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einen Linienzug ohne Wiederholung und ohne Unter-
brechung zu umfahren. Mathematische Annalen, 6,
30–32.

Hilbert, M. and Lopez, P. (2011). The world’s techno-
logical capacity to store, communicate, and compute
information. Science, 332, 60–65.

Hilgard, E. R. and Bower, G. H. (1975). Theories of
Learning (4th edition). Prentice-Hall.

Hind, M., Mehta, S., Mojsilovic, A., Nair, R., Ra-
mamurthy, K. N., Olteanu, A., and Varshney, K. R.
(2018). Increasing trust in AI services through sup-
plier’s declarations of conformity. arXiv:1808.07261.

Hintikka, J. (1962). Knowledge and Belief. Cornell
University Press.

Hinton, G. E. and Anderson, J. A. (1981). Parallel
Models of Associative Memory. Lawrence Erlbaum.

Hinton, G. E. and Nowlan, S. J. (1987). How learning
can guide evolution. Complex Systems, 1, 495–502.

Hinton, G. E. and Sejnowski, T. (1983). Optimal per-
ceptual inference. In CVPR-83.

Hinton, G. E. and Sejnowski, T. (1986). Learning
and relearning in Boltzmann machines. In Rumelhart,
D. E. and McClelland, J. L. (Eds.), Parallel Distributed
Processing. MIT Press.

Hinton, G. E. (1987). Learning translation invariant
recognition in a massively parallel network. In Goos,
G. and Hartmanis, J. (Eds.), PARLE: Parallel Architec-
tures and Languages Europe. Springer-Verlag.



1048 Bibliography

Hinton, G. E., Deng, L., Yu, D., Dahl, G., Mohamed,
A. R., Jaitly, N., Senior, A., Vanhoucke, V., Nguyen,
P., Sainath, T., and Kingsbury, B. (2012). Deep neural
networks for acoustic modeling in speech recognition.
Signal Processing Magazine, 29, 82 – 97.

Hinton, G. E., Osindero, S., and Teh, Y. W. (2006).
A fast learning algorithm for deep belief nets. Neural
Computation, 18, 1527–1554.

Hirth, M., Hoßfeld, T., and Tran-Gia, P. (2013). An-
alyzing costs and accuracy of validation mechanisms
for crowdsourcing platforms. Mathematical and Com-
puter Modelling, 57, 2918–2932.

Ho, M. K., Littman, M. L., MacGlashan, J., Cushman,
F., and Austerweil, J. L. (2017). Showing versus doing:
Teaching by demonstration. In NeurIPS 29.

Ho, T. K. (1995). Random decision forests. In Proc.
3rd Int’l Conf. on Document Analysis and Recognition.

Hobbs, J. R. (1990). Literature and Cognition. CSLI
Press.

Hobbs, J. R. and Moore, R. C. (Eds.). (1985). Formal
Theories of the Commonsense World. Ablex.

Hochreiter, S. (1991). Untersuchungen zu dynamis-
chen neuronalen Netzen. Diploma thesis, Technische
Universität München.

Hochreiter, S. and Schmidhuber, J. (1997). Long
short-term memory. Neural Computation, 9, 1735–
1780.

Hoffman, M., Bach, F. R., and Blei, D. M. (2011). On-
line learning for latent Dirichlet allocation. In NeurIPS
23.

Hoffmann, J. (2001). FF: The fast-forward planning
system. AIMag, 22, 57–62.

Hoffmann, J. and Brafman, R. I. (2006). Confor-
mant planning via heuristic forward search: A new ap-
proach. AIJ, 170, 507–541.

Hoffmann, J. and Brafman, R. I. (2005). Contingent
planning via heuristic forward search with implicit be-
lief states. In ICAPS-05.

Hoffmann, J. (2005). Where “ignoring delete lists”
works: Local search topology in planning benchmarks.
JAIR, 24, 685–758.

Hoffmann, J. and Nebel, B. (2001). The FF planning
system: Fast plan generation through heuristic search.
JAIR, 14, 253–302.

Hoffmann, J., Sabharwal, A., and Domshlak, C.
(2006). Friends or foes? An AI planning perspective
on abstraction and search. In ICAPS-06.

Hofleitner, A., Herring, R., Abbeel, P., and Bayen,
A. M. (2012). Learning the dynamics of arterial traffic
from probe data using a dynamic Bayesian network.
IEEE Transactions on Intelligent Transportation Sys-
tems, 13, 1679–1693.

Hogan, N. (1985). Impedance control: An approach to
manipulation. Parts I, II, and III. J. Dynamic Systems,
Measurement, and Control, 107, 1–24.

Hoiem, D., Efros, A., and Hebert, M. (2007). Recover-
ing surface layout from an image. IJCV, 75, 151–172.

Holland, J. H. (1975). Adaption in Natural and Artifi-
cial Systems. University of Michigan Press.

Holland, J. H. (1995). Hidden Order: How Adapta-
tion Builds Complexity. Addison-Wesley.

Holte, R. C., Felner, A., Sharon, G., and Sturtevant,
N. R. (2016). Bidirectional search that is guaranteed
to meet in the middle. In AAAI-16.

Holzmann, G. J. (1997). The Spin model checker.
IEEE Transactions on Software Engineering, 23, 279–
295.

Hood, A. (1824). Case 4th—28 July 1824 (Mr. Hood’s
cases of injuries of the brain). Phrenological Journal
and Miscellany, 2, 82–94.

Hooker, J. (1995). Testing heuristics: We have it all
wrong. J. Heuristics, 1, 33–42.
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Konečnỳ, J., McMahan, H. B., Yu, F. X., Richtárik,
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Rényi, A. (1970). Probability Theory. Elsevier.

Resnick, P. and Varian, H. R. (1997). Recommender
systems. CACM, 40, 56–58.

Rezende, D. J., Mohamed, S., and Wierstra, D. (2014).
Stochastic backpropagation and approximate inference
in deep generative models. In ICML-14.

Riazanov, A. and Voronkov, A. (2002). The design
and implementation of VAMPIRE. AI Communica-
tions, 15, 91–110.

Ribeiro, M. T., Singh, S., and Guestrin, C. (2016).
Why should I trust you?: Explaining the predictions
of any classifier. In KDD-16.

Richardson, M. and Domingos, P. (2006). Markov
logic networks. Machine Learning, 62, 107–136.

Richter, S. and Helmert, M. (2009). Preferred opera-
tors and deferred evaluation in satisficing planning. In
ICAPS-09.

Ridley, M. (2004). Evolution. Oxford Reader.

Riley, J. and Samuelson, W. (1981). Optimal auctions.
American Economic Review, 71, 381–392.

Riley, P. (2019). Three pitfalls to avoid in machine
learning. Nature, 572, 27–29.

Riloff, E. (1993). Automatically constructing a dictio-
nary for information extraction tasks. In AAAI-93.

Ringgaard, M., Gupta, R., and Pereira, F. (2017).
SLING: A framework for frame semantic parsing.
arXiv:1710.07032.

Rintanen, J. (1999). Improvements to the evaluation
of quantified Boolean formulae. In IJCAI-99.

Rintanen, J. (2007). Asymptotically optimal encod-
ings of conformant planning in QBF. In AAAI-07.

Rintanen, J. (2012). Planning as satisfiability: Heuris-
tics. AIJ, 193, 45–86.

Rintanen, J. (2016). Computational complexity in au-
tomated planning and scheduling. In ICAPS-16.

Ripley, B. D. (1996). Pattern Recognition and Neural
Networks. Cambridge University Press.

Rissanen, J. (1984). Universal coding, information,
prediction, and estimation. IEEE Transactions on In-
formation Theory, IT-30, 629–636.

Rissanen, J. (2007). Information and Complexity in
Statistical Modeling. Springer.

Rivest, R. (1987). Learning decision lists. Machine
Learning, 2, 229–246.

Robbins, H. (1952). Some aspects of the sequential
design of experiments. Bulletin of the American Math-
ematical Society, 58, 527–535.

Robbins, H. and Monro, S. (1951). A stochastic ap-
proximation method. Annals of Mathematical Statis-
tics, 22, 400–407.

Roberts, L. G. (1963). Machine perception of three-
dimensional solids. Technical report, MIT Lincoln
Laboratory.

Robertson, N. and Seymour, P. D. (1986). Graph mi-
nors. II. Algorithmic aspects of tree-width. J. Algo-
rithms, 7, 309–322.

Robertson, S. E. and Sparck Jones, K. (1976). Rele-
vance weighting of search terms. J. American Society
for Information Science, 27, 129–146.

Robins, J. (1986). A new approach to causal inference
in mortality studies with a sustained exposure period:
Application to control of the healthy worker survivor
effect. Mathematical Modelling, 7, 1393–1512.

Robinson, A. and Voronkov, A. (Eds.). (2001). Hand-
book of Automated Reasoning. Elsevier.

Robinson, J. A. (1965). A machine-oriented logic
based on the resolution principle. JACM, 12, 23–41.

Robinson, S. (2002). Computer scientists find unex-
pected depths in airfare search problem. SIAM News,
35(6).

Roche, E. and Schabes, Y. (Eds.). (1997). Finite-State
Language Processing. Bradford Books.

Rock, I. (1984). Perception. W. H. Freeman.

Rokicki, T., Kociemba, H., Davidson, M., and De-
thridge, J. (2014). The diameter of the Rubik’s Cube
group is twenty. SIAM Review, 56, 645–670.

Rolf, D. (2006). Improved bound for the
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Tramèr, F., Zhang, F., Juels, A., Reiter, M. K., and
Ristenpart, T. (2016). Stealing machine learning mod-
els via prediction APIs. In USENIX Security Sympo-
sium.

Tran, D., Hoffman, M., Saurous, R. A., Brevdo, E.,
Murphy, K., and Blei, D. M. (2017). Deep probabilis-
tic programming. In ICLR-17.

Trappenberg, T. (2010). Fundamentals of Computa-
tional Neuroscience (2nd edition). Oxford University
Press.

Tsang, E. (1993). Foundations of Constraint Satisfac-
tion. Academic Press.

Tshitoyan, V., Dagdelen, J., Weston, L., Dunn, A.,
Rong, Z., Kononova, O., Persson, K. A., Ceder, G.,
and Jain, A. (2019). Unsupervised word embeddings
capture latent knowledge from materials science liter-
ature. Nature, 571, 95.

Tsitsiklis, J. N. and Van Roy, B. (1997). An analysis
of temporal-difference learning with function approxi-
mation. IEEE Transactions on Automatic Control, 42,
674–690.

Tukey, J. W. (1977). Exploratory Data Analysis.
Addison-Wesley.

Tumer, K. and Wolpert, D. (2000). Collective intelli-
gence and Braess’ paradox. In AAAI-00.

Turian, J., Ratinov, L., and Bengio, Y. (2010). Word
representations: a simple and general method for semi-
supervised learning. In ACL-10.

Turing, A. (1936). On computable numbers, with an
application to the Entscheidungsproblem. Proc. Lon-
don Mathematical Society, 2nd series, 42, 230–265.

Turing, A. (1948). Intelligent machinery. Tech.
rep., National Physical Laboratory. reprinted in (Ince,
1992).

Turing, A. (1950). Computing machinery and intelli-
gence. Mind, 59, 433–460.

Turing, A., Strachey, C., Bates, M. A., and Bowden,
B. V. (1953). Digital computers applied to games. In
Bowden, B. V. (Ed.), Faster than Thought. Pitman.

Turing, A. (1947). Lecture to the London Mathemati-
cal Society on 20 February 1947.

Turing, A. (1996). Intelligent machinery, a heretical
theory. Philosophia Mathematica, 4, 256–260. Origi-
nally written c. 1951.

Tversky, A. and Kahneman, D. (1982). Causal
schemata in judgements under uncertainty. In Kahne-
man, D., Slovic, P., and Tversky, A. (Eds.), Judgement
Under Uncertainty: Heuristics and Biases. Cambridge
University Press.

Tygar, J. D. (2011). Adversarial machine learning.
IEEE Internet Computing, 15, 4–6.

Ullman, J. D. (1985). Implementation of logical
query languages for databases. ACM Transactions on
Database Systems, 10, 289–321.

Ullman, S. (1979). The Interpretation of Visual Mo-
tion. MIT Press.

Urmson, C. and Whittaker, W. (2008). Self-driving
cars and the Urban Challenge. IEEE Intelligent Sys-
tems, 23, 66–68.

Valiant, L. (1984). A theory of the learnable. CACM,
27, 1134–1142.

Vallati, M., Chrpa, L., and Kitchin, D. E. (2015).
Portfolio-based planning: State of the art, common
practice and open challenges. AI Commun., 28(4),
717–733.

van Beek, P. (2006). Backtracking search algorithms.
In Rossi, F., van Beek, P., and Walsh, T. (Eds.), Hand-
book of Constraint Programming. Elsevier.

van Beek, P. and Chen, X. (1999). CPlan: A constraint
programming approach to planning. In AAAI-99.

van Beek, P. and Manchak, D. (1996). The design and
experimental analysis of algorithms for temporal rea-
soning. JAIR, 4, 1–18.

van Bentham, J. and ter Meulen, A. (1997). Hand-
book of Logic and Language. MIT Press.

van den Oord, A., Dieleman, S., and Schrauwen, B.
(2014). Deep content-based music recommendation.
In NeurIPS 26.

van den Oord, A., Dieleman, S., Zen, H., Simonyan,
K., Vinyals, O., Graves, A., Kalchbrenner, N., Senior,
A., and Kavukcuoglu, K. (2016a). WaveNet: A gener-
ative model for raw audio. arXiv:1609.03499.

van den Oord, A., Kalchbrenner, N., and
Kavukcuoglu, K. (2016b). Pixel recurrent neural
networks. arXiv:1601.06759.

van Harmelen, F., Lifschitz, V., and Porter, B. (2007).
The Handbook of Knowledge Representation. Elsevier.

van Heijenoort, J. (Ed.). (1967). From Frege to Gödel:
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