040767157 -0.51954082220551079 1.010243944797379
-0.71009844903014496 -0.8491074540062552 0.86241095715047289

7-0.6237607 726562242 0.79892324802041093 0.86532102077979833
-0.78491326005310158 0.5309706857243226 1.0186160171390848
-1.013315560299064 0.35480479529413028 1.0334836889961569
-1.013315560299064 -0.35480479529413028 1.0334836889961569

-0.78491326005310158

-0.5309706857243226

1.0186160171390848

-0.6237607726562242 -0.79892324802041093 0.86532102077979833

-0.54805958296574353 | 0.7/5481067407012226 0.85354858622139129 |
-0.72061006589040399 0.47787832549604131 1.0120032295431083
-0.93875088256837824 0.26958391589859049 1.0364031363879886
-0.93875088256837824 -0.26958391589859049 1.0364031363879886
-0.72061006589040399 -0.47787832549604131 1.0120032295431083

-0.54805958296574353

-0.75481067407012226

0.85354858622139129
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Quintic Tensor Product Bézier Patch

X

-0.48748999999999998

Yy

0.70703300000000002

z

0.82003599999999999

-0.65238823828880477 0.48121819289309581 0.98204674248845059
-0.88617667019940838 0.22457817273761993 1.0317401847481a1
-0.88617667019940838 -0.22457817273761993 1.0317401847481a1
-0.65238823828880477 -0.48121819289309581 0.98204674248845059
-0.48748999999999998 -0.70703300000000002 0.82003599999999999
-0.48748999999999998 0.70703300000000002 0.82003599999999999
-0.65238823828880477 0.48121819289309581 0.98204674248845059
-0.88617667019940838 0.22457817273761993 1.0317401847481a1
-0.88617667019940838 -0.22457817273761993 1.0317401847481a1
-0.65238823828880477 -0.48121819289309581 0.98204674248845059
-0.48748999999999998 -0.70703300000000002 0.82003599999999999

[-0.42334546634277442 | 0.65643538198126272 | 0./8454542685151896 |
-0.43507242882581248 0.37439826400455162 0.87149605669765262
-0.739677165849394 0.25281643518706992 1.0256208616674181

-0.739677165849394

-0.25281643518706992

1.0256208616674181

-0.43507242882581248 -0.37439826400455162 0.87149605669765262
-0.42334546634277442 -0.65643538198126272 0.78454542685151896
-0.37592056561046672 0.60152934906394429 0.7245338497682785

-0.42108632576512445 0.41640022167296353 0.68771634478490085
-0.60604792336885882 0.13631799314567752 0.96577909655868988
-0.60604792336885882 -0.13631799314567752 0.96577909655868988

-0.42108632576512445 -0.41640022167296353 0.68771634478490085
-0.37592056561046672 -0.60152934906394429 0.7245338497682785

-0.33856102588822479 | 0.5598081697008948 0.64408457548273912 |
-0.4342019351483728 0.46096933021991576 0.68351591386305988
-0.52939644330327928 0.31412901271413557 0.8545806986023623
-0.52939644330327928 -0.31412901271413557 0.8545806986023623
-0.4342019351483728 -0.46096933021991576 0.68351591386305988
-0.33856102588822479 -0.5598081697008948 0.64408457548273912
-0.3530101948879278 0.5380007482708aD 0.55203580538710597
-0.4545897301996491 0.33566759554870856 0.66485749559622076
-0.47099102867013415 0.073394476153425509 0.67684855482367434
-0.47099102867013415 -0.073394476153425509 0.67684855482367434
-0.4545897301996491 -0.33566759554870856 0.66485749559622076
-0.3530191948879278 -0.538900748270889 0.55293589538710597
-0.395955 0.54000199999999998 0.47853699999999999 |
-0.50472582210347716 0.35742207834452805 0.54131478644963038
-0.54631635455091598 0.12114405450251586 0.564528465525865
-0.54631635455091598 -0.12114405450251586 0.564528465525865
-0.50472582210347716 -0.35742207834452805 0.54131478644963038
-0.395955 -0.54000199999999998 0.47853699999999999
0 1.2706 0.25000899999999998

213




