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T heorem.
To ensure with probability at least 1 — § that
SLr elgeritnm EEyrns s pellcy o SUch Taet

E[%;Ra(smw] > E[%;R;(saw] -

it suffices that

we run for j—;"« iterations,

we have m > 3—3 log 2 demonstrations.
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Learned Policy in Testing World

Driving uamulator

Auto-pllot ]
[ Manual
OffRoad| Lef|  Midde| Right| OffRoad|
alpha; 0.01 accel: 0.00
ofaq 0] 1] 200
Center ]
Cuuit |

R B2




/ 0 12253
+ -

$ $

In each video, the left sub-panel shows a
demonstration of a different driving
“style”, and the right sub-panel shows
the behavior learned from watching the
demonstration.







example path




3

A (1228464



A (1228464:3

I#



/

I("#: 2;3



’ E/zp o v ‘j“' ‘ “’-
‘Ag‘ iﬁ%ﬁﬁ —

Hﬂg ﬂ
{ aﬂ?gﬁ ]

el w’unmﬁ!"'ﬂ‘ TR

ey 0
it

e















A (12264:44



7 A (12264:4<



7 A (12264:4<






#)

%

[+ -

(9

($ - (122<3



B!l
B!
216
T11

[+ -

(9

(3 -
(122<3



[+- (9 ($- (122<3



[+- (9 ($- (122<3



I &

/

(

(9

-(122<3



((

I &

I ( (9

-(122<3



#)

1T

/@

(

10 (122:3



@ ( 10(122;3









2 %# A (1226

# = )N>
#o- - )

A )



#HP |

%

#HP

#HP

#S( "

(
>S(E*

#$)!'!



